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APPENDIX A: DATA 
 

 

A1. Management and Accounting Data 

 

We overview the WMS data here. More information on an earlier version of the dataset 

can be found in Bloom, Sadun and Van Reenen (2016). More details on the management 

survey in general (including datasets, methods and an on-line benchmarking tool) is 

available on http://worldmanagementsurvey.org/. 

 

Our sampling frame was based on the Bureau van Dijk (BVD) ORBIS dataset. This 

provided sufficient information on companies to conduct a stratified telephone survey 

(company name, address, industry and a size indicator). BVD has accounting information 

on employment, sales and (for most German firms) capital. Apart from size, we did not 

insist on having accounting information to form the sampling population. In every country, 

including Germany, the sampling frame for the management survey was all firms with a 

manufacturing primary industry code (SIC 1987 code between 2000 and 3999), with 

between 50 and 5,000 employees in the most recent year prior to the survey.  

 

Interviewers were each given a randomly selected list of firms from the sampling frame. 

This should therefore be representative of medium sized manufacturing firms. In addition 

to randomly surveying from the sampling frame described above we also re-surveyed firms 

in 2006 and 2009 that we interviewed in the 2004 survey wave used in Bloom and Van 

Reenen (2007). This was a sample of 732 firms from France, Germany, the UK and the 

US. In 2009 we also resurveyed all firms interviewed in 2006.  

 

Accounting databases are used to generate our management survey, but how does this 

compare to Census data? In Bloom, Sadun and Van Reenen (2012) we analyze this in more 

detail. For example, we compare the number of employees for different size bands from 

our sample with the figures for the corresponding manufacturing populations obtained from 

national Census Bureau data from each of the countries. There are several reasons for 

mismatch between Census data and firm level accounts.1 Despite these potential 

differences, the broad picture is that the sample matches up reasonably with the population 

of medium sized manufacturing firms.  

 

Of the German firms we contacted 58.6% took part in the survey: a high success rate 

given the voluntary nature of participation, which was aided by our endorsement letter from 

the Bundesbank (the German Central Bank). Of the remaining firms 27.2% refused to be 

                                                
1 First, even though we only use unconsolidated firm accounts, employment may include some jobs in 

overseas branches. Second, the time of when employment is recorded in a Census year will differ from that 

recorded in firm accounts. Third, the precise definition of “enterprise” in the Census may not correspond to 

the “firm” in company accounts. Fourth, we keep firms whose primary industry is manufacturing whereas 

Census data includes only plants whose primary industry code is manufacturing. Fifth, there may be 

duplication of employment in accounting databases due to the treatment of consolidated accounts. Finally, 

reporting of employment is not mandatory for the accounts of all firms in all countries.  
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surveyed, while the remaining 14.2% were in the process of being scheduled when the 

survey ended. In Bloom, Sadun and Van Reenen (2016) we analyze the probability of being 

interviewed. Larger firms and multinationals were more likely to agree to be interviewed, 

although the size of this effect is not large or statistically significant – firms were about 4 

percentage points more likely for a doubling in size. Further, the decision to be interviewed 

is uncorrelated with revenues per worker, a basic productivity measure. This is an 

important result as it suggests we are not interviewing particularly high or low performing 

firms. Firm age and return on capital are also uncorrelated with the response rate.  

 

We have firm accounting data on sales, employment, capital, intermediate inputs, profits, 

shareholder equity, long-term debt, market values (for quoted firms) and wages (where 

available). BVD have extensive information on ownership structure, so we can use this to 

identify whether the firm was part of a multinational enterprise. We also asked specific 

questions on the multinational status of the firm (whether it owned plants aboard and the 

country where the parent company is headquartered) to be able to distinguish domestic 

multinationals from foreign multinationals. We collected many variables through our 

survey including information on plant size, skills, organization, etc. as described in the 

main text.  

 

Management Practices were scored following the methodology of Bloom and Van 

Reenen (2007), with practices grouped into three areas: monitoring (eight practices), 

targets/goal-setting (five practices) and incentives (five practices). The monitoring section 

focuses on the introduction of lean manufacturing techniques, the documentation of 

processes improvements, the tracking of performance of individuals, reviewing 

performance, and consequence management. The targets section examines the type of 

targets, the realism of the targets, the transparency of targets and the range and 

interconnection of targets. Finally, the incentives section includes promotion criteria, pay 

and bonuses, and fixing or firing bad performers, where best practice is deemed the 

approach that gives strong rewards for those with both ability and effort. Our management 

measure averages the z-scores of all 18 dimensions and then z-scores again this average. 

Details of all the questions are in Appendix B. 

 

A2. Estimating Employee and Firm Fixed Effects in the IEB 

 

We follow Card et al (2013) in estimating the worker and firm fixed effects (see their 

online appendix for more details, 

http://qje.oxfordjournals.org/content/suppl/2013/04/02/qjt006.DC1/QJEC12803_KLINE_

online_appendix_compiled.pdf) 

 

Briefly, the IEB consists of information on employment spells at a given establishment 

within a calendar-year, the average daily wage (censored at the Social Security maximum 

earnings level); information on the gender, birth date, education and occupation of the 

individual and the industry and geographical location of the firm. We use all full-time 

males and females age 20-60 working for non-marginal jobs. One observation per person-

firm-year is selected (excluding those with a daily wage under 10 Euros). Education is 

coded into 5 classes.  
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Roughly 10% of person-year observations for male workers and 1-2% of observations 

for female workers are top coded. We follow Dustmann et al (2009) and a fit a series of 

Tobit models to log daily wages. We then impute an uncensored value for each censored 

observation using the estimated parameters of these models and a random draw from the 

associated (left-censored) distribution. 500 Tobit models are estimated separately by year, 

education and 10 year age range with the following variables: age, mean log wage in other 

years, fraction of censored wages, a dummy for individuals only observed one year 1985-

2009, and a dummy for one worker firm. Card et al (2013) report various validation 

exercises for the Tobit specifications. 

 

Estimation of equation (4) proceeded in two steps. First the model is fitted to the sample 

of movers between firms to recover the vector of establishment fixed effects along with the 

vector of coefficients on the time varying covariates. Then for each worker who stayed at 

the same establishment over the sample interval, the estimated person effect is calculated 

as a residual averaged over the time period the worker stayed at the same workplace. 

 

The main fixed effects we use in this paper rely on the period 1996-2002 (see text) prior 

to the management surveys. The only exception is the outflow analysis in Table 7 where 

we use the fixed effects estimated in 2002-09. 

 

A3. Merging Firms in WMS with IEB 

 

As noted in the text, the WMS sampling frame was taken from the BVD ORBIS database 

for Germany (which is the population of incorporated firms). We selected firms whose 

primary industry was manufacturing and who reported having between 50 and 5,000 

employees. Interviewers were given random lists of names and telephone numbers within 

this frame and sought to interview a plant manager in the firm. The address of the plant 

(and name of manager) was collected when a successful interview occurred.  

 

The IEB is an establishment-level database where we also know the address and name 

of the establishment. Although most firms are single plant, there can be multi-plant 

establishments and firms. We used a master list maintained by the Federal Employment 

Agency and merged using a probabilistic record linkage based on firm names and 

addresses.2 Data from both sources underwent extensive preprocessing to harmonize 

spelling and correct typing errors. For the data linkage process we were supported by the 

German Record Linkage Center and used the probabilistic Jaro algorithm (Jaro, 1989) 

implemented in the Merge-Tool-Box (Bachteler, 2011).3 To speed up the linkage process 

we blocked the data on three-digit postcodes, and limited the matching process to 

plants/establishments in the same three-digit postcode (with at most one match per plant). 

We then conducted manual quality checks and editing (including internet research on firm 

                                                
2 The master list is the BA-Betriebedatei 2006 and contains information on approximately 2 million 

establishments. 
3 The Merge-Tool-Box is a free Java based record linkage program developed by Rainer Schnell (Schnell 

et al. 2005). 
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names and addresses) for plants in the WMS that were unmatched, or were matched with 

relative uncertainty. 

 

For the majority of the WMS data we can match to IEB straightforwardly on address and 

name. For some WMS plants belonging to multi-plant companies, we have the issue that 

IEB name may not correspond easily to the company name. We do, however, have the 

address from both IEB and WMS which usually resolved any ambiguity. When there still 

remained any ambiguity (e.g. multiple establishments in a single address, like an industrial 

park) we could use a combination of the names, whether the plant was a production plant 

(all WMS plants produce goods, whereas this is not the case in the IEB) and the number of 

employees at the plant (available in both datasets) to cleanly identify the IEB-WMS 

matches.  

 

Data at the firm level is at a higher level of aggregation than the establishment. Just as 

multiple plants can belong to a single establishment, multiple establishments can below to 

a single firm. Accounting data on sales, investment and intermediate inputs is only 

available at the firm level. Hence, when running production functions or TFP equations 

note that the accounting measures are only for firm-wide quantities. In the WMS, 

respondents were encouraged to think of the firm as a whole when answering the questions 

rather than just their plant. Nevertheless, even if the manager found his plant’s practices 

the most salient in the interview, the management score is still the best predictor of firm-

level average practices. In the few cases when we had multiple plants/establishments in the 

same firm we averaged the responses.  
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Table A1: Description and source of variables 

Variable Source Description 

Average employee 

ability  

IAB Firm average of employee ability 

measured for the period 1996 to 2002 from 

wage regressions (see text). For cross 

section this is an annual value on June 30th 

and for pooled data this is the average over 

the observation period (2003-2009) The 

cross section is used for the correlation and 

the production function. Flows are based on 

the pooled data. 

Coverage IAB-WMS 

match 

Share of workers in a firm that is covered 

by the estimated employee effects  

Average 

Managerial Ability 

IAB Average of estimated employee fixed 

effect for those in the top quartile of the 

ability distribution 

Inflow above the 

75th percentile of 

ability 

IAB Fraction of total inflows in the sample 

above the 75th percentile of the ability 

distribution (in the sample as a whole) to a 

particular firm. Ability measured 1996 to 

2002. Other percentiles defined 

analogously. Inflow pool is specific to flows 

from one of the three labor market states 

(unemployment, other jobs an d non-

employment)  

Ability of the 

outflows 

IAB This averages the ability of the outflows 

(ability measure 2002 to 2009). Calculated 

for all outflow destinations separately to the 

three labor market states (unemployment, 

other jobs an d non-employment) 

Female share IAB Share of female workers in the firm 

College share IAB Share of workers with college or 

university degree in the firm, or among the 

inflows/outflows 

Age of 

inflows/outflows 

IAB Avg. age of the individuals entering or 

leaving the firm 

East Germany IAB Firm is located in East Germany 

Firm Age WMS How many years firm has existed  

Labour IAB Number of employees  

Capital WMS/BVD Historical value of fixed asses 

Materials WMS/BVD Cost of all intermediate inputs 

Competition WMS Categorical, 1: no competitors, 2: less 

than 5 competitors, 3: 5 or more competitors 

Ownership WMS Six types: Family; Founder; Institution; 

Manager; Other; Private 
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Table A2 

CORRELATIONS OF MANAGEMENT WITH INDIVIDUAL ABILITY, ADDITIONAL CONTROLS FOR TENURE AND EXPERIENCE 

 

 Management z-Score 

 (1) (2) (3) (4) (5) 

      

Mean employee ability –.093 –.111 –.075 –.084 –.110 

 (.112) (.109) (.106) (.105) (.108) 

Mean managerial ability .258*** .248*** .246*** .243*** .239** 

 (.095) (.094) (.090) (.093) (.093) 

Ln(Number of Employees)  .263*** .276*** .263*** .253*** .263*** 

 (.050) (.051) (.050) (.051) (.053) 

% Employees with college 1.022** 1.070** .943** 1.033** 1.129** 

 (.452) (.453) (.476) (.459) (.532) 

Ln(labor market exp.)   -.306  .201 

   (.316)  (.669) 

Ln(Tenure with firm)  –.114   –.098 

  (.074)   (.083) 

Ln(Employee age)    –.0242 –.029 

    (.0157) (.032) 

      

Observations 588 588 588 588 588 

 
NOTE. –  All standard errors clustered by firm (in parentheses under coefficients estimated by OLS). WMS Management score, employee and managerial ability are all 

standardized to have mean zero and standard deviation one. All columns include a dummy for East German firms, the share of female workers, ownership dummies, the numbers 

of competitors, firm age, a cubic in the coverage rate, industry dummies and time dummies. Mean Employee ability is mean level of individual fixed effect (measured over 

1996-2002 period). Mean Managerial ability is employee ability in the top quartile of the within firm distribution. 

*** Statistically significant at the 1% level. 

** Statistically significant at the 5% level. 

* Statistically significant at the 10% level. 
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Table A3 

INFLOWS FROM EMPLOYMENT 

 
NOTE. –  This is the equivalent of Table 6 except using inflows from just employment as the dependent variable. All standard errors clustered by firm in 

parentheses under coefficients estimates by OLS. The management score is standardized. Panel A controls for an East Germany firm dummy, competition, 

ownership, ln(firm age), female share and industry dummies. Panel B has additional controls for age of inflows.  

*** Statistically significant at the 1% level. 

** Statistically significant at the 5% level. 

* Statistically significant at the 10% level. 

 Percentile of the ability of different quantiles of the inflow distribution 

 10% 25% 50% 75% 90% 

 (1) (2) (3) (4) (5) 

 Panel A. No Size Control 

Management Score .002 .004 .010* .019*** .020*** 

 (.002) (.004) (.005) (.007) (.007) 

      
% college .103*** .213*** .207*** -.032 .028 

 (.018) (.033) (.052) (.065) (.063) 

      

 Panel B. Including Size Control 

Management Score .002 .005 .008 .009 .011 

 (.003) (.004) (.005) (.007) (.007) 

      
% college .002 -.003 .006 .030*** .028*** 

 (.002) (.004) (.005) (.007) (.008) 

      

Firm Size: Ln(labor) .107*** .209*** .217*** .015 .073 

 (.019) (.033) (.051) (.067) (.066) 

      
Observations 353 353 353 353 353 
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Table A4 

INFLOWS FROM UNEMPLOYMENT 

 

 
NOTE. –  This is the equivalent of Table 6 except using inflows from just unemployment as the dependent variable. All standard errors clustered by firm in parentheses under 

coefficients estimates by OLS based on 32,763 inflows from unemployment in these firms. The management score is standardized. Panel A controls for an East Germany firm 

dummy, competition, ownership, ln(firm age), female share and industry dummies. Panel B has additional controls for age of inflows and college share of inflows. 

*** Statistically significant at the 1% level. 

** Statistically significant at the 5% level. 

* Statistically significant at the 10% level. 

  

 Percentile of the ability of different quantiles of the inflow distribution 

 10% 25% 50% 75% 90% 

 (1) (2) (3) (4) (5) 

 Panel A. No Size Control 

Management Score .002 .004 -.001 .023*** .022*** 

 (.002) (.005) (.007) (.009) (.008) 

      
% college .031* .110*** .288*** .090 .096 

 (.016) (.030) (.055) (.067) (.074) 

      

 Panel B. Including Size Control 

Management Score .002 .003 .000 .012 .013 

 (.002) (.005) (.009) (.009) (.010) 

      
% college .030 .109*** .283*** .148** .142* 

 (.018) (.032) (.052) (.074) (.080) 

      

Firm Size: Ln(labor) -.000 .001 -.003 .032*** .025** 

 (.003) (.005) (.011) (.011) (.010) 

      
Observations 344 344 344 344 344 
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Table A5 

ANNUAL AVERAGE WAGE GROWTH FOR ENTRIES FROM EMPLOYMENT AND UNEMPLOYMENT COMBINED 

 

NOTE. –  All standard errors clustered by firm in parentheses under coefficients estimated by OLS. Management, individual ability, management score and individual ability 

are standardized. All columns include industry dummies, a cubic in coverage, whether individual is female, whether they have a college degree, a quadratic in individual age, 

the firm’s share of women, ln(firm age), ln(firm size), a dummy for being located in East Germany, competition and ownership. Column (4) also includes interactions between 

promotion management (“promoting high performers”) and both college and age. 

*** Statistically significant at the 1% level. 

** Statistically significant at the 5% level. 

* Statistically significant at the 10% level. 

 

  

 wage growth 

 (1) (2) (3) (4) (5) 

Management Score -.001  -.001 -.001  

 (.002)  (.002) (.002)  

Promoting high performers     .001 

     (.005) 

Employee ability  -.007*** -.007*** -.007*** -.007*** 

  (.002) (.002) (.002) (.002) 

Management * Employee ability    -.001 -.000 

    (.001) (.001) 

      

Observations 

37,499 

 

37,499 37,499 37,499 37,499 

No of firms 357 357 357 357 357 
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Table A6 

PRODUCTION FUNCTION (PRINCIPAL COMPONENT VERSION OF MANAGEMENT SCORE) 

 
NOTE. –  All standard errors are clustered by firms in parentheses under coefficients that are estimated by OLS. Management score uses first principal component of the 18 

questions and employee ability is standardized. All columns include a dummy for East German firms, the share of female workers, ownership dummies, the numbers of 

competitors, firm age, a quadratic in the coverage rate, industry dummies and time dummies. Mean Employee ability is mean level of individual fixed effect measured (over 

1996-2002 period). Mean Managerial ability is employee ability in the top quartile of the within firm distribution. 

*** Statistically significant at the 1% level. 

** Statistically significant at the 5% level. 

* Statistically significant at the 10% level. 

  

 Ln(sales) 

 (1) (2) (3) (4) (5) (6) (7) (8) 

Management Score .108*** .082*** .062*** .054*** .031** .017** .014* .0126* 

 (.021) (.018) (.017) (.017) (.015) (.008) (.007) (.007) 

Mean Employee Ability  
 

.819*** .597*** .375*** .250**  .110* .082 

 

 
(.143) (.101) (.105) (.098)  (.060) (.073) 

Mean Managerial ability 
  

.361*** .327*** .183*  .082* .082* 

 

  
(.107) (.100) (.100)  (.048) (.049) 

% Employees with  
   

1.871*** 1.308***   .194 

College degree 
   

(.641) (.464)   (.232) 

Ln(Labor) .313*** .444*** .587*** .589*** .389*** .055*** .129*** .130*** 

 (.070) (.067) (.071) (.071) (.062) (.019) (.030) (.029) 

Ln(Capital)     .431*** .204*** .181*** .182*** 

     (.048) (.023) (.022) (.023) 

Ln(Materials)      .696*** .666*** .663*** 

      (.036) (.032) (.035) 

         

Firms 333 333 333 333 333 229 229 229 

Observations 560 560 560 560 560 378 378 378 
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Table A7 

CORRELATION OF FIRM FIXED EFFECT IN WAGES WITH THE WMS MANAGEMENT SCORE 

 

 Firm effect 

 (1) (2) (3) (4) (5) (6) 

Management Score  .201*** .140*** .124*** .102*** .101*** .081** 

 (.045) (.037) (.040) (.039) (.039) (.041) 

Ln(Labor)   .061 .087* .097 .089 

   (.044) (.047) (.059) (.054) 

% Employees with     1.012*** .655 .530 

College degree    (.348) (.594) (.477) 

Mean Employee 

Ability       .121 -.055 

     (.225) (.241) 

Mean Managerial 

ability        .291** 

      (.139) 

       

General Controls No Yes Yes Yes Yes Yes 

Observations 588 588 588 588 588 588 

 

 
NOTE. –  All standard errors clustered by 354 firms in parentheses under coefficients estimated by OLS. The firm effect, WMS management score and employee ability 

measures are standardized. All columns include a dummy for a firm located in East Germany, the share of female workers, ownership dummies, the number of competitors, 

firm age, a quadratic in the coverage rate, industry dummies and time dummies. Mean Employee ability is mean level of individual fixed effect (measured over the 1996-2002 

period). Mean Managerial ability is employee ability in the top quartile of the within firm distribution. 

*** Statistically significant at the 1% level. 

** Statistically significant at the 5% level. 

* Statistically significant at the 10% level. 
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Table A8 

TFP EQUATIONS WITH AVERAGE WAGES ON RIGHT HAND SIDE  

 

 Ln(TFP) 

 (1) (2) (3) (4) (5) (6) 

Ln(average accounting 

wage)  .204*  .074   

  (.104)  (.100)   
Average individual 

ln(wage)     .596*** .454*** 

     (.072) (.101) 

Mean employee ability   .103*** .104***  .068* 

   (.033) (.033)  (.037) 

Mean managerial ability      .059* .057*  .059* 

   (.034) (.033)  (.033) 

Firm fixed effect in wages      .070*** .064***  .007 

   (.018) (.020)  (.022) 

Management Score .081*** .074*** .044** .043** .038** .028* 

 (.021) (.020) (.018) (.018) (.015) (.015) 

R2 .561 .575 .685 .687 .679 .725 

Observations 378 378 378 378 378 378 

 
NOTE. –  All standard errors clustered by firm (in parentheses under coefficients estimated by OLS). The Management score, managerial ability and employee ability are 

standardized. All columns include industry dummies, a quadratic in the coverage rate, year dummies and firm size. Mean Employee ability is mean level of individual fixed 

effect (measured over 1996-2002 period). Mean Managerial ability is employee ability in the top quartile of the within firm distribution. 

*** Statistically significant at the 1% level. 

** Statistically significant at the 5% level. 

* Statistically significant at the 10% level. 
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Figure A1 

EMPLOYEE ABILITY AND MANAGERIAL ABILITY DISTRIBUTION 

Panel A: Overall distribution 

 

Panel B: Distribution of managerial ability split by whether the firm has a high or low 

management practices score 

 

NOTE. – These are kernel density plots of the average CHK employee fixed effect (“ability) 

in our firms. The bandwidth of the k-density estimates is .4. Panel A has all employees in 

dashed blue and just managers (top within firm quartile) in solid red. Panel B plots the density 

of managerial ability for firms in the top quartile of WMS management score firms (dashed 

blue) and the lowest quartile (solid red). Better managed firms have a higher mean managerial 

ability as well as greater dispersion (consistent with Figure 2). 
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APPENDIX B: MANAGEMENT PRACTICES QUESTIONNAIRE 
 

Any score from 1 to 5 can be given, but the scoring guide and examples are only provided for scores of 1, 3 and 5. The survey also includes a set of Questions that 

are asked to score each dimension, which are included in Bloom and Van Reenen (2007). 

 

(1) Modern manufacturing, introduction 

  Score 1 Score 3 Score 5 

 Scoring grid: Other than Just-In-Time (JIT) delivery 

from suppliers few modern manufacturing 

techniques have been introduced, (or have 

been introduced in an ad-hoc manner) 

Some aspects of modern manufacturing 

techniques have been introduced, through 

informal/isolated change programs 

All major aspects of modern manufacturing have been 

introduced (Just-In-Time, autonomation, flexible 

manpower, support systems, attitudes and behaviour) in a 

formal way 

 

(2) Modern manufacturing, rationale 

  Score 1 Score 3 Score 5 

 Scoring grid: Modern manufacturing techniques were 

introduced because others were using them. 

Modern manufacturing techniques were 

introduced to reduce costs 

Modern manufacturing techniques were introduced to 

enable us to meet our business objectives (including costs) 

(3) Process problem documentation 
  Score 1 Score 3 Score 5 

 Scoring grid: No, process improvements are made 

when problems occur. 

Improvements are made in one week 

workshops involving all staff, to improve 

performance in their area of the plant 

Exposing problems in a structured way is integral to 

individuals’ responsibilities and resolution occurs as a 

part of normal business processes rather than by 

extraordinary effort/teams 

(4) Performance tracking 
  Score 1 Score 3 Score 5 

 Scoring grid: Measures tracked do not indicate directly 

if overall business objectives are being met. 

Tracking is an ad-hoc process (certain 

processes aren’t tracked at all) 

Most key performance indicators are 

tracked formally. Tracking is overseen by 

senior management.  

Performance is continuously tracked and 

communicated, both formally and informally, to all staff 

using a range of visual management tools. 

(5) Performance review 
  Score 1 Score 3 Score 5 

 Scoring grid: Performance is reviewed infrequently or 

in an un-meaningful way, e.g. only success 

or failure is noted. 

Performance is reviewed periodically with 

successes and failures identified. Results are 

communicated to senior management. No 

clear follow-up plan is adopted. 

 

 

 

 

 

 

Performance is continually reviewed, based on 

indicators tracked. All aspects are followed up ensure 

continuous improvement. Results are communicated to all 

staff 

(6) Performance dialogue 
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  Score 1 Score 3 Score 5 

 Scoring grid: The right data or information for a 

constructive discussion is often not present 

or conversations overly focus on data that is 

not meaningful. Clear agenda is not known 

and purpose is not stated explicitly 

Review conversations are held with the 

appropriate data and information present. 

Objectives of meetings are clear to all 

participating and a clear agenda is present. 

Conversations do not, as a matter of course, 

drive to the root causes of the problems. 

Regular review/performance conversations focus on 

problem solving and addressing root causes. Purpose, 

agenda and follow-up steps are clear to all. Meetings are 

an opportunity for constructive feedback and coaching. 

(7) Consequence management   

  Score 1 Score 3 Score 5 

 Scoring grid: Failure to achieve agreed objectives does 

not carry any consequences 

Failure to achieve agreed results is 

tolerated for a period before action is taken. 

A failure to achieve agreed targets drives retraining in 

identified areas of weakness or moving individuals to 

where their skills are appropriate 

(8) Target balance   

  Score 1 Score 3 Score 5 

 Scoring grid: Goals are exclusively financial or 

operational 

Goals include non-financial targets, which 

form part of the performance appraisal of top 

management only (they are not reinforced 

throughout the rest of organization) 

Goals are a balance of financial and non-financial 

targets. Senior managers believe the non-financial targets 

are often more inspiring and challenging than financials 

alone. 

(9) Target interconnection   

  Score 1 Score 3 Score 5 

 Scoring grid: Goals are based purely on accounting 

figures (with no clear connection to 

shareholder value) 

Corporate goals are based on shareholder 

value but are not clearly communicated down 

to individuals 

Corporate goals focus on shareholder value. They 

increase in specificity as they cascade through business 

units ultimately defining individual performance 

expectations. 

(10) Target time horizon   

  Score 1 Score 3 Score 5 

 Scoring grid: Top management's main focus is on short 

term targets 

There are short and long-term goals for all 

levels of the organization. As they are set 

independently, they are not necessarily linked 

to each other 

Long term goals are translated into specific short term 

targets so that short term targets become a "staircase" to 

reach long term goals 

(11) Targets are stretching   

  Score 1 Score 3 Score 5 

 Scoring grid: Goals are either too easy or impossible to 

achieve; managers provide low estimates to 

ensure easy goals 

In most areas, top management pushes for 

aggressive goals based on solid economic 

rationale. There are a few "sacred cows" that 

are not held to the same rigorous standard 

 

 

 

 

 

Goals are genuinely demanding for all divisions. They 

are grounded in solid, solid economic rationale 
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(12) Performance clarity   

  Score 1 Score 3 Score 5 

 Scoring grid: Performance measures are complex and 

not clearly understood. Individual 

performance is not made public 

Performance measures are well defined 

and communicated; performance is public in 

all levels but comparisons are discouraged 

Performance measures are well defined, strongly 

communicated and reinforced at all reviews; performance 

and rankings are made public to induce competition 

(13) Managing human capital   

  Score 1 Score 3 Score 5 

 Scoring grid: Senior management do not communicate 

that attracting, retaining and developing 

talent throughout the organization is a top 

priority 

Senior management believe and 

communicate that having top talent 

throughout the organization is a key way to 

win 

Senior managers are evaluated and held accountable on 

the strength of the talent pool they actively build 

(14) Rewarding high-performance   

  Score 1 Score 3 Score 5 

 Scoring grid: People within our firm are rewarded 

equally irrespective of performance level 

Our company has an evaluation system for 

the awarding of performance related rewards 

We strive to outperform the competitors by providing 

ambitious stretch targets with clear performance related 

accountability and rewards 

(15) Removing poor performers   

  Score 1 Score 3 Score 5 

 Scoring grid: Poor performers are rarely removed from 

their positions  

Suspected poor performers stay in a 

position for a few years before action is taken 

We move poor performers out of the company or to 

less critical roles as soon as a weakness is identified 

(16) Promoting high performers   

  Score 1 Score 3 Score 5 

 Scoring grid: People are promoted primarily upon the 

basis of tenure 

People are promoted upon the basis of 

performance 

We actively identify, develop and promote our top 

performers 

(17) Attracting human capital    

  Score 1 Score 3 Score 5 

 Scoring grid: Our competitors offer stronger reasons 

for talented people to join their companies 

Our value proposition to those joining our 

company is comparable to those offered by 

others in the sector. 

We provide a unique value proposition to encourage 

talented people join our company above our competitors 

(18) Retaining human capital   

  Score 1 Score 3 Score 5 

 Scoring grid: 

 

We do little to try to keep our top talent. We usually work hard to keep our top 

talent. 

We do whatever it takes to retain our top talent. 

Source: Bloom and Van Reenen (2007) 
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