
Do Supervisors Reward Observable Luck?

Razvan S. Ghita
Amsterdam Business School
University of Amsterdam

r.s.ghita@uva.nl

October 1, 2020

This study is part of my dissertation. I thank my dissertation chair, Victor Maas for guidance
and helpful comments. I also thank Joel Berge, Willie Choi, Nan Jiang, Peter Kroos, Ana
Mickovic, Marcel van Rinsum, Sander van Triest, Karl Schumacher, Bei Shi, Kristy Towry,
Jacob Zureich, and workshop participants at the University of Amsterdam Brown Bag and
Emory Behavioral Brown Bag.



Do Supervisors Reward Observable Luck?

Abstract

Using an experiment, I examine whether middle-level supervisors reward observable good and

bad luck in their evaluation decisions, and how this affects employee behavior. Although

the controllability principle asserts supervisors should not reward observable luck, I find

supervisors reward observable luck because they find it fair to do so. Further, I predict that

employees’ self-serving fairness perceptions cause supervisors to reward good luck more than

they punish bad luck. I find the opposite. Although supervisors anticipate employees’ self-

serving fairness perceptions, supervisors punish bad luck more than they reward good luck.

Employees’ contribution is lower when supervisors reward observable luck but only after

employees learn how supervisors evaluate them through repeated interactions. My results

suggest fairness concerns can diminish one of the intended benefits of allowing discretionary

evaluations. Specifically, fairness concerns can prevent supervisors from using all available

non-contractible information to decrease the weight of luck in employees’ compensation.



Introduction
One of the main difficulties in designing efficient incentive systems is filtering out the

effect of luck from employees’ compensation (Baker et al., 1994; Bol, 2011; Gibbs et al.,

2004). A common and theoretically viable solution to this issue is allowing supervisors

discretion in evaluating their direct subordinates (Baker et al., 1994; Bol, 2008). Discretion

allows supervisors to incorporate relevant but non-contractible information when evaluating

employees. This informational advantage of discretionary evaluations relative to explicit

contracts permits supervisors to reduce the influence of luck on employee compensation

(Baker et al., 1994; Bol, 2008; Gibbs et al., 2004). For example, a supervisor may learn

that an unforeseeable natural catastrophe hurt a manager’s performance and appropriately

adjust compensation so that the manager is not punished for their bad luck. Supervisors are

expected to use the information available to them to filter out luck from evaluations because

it is profitable for them to do so (Baiman & Rajan, 1995; Baker et al., 1994) and because

they find it fair to reward employees for their contribution (Bol et al., 2016; Chan, 2018;

Maas et al., 2012).

Despite these strong theoretical predictions, supervisors sometimes reward good luck

and punish bad luck in their discretionary evaluations (Bol et al., 2015; Merchant, 1987).

Previous literature argues that supervisors reward luck because the effect of luck on perfor-

mance is generally unobservable (Merchant & Otley, 2006). I examine whether supervisors

reward luck even when it is observable, that is, the effects of luck are known and can be

quantified. I expect supervisors will reward observable good luck and punish observable bad

luck. This might be the case because supervisors are influenced by fairness concerns when

evaluating employees (Bol et al., 2016; Chan, 2018; Maas et al., 2012) and because some

supervisors might find it fair to reward luck (Cappelen et al., 2007; Cushman et al., 2009).

If supervisors reward observable luck, allowing supervisor discretion may not always lower
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the impact of luck in employee compensation even if supervisors have access to additional

non-contractible information. Thus, one of the main theoretical benefits of implementing

discretionary evaluations may be weaker than we previously expected (Baker et al., 1994).

I also examine how employees’ behavior differs when supervisors reward observable luck.

Accounting researchers consistently find that supervisors’ opportunism, cognitive limitations,

and social preferences prevent them from assigning evaluations that analytical research would

consider perfect (Arnold & Tafkov, 2019; Bailey et al., 2011; Bol et al., 2016; Bol & Smith,

2011; Krishnan et al., 2005; Lipe & Salterio, 2000). Although supervisors’ divergences from

theoretically perfect evaluations are well documented, we know relatively little about how

these distorted evaluations affect employee behavior (Ahn et al., 2010; Arnold et al., 2018;

Berger et al., 2013; Bol, 2011). It is important to examine the effect of these deviations

on employee behavior because in some situations the theoretically imperfect evaluations

appear to motivate employees (Bol, 2011) while in other situations the theoretically imperfect

evaluations appear to demotivate employees (Ahn et al., 2010; Arnold et al., 2018).

The controllability principle asserts that supervisors should not reward observable luck

(Merchant, 1987). Rewarding luck weakens the link between employee contribution to com-

pany value1 and their compensation which can decrease employee contribution (Bol, 2008;

Bol & Smith, 2011; Cadsby et al., 2019; Vroom, 1964). Despite this, supervisors could reward

observable luck for at least two reasons. First, supervisors want to provide fair evaluations

(Maas et al., 2012) and could consider it fair to reward luck. For example, if a supervisor

gets a higher bonus because an employee had good luck, the supervisor could consider it

fair to split some of the surplus of that luck with the employee. This logic is compatible

with a consequentialist view of fairness: an act is right or wrong solely on the basis of

whether it maximizes good outcomes (Uhlmann et al., 2015). Diverse streams of literature
1Employees can contribute to company value through their effort, ability, and knowledge (Libby & Luft,

1993).
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find that many people judge the fairness of actions in a manner consistent with this con-

sequentialist view of fairness (Cushman et al., 2009; Hannan, 2005; Rubin & Sheremeta,

2015). Fair-minded supervisors who have consequentialist views find it fair to reward em-

ployee performance, which is determined by both employee contribution and by luck, instead

of employee contribution. As a result, these supervisors could partially reward observable

luck because they find it fair to do so.

Second, supervisors could reward observable luck because they think their employees

have consequentialist views of fairness. Supervisors will try to provide evaluations that the

employees perceive as fair because such evaluations motivate employees (Chan, 2018; Fehr

et al., 2009) and decrease the chance of costly confrontation with employees (Bol, 2011; Bol

et al., 2016). Moreover, employees’ self-serving fairness concerns could cause supervisors to

integrate observable luck asymmetrically, that is, supervisors could reward good luck more

than they punish bad luck. This is because employees have self-serving fairness concerns and

likely consider it fair to be rewarded for good luck and unfair to be punished for bad luck

(Arnold et al., 2018; Asay et al., 2019; Bol & Smith, 2011; Feather, 1999; Gibbs et al., 2004;

Hannan, 2005).

The idea that supervisors reward observable luck is consistent with a large body of

literature in accounting and psychology on outcome bias (Baron & Hershey, 1988; Mertins

et al., 2013). In addition, many different streams of literature consistently find that people

reward luck when evaluating others (Akbaş et al., 2019; Brownback & Kuhn, 2019; Cushman

et al., 2009; Rubin & Sheremeta, 2015). Moreover, previous accounting literature has also

examined if supervisors asymmetrically integrate luck in evaluations (Bol & Smith, 2011;

Hannan, 2005). However, these findings arise in a context that does not include an eco-

nomic incentive for evaluators to ignore luck. This is because previous studies either used a

hypothetical decision to test their hypotheses (Bol & Smith, 2011; Mertins et al., 2013) or

studied a setting where a supervisor and an employee interacted only once (Brownback &
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Kuhn, 2019; Hannan et al., 2012; Rubin & Sheremeta, 2015). In contrast to the evaluators

from previous studies, middle-level supervisors have an incentive to ignore luck because do-

ing so could result in higher employee contribution (Bol, 2008; Cadsby et al., 2019; Vroom,

1964). Examining how middle-level supervisors reward observable luck is therefore informa-

tive given that decision-makers are more likely to ignore observable luck when they have an

incentive to do so (Rand et al., 2015).

It is unclear ex-ante how employees will react if supervisors incorporate observable luck

in their evaluations. Rewarding luck weakens the link between employee contribution and

their compensation which, in turn, can decrease employee contribution (Bol, 2008; Cadsby

et al., 2019; Vroom, 1964). However, employees likely do not choose their contribution

solely to maximize their compensation (Charness, 2004; Falk & Fischbacher, 2006). Instead,

employees also increase their contribution after evaluations that they consider fair (Bol, 2011;

Colquitt et al., 2001). Employees with consequentialist views of fairness could increase their

contribution when supervisors reward observable luck because they consider it fairer to be

rewarded for luck. Moreover, employees could expect supervisors to reward them for good

luck and shelter them from bad luck (Bol & Smith, 2011; Hannan, 2005). Employees could

decrease their contribution as a form of punishment against supervisors who do not reward

good luck and, therefore, do not fulfill this expectation.

I conduct an interactive, multiperiod experiment with 258 participants from Mechanical

Turk in which randomly matched pairs of participants assume the role of either a supervisor

or an employee. Employee contribution and luck determine profit. The employee can increase

expected company profit by increasing their contribution. Company profit is valuable to the

supervisor. The supervisor assigns a bonus to the employee based on information produced

by the reporting system. The supervisor does not pay the bonus out of his/her own pocket.

After each evaluation, the employee can confront the supervisor. A confrontation reduces

the payoff of both the employee and the supervisor. The reporting system can produce two
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performance measures: the profit level, a noisy measure that partially captures contribution

and is influenced by luck and employee contribution level, a perfect measure that captures

contribution and is unaffected by luck. I manipulate the information presented to the su-

pervisors: supervisors either observe both the profit level and the contribution level or only

the contribution level.

I find supervisors reward observable luck. Results from the post-experimental question-

naire confirm that supervisors’ tendency to reward observable luck reflects fairness concerns.

A majority of participants consider it fair that luck is incorporated in discretionary evalua-

tions. Contrary to my initial prediction, I find supervisors punish bad luck more than they

reward good luck. Although supervisors anticipate employees find it fairer to be rewarded

for good luck than to be punished for bad luck, supervisors do not integrate employee self-

serving fairness concerns when employee contribution is low. This might be the case because

supervisors integrate employees’ fairness concerns in evaluations as a form of reciprocity. If

this is true, supervisors would not feel the need to reciprocate, that is, offer evaluations that

their employees would consider fair when employee contribution is low. In line with this, I

find supervisors care less about offering evaluations that the employees would consider fair

when employee contributions are lower.

Employees’ contribution is lower when supervisors reward observable luck but only after

employees learn how supervisors evaluate them through repeated interactions. I perform an

additional analysis that examines if employees with consequentialist fairness views react

negatively to not being rewarded for luck. I find that, when supervisors do not reward luck,

employees with consequentialist views of fairness confront supervisors more when they have

good luck than when they have bad luck.

I contribute to the literature on discretionary evaluations in four ways. First, previous

studies find that supervisors’ opportunism, cognitive limitations, and social preferences pre-

vent them from assigning theoretically perfect evaluations (Bailey et al., 2011; Bol et al.,
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2016; Bol & Smith, 2011; Chan, 2018; Krishnan et al., 2005; Lipe & Salterio, 2000). These

distortions diminish the intended contracting benefits of discretionary evaluations (Baiman

& Rajan, 1995; Baker et al., 1994; Feltham & Xie, 1994; Rajan & Reichelstein, 2006). I

contribute to this line of research by showing supervisors reward observable luck. As a con-

sequence, allowing supervisor discretion may not always lower the impact of luck in employee

compensation even if supervisors have access to additional non-contractible information.

Second, I expand our understanding of how fairness concerns influence discretionary

evaluations. While it is well established that fairness concerns affect discretionary evalua-

tions (Arnold & Tafkov, 2019; Bol, 2011; Bol et al., 2015; Chan, 2018; Maas et al., 2012), we

do not have a comprehensive theoretical framework that explains which evaluations are con-

sidered fair by supervisors and employees (Cappelen et al., 2007; Konow, 2003). Accounting

researchers have argued that a sense of fairness causes supervisors to only hold employees

accountable for factors that employees can immediately control (Arnold & Tafkov, 2019; Bol,

2011; Chan, 2018; Maas et al., 2012). In this paper, I expand our understanding of how con-

trollability influences fairness perception by showing that some supervisors and employees

consider it fair that completely uncontrollable factors are incorporated into evaluations.

Third, I expand our understanding of how employees’ self-serving fairness perceptions

influence discretionary evaluations (Arnold et al., 2018; Arnold & Tafkov, 2019; Bol et al.,

2016). Employees’ self-serving fairness perceptions can lead to leniency bias in discretionary

evaluations partially because supervisors want to avoid confrontations with their employ-

ees (Arnold & Tafkov, 2019; Bol, 2011; Bol et al., 2016; Deason et al., 2018; Moers, 2005).

I find that although supervisors anticipate employees’ self-serving fairness perceptions and

confrontations with the employees are costly, supervisors do not indiscriminately integrate

employees’ fairness perceptions in discretionary evaluations. Specifically, supervisors do not

integrate these self-serving fairness perceptions when employees have a low contribution to

company value. This suggests supervisors incorporate employee self-serving fairness percep-
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tions as a form of reciprocity towards employees who already have a high enough contribution

to trigger reciprocity.

Fourth, I examine how employees change their behavior when supervisors reward ob-

servable luck. Rewarding luck results in a lower employee contribution after employees learn

how supervisors evaluate them. When supervisors do not reward luck, I find employees

with consequentialist views of fairness confront supervisors more when they have good luck

than when they have bad luck. This indicates some employees confront supervisors for not

rewarding luck. Supervisors who initially base evaluations exclusively on employee contri-

bution could, through repeated interactions with these employees, integrate luck into their

evaluations to avoid costly confrontations. Practitioners or researchers who design interven-

tions that aim to increase the weight of employee contributions in discretionary evaluations

(Berger et al., 2013; Bol et al., 2018, 2016; Demeré et al., 2019) should therefore also consider

whether employees find it fair to be rewarded for luck and what control mechanisms could

change employee fairness perceptions towards a less consequentialist view of fairness.

Theory
I begin by reviewing related literature on the factors affecting middle-managers’ dis-

cretionary evaluations that are relevant to the current research question. Then, I develop

hypotheses related to whether supervisors will incorporate observable luck in their evalua-

tions. H1 predicts supervisors will reward observable (good and bad) luck, and H2 predicts

they will integrate observable luck asymmetrically such that they reward observable good

luck more than they punish observable bad luck. Finally, I develop a research question re-

garding how employees will change their contribution to company value when supervisors

reward observable luck.
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Background

In many organizations, middle-level managers have discretion over the evaluation of

their direct subordinates. Organizations provide supervisors with this discretion because

it allows supervisors to incorporate non-contractible information in employee compensation

(Bol, 2008) and because explicit contracts are often prohibitively costly to write (Choi et al.,

2016).

A considerable body of management accounting research examines how supervisors use

their discretion and finds that at least three considerations influence discretionary evalua-

tions. First, supervisors use their evaluation decisions to motivate higher employee contri-

bution to company value, because higher employee contribution likely benefits supervisors

(Baiman & Rajan, 1995; Bol, 2008). For example, higher employee contribution might in-

crease departmental performance, which in turn might increase supervisors’ compensation

and promotion opportunities (Bol et al., 2016). Second, supervisors’ social preferences affect

their evaluations. Notably, supervisors give evaluations that they find fair (Chan, 2018; Fehr

& Schmidt, 2001; Maas et al., 2012). Third, supervisors use evaluations to minimize per-

sonal costs, such as confrontation costs (Prendergast & Topel, 1993). Confrontations with

employees are costly because they may, for example, require supervisors to spend additional

time collecting information that justifies their assessment. Therefore, to minimize potential

confrontation costs, supervisors prefer providing ratings that satisfy employees (Bol et al.,

2016). Employees are more satisfied with their evaluation when they perceive their evalua-

tion as fair (Colquitt et al., 2001). Therefore, when making evaluation decisions, supervisors

consider the fairness of the evaluation from the perspective of employees. Employee fairness

perceptions are partly driven by receiving adequate compensation for their contribution and

partly driven by self-serving considerations (Arnold et al., 2018; Feather, 1999; Miller & Ross,

1975). These self-serving considerations are the tendency of individuals “to conflate what is
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fair with what benefits oneself” (Babcock et al., 1996), resulting in individuals developing

fairness rules biased towards increasing their own payoffs (Arnold et al., 2018; Deason et al.,

2018).

Hypotheses

Supervisors Reward Observable Luck

The controllability principle states that employees should only be held accountable

for what they can at least influence (Merchant & Otley, 2006). This principle suggests

that supervisors should not reward observable luck because doing so decreases employee

motivation. Supervisors who reward luck weaken the link between employee contribution

and their compensation. This can decrease employee motivation in two ways. In short,

rewarding luck can lower employee motivation because it exposes employees to more risk

when they increase their contribution and because employees could find it unfair to be

rewarded for factors they cannot control.

First, rewarding luck can expose employees to more risk when employees increase their

contribution to company value (Baker & Jorgensen, 2003; Cadsby et al., 2016, 2019; Zubanov,

2012) and, therefore, decreases the utility the employees gain by increasing their contribu-

tion.2

The next example illustrates this point. Consider the case of a supervisor who evaluates

salespeople to determine their bonuses. The salespeople are effort-averse. Most low-effort

days result in low sales. This means that both the probability of high sales and the variation

in sales are low on a low-effort day. When salespeople exert effort, they make some sales and

miss others because sales also depend on luck such as clients’ financial situation, the number

of competing offers, etc. Therefore, both the probability of high sales and the variation

in sales are higher when salespeople exert effort than when they decide to shirk (Baker &
2This assumes that most people are risk-averse (Holt & Laury, 2002) and that companies cannot perfectly

select employees based on risk-preferences through their hiring process.
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Jorgensen, 2003; Cadsby et al., 2019).3

The supervisor initially considers only rewarding salespeople based on their sales and

not filtering out observable luck. This is a good motivational mechanism for some salespeople

because, by exerting effort, salespeople can increase the probability of new sales. Although

attempting new sales increases the expected bonus, it also imposes additional risk on the

salespeople. Shirking, in contrast, leads to a lower expected bonus but imposes less risk

on the salespeople. To minimize their risk, risk-averse salespeople will sacrifice some of

the increases in the expected bonus gained from attempting some sales. Therefore, if the

supervisor reduces the weight of luck in evaluations by, for example, integrating the number

of clients contacted in the bonus decision, risk-averse salespeople will attempt more sales.

To motivate employees, supervisors should filter out observable luck, because doing

so maximizes employee utility when employees have high contributions. When supervisors

have discretion in evaluations, employees are uncertain about how supervisors will evalu-

ate them (Bol, 2008; Choi et al., 2016; Gibbons & Henderson, 2012). This uncertainty

reduces employee incentives to increase their contribution (Bol, 2008). By offering bonuses

that maximize employee utility when employee contribution is high, supervisors increase

the probability that bonuses are high enough to compensate employees for the cost of their

contribution and for the uncertainty accepted by working.

Second, employees can decrease their contribution when supervisors reward observable

luck because they find evaluations that are based on factors they cannot control unfair (Kelly

et al., 2015; Maas et al., 2012). Employee fairness perceptions about their evaluations have an

important impact on employee motivation (Bol, 2011; Colquitt et al., 2001). Some people’s
3Differently from studies that consider effort and luck are independent of one another (luck is an additive

term), I consider a setting where effort and luck interact. Effort likely affects the influence of luck on
performance in many real-world settings (Baker & Jorgensen, 2003; Cadsby et al., 2019). Additionally,
if I treated luck as an additive term, rewarding luck should not, absent fairness considerations, decrease
employee contribution (Sloof & Van Praag, 2010). By studying a setting where effort and luck interact, I
provide supervisors with additional incentive to ignore luck.
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notion of fairness is consistent with the just deserts theory of fairness (Arnold & Tafkov,

2019; Chan, 2018; Falk et al., 2008; Falk & Fischbacher, 2006; Maas et al., 2012). Employees

with just deserts fairness view believe that their compensation should only be based on

factors they can control (e.g. how hard they worked). If supervisors reward observable luck,

these employees will find their evaluations unfair and decrease their contribution.

Despite these two benefits of filtering out luck from evaluations, supervisors could still

reward observable luck because they find it fair to do so. Some people have a consequentialist

view of fairness: they believe an act is right or wrong solely on the basis of whether it

maximizes good outcomes (Uhlmann et al., 2015). Different streams of literature find results

consistent with the idea that some people have a consequentialist view of fairness. For

example, Cushman et al. (2009) find that people are more likely to positively reciprocate a

bad intention that resulted in a good outcome than a good intention that resulted in a bad

outcome. Experiments in risk-taking on others’ behalf, redistribution, and charitable giving

find that people reward others based on both their choices and their luck (Cappelen et al.,

2013; de Oliveira et al., 2017; Falk et al., 2008; Gurdal et al., 2013; Pan & Xiao, 2016).

Supervisors with consequentialist views of fairness find it fair to reward performance

instead of employee contribution to that performance. Because performance is influenced

by luck, these supervisors likely find it fair to partially reward luck.4 Moreover, supervisors

could anticipate that some employees have consequentialist fairness views and would per-

ceive evaluations based exclusively on their contribution as unfair. Employees who consider

they have received an unfair evaluation might decrease supervisors’ payoff by lowering their

contribution (Bol, 2011; Fehr et al., 2009) or by confronting the supervisors (Bol et al., 2016).
4Accounting researchers have argued that a sense of fairness causes some middle-level supervisors to only

hold employees accountable for factors that employees can immediately control (Arnold & Tafkov, 2019; Bol,
2011; Chan, 2018; Maas et al., 2012). This conclusion can seem to suggest that middle-level supervisors are
only influenced by a just deserts theory of fairness in their evaluations. However, because different people
have different views about what is fair (Cappelen et al., 2007; Konow, 2003), discretionary evaluations can
be influenced by both the just deserts view and by the consequentialist view.
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Supervisors can motivate higher employee contribution and fewer confrontations by offering

evaluations that are perceived as fair by employees. Therefore, if supervisors find it fair to

reward luck or if supervisors anticipate that some of the employees find it fair to be rewarded

for luck, they will incorporate observable luck into discretionary evaluations.

H1: Supervisors incorporate observable luck in discretionary evaluations

The idea that supervisors reward luck is consistent with a large body of literature in

accounting and psychology on outcome bias (Baron & Hershey, 1988; Mertins et al., 2013).5

This literature is mainly concerned with examining how supervisors rate the quality of a

decision depending on the outcome of that decision. For example, Brazel et al. (2016) find

that auditors are evaluated based on the outcome (whether a material misstatement was

found) of their decision to perform additional tests and not the validity of the decision itself.

Also relevant to the current study is a separate recent stream of literature that uses an

economics-based approach to examine whether principals reciprocate based on outcomes or

agent contribution in an incomplete-contract setting (Brownback & Kuhn, 2019; Hannan,

2005; Rubin & Sheremeta, 2015).

Results from the previous studies do not automatically translate to a setting where

middle-level supervisors evaluate employees because evaluators from previously cited studies

were not motivated to reward employee contribution and ignore luck. The outcome bias

literature from psychology and accounting uses an unincentivized hypothetical decision to

test if outcome bias influences evaluations (Brazel et al., 2016; Mertins et al., 2013; Sezer et
5The executive compensation literature has also examined whether executives are rewarded for luck

(Bertrand & Mullainathan, 2001; Garvey & Milbourn, 2006). However, the evaluation context of an executive
is different than the evaluation context of a non-executive employee.
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al., 2016).6 The economics studies that examined how luck influences evaluations (Brownback

& Kuhn, 2019; Rubin & Sheremeta, 2015) model the evaluator as the owner of the firm who

has to pay employee bonus out of their own pocket and only interacts with the employee

once. In contrast, middle-level managers do not pay employee bonuses themselves (Bol et

al., 2016; Prendergast & Topel, 1993) and usually evaluate employees for multiple periods.

Because owner-evaluators are motivated to minimize the bonus paid to employees, owner-

evaluators have an incentive to renege and give employees the minimum bonus regardless of

employees’ contribution level. Moreover, because owner-evaluators only interacts with the

employee once, they are not motivated to choose a bonus that will motivate the employee in

future periods. In contrast, middle managers face no reneging temptations (Bol, 2008) and

can influence employees’ choices in future periods through their bonus decisions. Therefore,

middle managers have stronger incentives than owner-evaluators to choose an employee bonus

that is most likely to maximize employee contribution. If, as suggested by the controllability

principle, supervisors believe that exclusively rewarding employee contribution maximizes

their payoff, supervisors will be motivated to ignore their consequentialist fairness views and

exclusively reward contribution.

Supervisors’ beliefs about what maximizes their payoff are important because when

people believe that ignoring luck will result in higher payoff for themselves, they are less

likely to reward luck. Rand et al. (2015) examined cooperation in a repeated prisoner’s

dilemma game where participants choose an intention (cooperate or defect), the other player
6Most of the outcome bias studies use the following definition for outcome bias: people perceive the same

decision (e.g., performing an additional auditing test) to be lower in quality when it leads to a bad outcome
(a material misstatement was not found) rather than a good outcome (a material misstatement was found),
all else being equal (Sezer et al., 2016). Therefore, the supervisors from the outcome bias studies are asked
to judge the quality of a decision. However, when evaluating how much an employee has contributed to
company value, supervisors are not judging the quality of a decision because the best employee decision is to
maximize contribution. For example, a supervisor always knows that employee shirking decreases company
value whereas a supervisor does not know whether an additional auditing test should have been performed.
Therefore, the current study also differs from previous outcome bias studies because the supervisors cannot
learn any useful information about the decision quality when observing the outcome of that decision (Mertins
et al., 2013; Weber et al., 2001).
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could perfectly observe the intention but the final action also depended on luck. Differently

than all other previous cited studies, participants could potentially gain more by reacting

to intentions and ignoring luck. They find that a vast majority of participants conditioned

their choice on intentions and ignored luck.

Because supervisors could believe that ignoring luck when evaluating employees max-

imizes their payoff, one could expect that, similar to Rand et al. (2015), supervisors will

base their evaluations exclusively on employee contribution. However, it is unlikely that all

supervisors will believe that ignoring observable luck will maximize their payoff. In some

settings, supervisors believe that incorporating luck in their evaluations maximizes employee

contribution (Bol et al., 2016; Giraud et al., 2008; Merchant, 1987). Employees could have

consequentialist fairness views and perceive evaluations based exclusively on contribution as

stringent and unfair (Hannan, 2005). Given there is uncertainty about how employees react

to evaluations based exclusively on contribution, supervisors will likely be unsure whether

this evaluation strategy maximizes their payoff. Therefore, supervisors will integrate observ-

able luck in their evaluation partly because they consider it fair to do so and partly because

their employees might consider it fair to do so.

Supervisors Reward Observable Good Luck More than They Punish Observable

Bad Luck

Employees judge fairness differently than their supervisors partially because people are

self-serving when they form fairness judgments (Arnold et al., 2018; Feather, 1999). Em-

ployees could consider that evaluations determined exclusively by contribution are unfair,

especially in situations when this evaluation strategy results in lower evaluations for them.

Employees with self-serving fairness perceptions likely consider it fair to be rewarded for

good luck and unfair to be punished for bad luck (Asay et al., 2019; Bol & Smith, 2011; Gibbs

et al., 2004; Hannan, 2005). Employees punish supervisors for perceived unfair evaluations

by either confronting them or by reducing their contribution in future periods (Bol, 2011;
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Bol et al., 2016). Therefore, to avoid this, supervisors could asymmetrically reward luck

such that they reward good luck more than they punish bad luck.

H2: Supervisors reward observable good luck more than they punish observable bad

luck

It is not obvious that supervisors will asymmetrically reward luck. Although it is rel-

atively well established that employees have self-serving fairness perceptions (Asay et al.,

2019; Bol & Smith, 2011; Gibbs et al., 2004; Hannan, 2005), it is less clear if these fairness

perceptions will be integrated into discretionary evaluations. In order for supervisors to re-

ward good luck more than they punish bad luck, supervisors need to anticipate employees’

self-serving fairness perceptions and they need to believe that it is beneficial for them to

integrate employees’ fairness perceptions in evaluations. The repeated interaction between

supervisors and employees could, for example, cause supervisors to believe that they are

better off ignoring luck completely and only rewarding employee contribution (Rand et al.,

2015).

Employee Contribution when Supervisors Reward Observable Luck

It is unclear ex-ante how rewarding observable luck will affect employee contribution.

On the one hand, rewarding luck decreases the link between employee contribution and their

compensation which, in turn, can decrease employee contribution (Bol, 2008; Cadsby et

al., 2019; Vroom, 1964). In line with the view that rewarding luck can decrease employee

contribution, Rubin & Sheremeta (2015) find that, in a single-interaction setting, agents are

less likely to provide the desired amount of effort when principals reward luck.7

On the other hand, rewarding luck could improve employees’ fairness perceptions which,

in turn, can increase employee contribution (Bol, 2011; Charness, 2004; Falk & Fischbacher,
7Given that Rubin & Sheremeta (2015) study a single-interaction setting and employee reciprocity plays

a limited role in determining effort in sing-interaction setting (Fisher et al., 2015), it is unclear whether
rewarding luck will decrease employee contribution when supervisors and employees interact for multiple
periods.

15



2006). Employees with consequentialist views of fairness likely consider evaluations that

incorporate observable luck as fairer. Moreover, if supervisors integrate good luck more

than they punish bad luck, employees can perceive the resulting higher evaluations as a gift

from their supervisors. As a result, employees who care about fairness could reciprocate

and increase their contribution when evaluations are partially based on observable luck (Bol,

2011; Charness, 2004; Falk & Fischbacher, 2006). In line with the view that rewarding luck

can increase employee contribution, Hannan (2005) finds that, in a single-interaction setting,

agents increase their effort when principals share the benefits of good luck with them.

Because I am not able to predict whether the possible increase in positive reciprocity

dominates the weaker incentives caused by incorporating observable luck, I present a research

question.

RQ: Is employee contribution lower when supervisors incorporate observable luck in

discretionary evaluations?

Method
In my experiment, participants are randomly assigned to the role of either employee

or supervisor. One supervisor is anonymously matched with one employee, and each pair

remains matched for eight periods. In each period, the employee first chooses how much to

contribute (employees perform a chosen effort task). Employee contribution and luck deter-

mine company profit. Profit is valuable to the supervisor. After each employee-contribution

decision, the supervisor decides how much bonus the employee will receive. The employee

then observes the bonus and decides whether to confront the supervisor. A confrontation

reduces the payoff of both the employee and the supervisor.

Between participants, I manipulate the information presented to the supervisor when

making the bonus decision at two levels. The reporting system either reports (1) company

profit and employee contribution (the Outcome+Contribution condition) or (2) only em-
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ployee contribution (the Contribution-Only condition). Within participants, company profit

(high or low) is quasi-randomly determined every period.8

To test how observable luck influences evaluations (H1 and H2), I examine how the profit

level influences bonuses in the Outcome+Contribution condition. In the Outcome+Contribution

condition, supervisors can directly observe employee contribution so the profit level only

contains information about luck. If bonuses are influenced by profit after controlling for

employee contribution, I can conclude that supervisors reward observable luck. To examine

whether employees’ contribution differs when supervisors reward observable luck (RQ), I

compare employee contribution between the Outcome+Contribution and Contribution-Only

conditions.9 Supervisors in the ContributionOnly condition cannot reward luck because

they do not observe luck. Therefore, the ContributionOnly condition allows me to observe

employee contribution when supervisors do not reward observable luck and have access to

the same amount of information about employee contribution as supervisors in the Out-

come+Contribution condition.

The Task

Every period, the computer simulates drawing a random ball from a bag that contains

winning and losing balls. Company profit is a high (low) if a winning (losing) ball is drawn.

In the first decision of each period, employees perform a chosen effort task. Employees can

spend a part of their endowment to buy winning balls. Buying winning balls replaces losing

balls with winning balls. The bag initially contains two winning balls and eight losing balls.

Employees can choose to do nothing (buy no winning balls) or buy up to five additional
8Employee contribution influences how much influences luck has in determining company profit. However,

I can attribute differences in bonus to differences in luck in regressions that control for employee contribution
(Brownback & Kuhn, 2019; Stock & Watson, 2015). Therefore, I can reliably assess causality.

9I can only examine how employees react when supervisors reward observable luck if supervisors reward
observable luck in the Outcome+Contribution condition.
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winning balls.10 For example, if an employee chooses to buy three winning balls, there will

be five winning balls and five losing balls in the bag (the chance of a high profit is 50%).

Each winning ball reduces the payoff of the employee by twenty points. Table 1 describes

the consequences of each level of employee contribution. After deciding how many winning

balls to buy, employees are informed about the profit level for that period.

After the employee contribution decision, the supervisor assigns a bonus to the employee

(between zero and 200 points). The bonus comes from a fixed bonus pool and is not paid

out of the supervisors’ pocket. I use a fixed bonus pool because a variable bonus pool would

implicitly reward employees for luck and therefore add a confounding effect to the analysis.11

The supervisor’s payoff depends on company profit. Specifically, the supervisor receives a

bonus of 70 points when company profit is low and 190 points when company profit is high.

Therefore, the supervisor has an incentive to choose a bonus that motivates the employee to

buy a high number of winning balls.

After observing the bonus, the employee can confront the supervisor.12 A confronta-
10Buying a winning ball captures employee effort according to the definition of Baiman (1982) because the

action is controllable by the employee, creates negative utility for the employee, and results in an increase
in the expected profit for the company. Employees can only contribute to company value by increasing their
effort while in the real-world, employees can contribute to company value through their effort, knowledge,
and ability (Libby & Luft, 1993), I abstract away from how knowledge and ability influence employee
contribution by keeping these factors constant. This provides a valid test of the prediction that supervisors
reward observable luck.

11Using a fixed bonus pool biases against supervisors rewarding observable luck. The size of variable bonus
pools is generally determined by objective performance measures such as profit. These objective measures
are influenced by luck. Supervisors generate internal anchors that are influenced by the bonus pool size. As
a result, supervisors will overweight objective outcomes and, implicitly, luck in their evaluations (Bailey et
al., 2011). In contrast, when the size of the bonus pool is fixed, supervisors are probably less likely to use
the bonus pool size as an anchor for their bonus and will, therefore, be less likely to reward luck.

12The confrontation possibility was included to simulate middle-level managers’ private incentives when
evaluating employees. When employees can confront supervisors, supervisors have private incentives to
avoid confrontations because confrontations are costly to the supervisors and are not directly costly to the
company. Previous literature has identified middle-level managers’ private incentives as one of the main
causes why supervisors incorporate employees’ self-serving fairness concerns in their evaluations (Arnold &
Tafkov, 2019; Bol, 2011; Bol et al., 2016; Deason et al., 2018; Moers, 2005). Given that the integration of
employees’ self-serving fairness concerns in evaluations is an important part of the theory development, I
choose to reproduce a part of middle-level managers’ private incentives in my experimental design by allowing
employees to confront supervisors.
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tion reduces the payoff of both the employee and the supervisor but is more costly to the

supervisor (30 points) than to the employee (ten points).13

The payoffs functions for each period are:

Employee Payoff = Salary Employee (360 points) - Cost of Buying Winning Balls (be-

tween zero and 100 points) + Bonus (between zero and 200 points) - Confrontation costs

employee (zero or ten points)

Supervisor = Salary Supervisor (400 points) + Compensation for profit (70 or 190

points) - Confrontation cost supervisor (zero or 30 points)14

The supervisor assigns the bonus based on the information presented in the reporting

system. The reporting system of the company can produce two measures:

• Profit (high or low). This measure partially captures employee contribution and is

influenced by luck.

• Number of winning balls bought. This measure perfectly captures employee contribu-

tion and it is not influenced by luck.

Between subjects, I manipulate the information that supervisors can use when making

their bonus decision. The reports presented to the supervisors either contain (1) profit and

the number of winning balls bought in the Outcome+Contribution condition or (2) only

the number of winning balls bought in the Contribution-Only condition. Supervisors in the

Contribution-Only condition learn the profit level for each period after their bonus decision in
13The fact that confrontations are more costly to the supervisor than to the employee could seem unrealistic

to some readers. I do not know of any theoretical model that attempts to quantify the costs of confrontations
and how they differ between supervisors and employees. Moreover, even if in the real world confrontation
costs are higher for employees than for the supervisors, this design choice should not affect the conclusions of
this study related to supervisors’ evaluations. Lowering the supervisors’ cost of confrontation will decrease
supervisors’ incentives to include employees’ self-serving fairness perceptions in evaluations. Given that I
find that supervisors incorporate employees’ self-serving fairness concerns less than we previously thought,
reducing supervisors’ incentives to incorporate employees’ self-serving fairness concerns should not affect this
conclusion.

14All monetary amounts are denoted in an experimental currency (points). 200 points have a value of $1.
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the last period of the experiment. Therefore, supervisors in the Contribution-Only condition

cannot integrate luck in their bonus decisions.

One consideration that guided the parameter choice is worth noting. Supervisors in the

real world generally earn more than their employees. This expectation could influence how

participants assigned to the supervisor role interpret the experimental instructions (Alekseev

et al., 2017). Supervisors could think that they are entitled to always earn more than their

employees. Such beliefs could drive supervisors to give lower bonuses to employees when

company profit is low. I chose parameters that minimize the impact of this belief on bonuses:

supervisors generally earn more than their employees regardless of how much bonus they

assign to the employees. For example, in a period in which the employee buys five winning

balls and profit is low, the supervisor earns more than the employee even if they assign the

maximum bonus (in case the supervisor assigns the maximum bonus, the supervisor earns

470 points and the employee earns 460 points).15

Procedure

Participants are recruited from Amazon Mechanical Turk. The task is programmed in

OTree (Chen et al., 2016). To facilitate online interactions between Mturk participants, I

follow many of the recommendations proposed by Arechar et al. (2018).16

The description of the assignment informs participants about the expected completion

time (fifteen-twenty minutes) and how much they can earn (between $1.25 and $2.95). Par-

ticipants learn that they will interact with another participant and are asked to start the
15Higher differences between the payoff of the employees and the supervisors would likely have been more

effective at alleviating this issue. However, I was concerned that bigger differences could cause participants
assigned to the employee role to drop out of the study because they found the role allocation unfair.

16The task can be played at http://bit.ly/obs_luck. The OTree code can be downloaded at https://
bit.ly/obs_luck_code. The code can be useful to researchers who want to run an interactive experiment
on Amazon Mechanical Turk.
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experiment immediately.17

Participants read the instructions and have to correctly answer thirteen understanding

questions to participate in the experiment and receive the participation fee.18 Participants

are grouped on the fly: after completing the understanding quiz, participants wait in a

lobby for another participant to complete the understanding quiz and join their company. If

participants wait for more than eight minutes, they can quit the experiment and receive the

participation fee ($1.25). Participants are randomly assigned to the supervisor or employee

role. Participants interact with the same partner for all the eight periods of the experiment.

While waiting for the other participant in their company to make their decision, participants

see a summary of the instructions and the sequence of events in each period. To minimize

potential wealth effects between periods, one period is randomly selected as the payoff period.

After completing the experimental task, participants fill in a post-experimental ques-

tionnaire. The questionnaire includes instruments that measure participants’ risk aversion

(Dohmen et al., 2011) and inequality aversion (Yang et al., 2016). The questionnaire also

contains several items, including open-ended questions, that provide insights into partici-

pant’s decision-making processes during the experiment.

Participants

I requested that participants reside in the United States, have completed at least 100

Human Intelligence Tasks (HITs, MTurk’s tasks), and have an approval rate of at least 90%

on their previous HITs. The experiment could not be opened from a mobile device. In
17Asking participants to start immediately is meant to facilitate faster group formation. However, many

participants delayed starting the experimental task after accepting the assignment (for example, some par-
ticipants started the experiment 40 minutes after accepting the assignment). This does not make group
formation impossible but it increases the waiting time and the number of participants who are not grouped
with a partner because they waited too long. I suspect most Mturk participants likely do not read the
announcement page for the HIT because most slots fill out almost immediately after the HIT is posted.

18The instructions are still available to participants while answering the understanding checks. If a partici-
pant makes a mistake, the computer informs the participant which attention question is answered incorrectly,
and wherein the instructions the correct answer can be found. Participants who do not correctly answer all
the understanding questions within four attempts are not allowed to participate in the experiment.
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total, data from 258 participants was collected over two days and four sessions. Each session

collected data from only one condition to facilitate faster group formation.19 Participants’

age varies from nineteen to 73, with a mean of 37.8. 143 participants (55%) were male

and 114 participants (44%) were female and one participant did not want to disclose their

gender. Participants reported an average work experience of 16.5 years. 132 participants

(51%) indicated that they completed a bachelor’s degree. Participants received a $1.25

participation fee in addition to the payoff they earned during the experiment. Participants

earned an average of $2.37 for an average of twenty minutes of their time. As expected, the

payoff of participants in the supervisor role (mean of $2.6) was significantly higher than the

payoff of participants in the employee role (mean of $2.1) (t = 11.64, p < 0.01, two-tailed).

Results

Randomization Check

I first verify if the random assignment was successful. Participants did not differ between

the two treatments with respect to age, gender, work experience, educations, risk preferences,

the propensity to trust, the propensity to reciprocate trust, and inequality aversion. Results

of a multiple linear regression indicated that there was no collective significant effect of the

measured individual characteristics on being allocated to one of the conditions (F(8, 249)

= 0.64, p > 0.10, R2 = 0.02). Participants also did not differ between the two roles across

the same measured characteristics (F(8, 249) = 0.67, p > 0.10, R2 = 0.02). These results

suggest that random assignment was successful.

Some participants who started the experimental task did not finish the experiment. Due

to the nature of conducting research online, some level of attrition is unavoidable. I examine

if the attrition was exogenous so that it does not bias the conclusions of this study (Arechar
19Qualifications ensured that a worker could not attempt to complete the experiment more than once or

participate in more than one session based on worker IDs. Mturk ensures that Mturk IDs are unique for
every individual by asking for the Social Security Number when workers sign up.
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et al., 2018). In my sample, 298 participants started the experimental task and 258 (87%)

participants completed the experiment. Twenty participants were excluded during the ex-

periment because they were inactive for two minutes. As a result, the twenty participants

that were paired with the inactive participants had to be paid for their time and excluded.20

I find no evidence that attrition was selective. Dropout rates did not differ between the

Outcome+Contribution condition (drop out rate 8.86%) and the ContributionOnly condi-

tion (drop out rate 4.29%) (t = 1.57, p > 0.10, two-tailed). Dropout rates also did not

differ between the participants assigned the role of supervisor (drop out rate 8.05%) and

participants assigned the role of employee (drop out rate 5.37%) (t = 0.92, p > 0.10, two-

tailed). Given that being assigned the role of supervisor resulted in a higher average payoff,

the similar drop-out rate between roles indicates that the dropouts were not caused by lower

payoff expectations.

Descriptive Statistics

In total, I collected 1032 employee-period observations ([258 participants/2 roles] x 8

periods) and the same number of supervisor-period observations.21 Table 2 and Figures 1

present the descriptive statistics for the bonuses allocated by the supervisors. Consistent

with the hypothesis that supervisors incorporate observable luck in discretionary evaluation,

in the Outcome+Contribution condition, bonuses appear higher when company profit is high

than when company profit is low at all levels of employee contribution. Inconsistent with the

hypothesis that supervisors reward observable good luck more than they punish observable

bad luck, bonuses appear slightly higher in the ContributionOnly condition as compared to

the Outcome+Contribution condition at most levels of employee contribution.

Table 3 and Figure 2 present descriptive statistics for employee contribution. Employee
20Specifically, participants who were excluded because their partner was inactive received the participation

fee plus six cents for each of the eight periods they finished.
21All regressions that use multiple observations per participant use robust standard errors clustered at the

participant level.
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contribution is slightly higher in the ContributionOnly condition (mean = 3.26) as compared

to the Outcome+Contribution condition (mean = 2.95). Employees appear to change their

contribution across periods differently depending on the experimental condition. Employees

in the Outcome+Contribution condition decrease their contribution across time while the

employees in the ContributionOnly condition increase their contribution across time.

Hypotheses Tests

Supervisors Reward Observable Luck

H1 predicts that supervisors incorporate observable luck in discretionary evaluations.

To test H1, I analyze the bonus data from the Outcome+Contribution condition. I examine

the effect of profit and employee contribution on the bonus. After controlling for the effect of

Contribution, the coefficient of HighProfit captures how luck influences the bonus (Brownback

& Kuhn, 2019; Stock & Watson, 2015).22 Therefore, a positive effect of HighProfit indicates

that supervisors reward observable luck. This is because supervisors can directly observe

employee contribution in the Outcome+Contribution condition so, conditional on employee

contribution, the profit level only contains information about luck.

Table 4, Column 1 reports the results of this regression. Figure 1 plots these compar-

isons. The coefficient of HighProfit is significant (β = 26.13, t = 3.33, p < 0.01, two-tailed).23

This result supports H1.

In the Theory Section, I argued that supervisors will find it fair to reward luck. Data

from the post-experimental questionnaire supports this assumption. I asked participants
22In this setting, luck is the difference between the expected value and the actual value. For example, if

the employee buys five winning balls in a period, the expected value for company profit is 0.7. After the
random draw, the value of luck is 0.3 if profit is high and -0.7 if profit is low. I could have captured luck
by calculating the residuals of the regression of HighProfit on Contribution. Including this residual in the
regression instead of HighProfit generates identical coefficients. For ease of exposition, I include HighProfit
instead of the residuals.

23The results are qualitatively similar if I generate dummy variables for each contribution level and include
these in the regression instead of the linear contribution variable. Thus, the result that supervisors reward
observable luck is robust to not assuming that there is a linear relationship between employee contribution
and bonus.
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what should a fair bonus be based on. Participants could choose one of the following options:

"how many winning balls were bought", "whether the company profit was high or low", "a

combination of the two". I classify participants as having consequentialist fairness views if

they thought fair bonuses should be at least partially based on company profit. 43 out of 65

supervisors (66%) reported consequentialist fairness concerns in the Outcome+Contribution

condition. Next, I analyze if supervisors with consequentialist fairness concerns are more

likely to reward observable luck. Table 4, Column 2 reports the results of this regression. The

coefficient of the interaction between HighProfit and ConsequentialistViews is positive and

significant (β = 21.23, t = 1.84, p < 0.05, one-tailed) indicating that supervisors with con-

sequentialist views of fairness reward luck more than supervisors with non-consequentialist

views of fairness.24

Supervisors Asymmetrically Reward Observable Luck

H2 predicts that supervisors reward observable good luck more than they punish ob-

servable bad luck. To test H2, I examine the bonus data from the Outcome+Contribution

condition.25 I classify employees as having good or bad luck depending on the combination

of employee contribution and the profit level in a given period. Employees have good luck

when company profit is high and employee contribution is low (below three). This is because

employees generate a high company profit although the employee contribution choice was

more likely to generate low company profit than high company profit.26 Similarly, employees

have bad luck when company profit is low and employee contribution is high (above three).

This is because employees generate low company profit although the employee contribution
24The interaction between HighProfit and ConsequentialistViews becomes marginally significant (β =

16.94, t = 1.40, p < 0.10, one-tailed) if I include dummy variables for each contribution level instead of the
linear contribution variable and include the interaction between Contribution and ConsequentialistViews in
the regression (Yzerbyt et al., 2004). Thus, the result that supervisors reward observable luck more when
they have consequentialist fairness views is robust to different model specifications.

25In the Robustness Checks section, I perform an additional test for H2 by examining the bonus differences
between the Outcome+Contribution and ContributionOnly conditions.

26When employee contribution was lower than three, employees had less than 50% chance of generating a
high profit (20%, 30%, 40% respectively)

25



choice was more likely to result in a high company profit than low company profit. For

example, if an employee buys all available winning balls, he/she has bad luck if company

profit is low because the employee generates a low profit for the company despite making

the choice that is least likely to generate a bad outcome. If I observe that the profit level

affects bonuses more when employee contribution is low compared to when employee contri-

bution is high, I can conclude that supervisors reward observable good luck more than they

punish observable bad luck. Therefore, a negative interaction effect between HighProfit and

Contribution on Bonus would provide support for H2.

Table 4, Column 3 reports the results of the regression that tests H2. The interaction

between HighProfit and Contribution is not significant (β = 3.00, t = 0.64, p > 0.10, two-

tailed). This result does not support H2.

I further examine the effect of HighProfit on Bonus for each level of employee contribu-

tion. H2 is supported if HighProfit affects Bonus more when employee contribution is low

(below three) than when it is high (above three). Table 5 reports the results of these regres-

sions. HighProfit has a significant effect on Bonus when employee contribution is four (β =

34.24, t = 2.07, p < 0.05, two-tailed) and five (β = 34.85, t = 3.12, p < 0.01, two-tailed).

HighProfit does not have a significant effect on Bonus at any other contribution level (lowest

p is 0.20, two-tailed when employee contribution is one). These results suggest that, contrary

to H2, supervisors punish bad luck more than they reward good luck. This result is likely

caused by the finding that supervisors punish bad luck when employee contribution is high

and do not reward good luck when employee contribution is low.

In the Theory Section, I argued that supervisors will reward good luck more than they

punish bad luck because supervisors anticipate that employees find it fairer to be rewarded

for good luck than to be punished for bad luck. The bonus data does not support the

conclusion that supervisors reward good luck more than they punish bad luck. However,

data from the post-experimental questionnaire supports the assumption that supervisors
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anticipate that employees find it fairer to be rewarded for good luck than to be punished

for bad luck. I asked participants what employees would think a fair bonus should be based

on in two situations: when an employee bought one winning ball and profit was high (the

employee had good luck) and when an employee bought five winning balls and profit was low

(the employee had bad luck). The five options ranged from "only on how many winning balls

they bought" to "only on whether the company profit was high or low". I analyze whether

participants think employees have asymmetric fairness concerns by calculating the difference

between these two answers. A positive difference indicates that respondents consider that

employees find it fairer to be rewarded for good luck than punished for bad luck. I find that

the difference significantly different than zero (mean = 0.95, t = 4.79, p < 0.01, two-tailed)

indicating that supervisors consider that employees have asymmetric fairness views.

Although supervisors anticipate that employees find it fairer to be rewarded for good

luck than to be punished for bad luck, supervisors do not integrate employee self-serving

fairness concerns when employee contribution is low. This might be the case because super-

visors integrate employees’ fairness concerns in evaluations as a form of reciprocity. If this is

true, supervisors do not feel the need to reciprocate (offer evaluations that their employees

would consider fair) when employee contribution is low. Data from the post-experimental

questionnaire supports this conclusion. Supervisors indicated if they thought about allo-

cating a bonus that the employee would consider fair when making the bonus decision. I

examine whether the likelihood of supervisors reporting that their bonus decision was influ-

enced by employees’ fairness concerns depended on the total employee contribution during

the task. Results of an untabulated analysis show that supervisors are more likely to report

that their bonus decision was influenced by employees’ fairness concerns when the total em-

ployee contribution during the task was higher (β = 0.05, z = 2.24, p < 0.05, two-tailed).

This suggests that supervisors incorporate employee self-serving fairness perceptions in eval-

uations as a form of reciprocity and that employee contribution has to be high enough to
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trigger reciprocity in order for employee self-serving fairness perceptions to be incorporated

in discretionary evaluations.

Employee Contribution when Supervisors Reward Observable Luck

The RQ asks if employee contribution is lower when supervisors incorporate observable

luck in discretionary evaluations. To answer the RQ, I examine employee contribution data

from the Outcome+Contribution and ContributionOnly conditions. As seen in the test for

H1, supervisors in the Outcome+Contribution condition rewarded observable luck. In con-

trast, supervisors in the ContributionOnly condition did not reward luck because they did not

observe it.27 Therefore, the ContributionOnly condition allows me to observe employee con-

tribution when supervisors do not reward observable luck and have access to the same amount

of information about employee contribution as supervisors in the Outcome+Contribution

condition. I regress employee contribution on a ContributionOnly dummy. Table 6, Column

1 reports the results of this regression. I find no significant difference in employee contribu-

tion between the Outcome+Contribution and ContributionOnly conditions (β = 0.31, t =

1.22, p > 0.10, two-tailed) indicating that employees do not contribute less when observable

luck is incorporated in discretionary evaluations.

Employees likely cannot perfectly anticipate how their supervisors will evaluate them.

Instead, employees need to learn their supervisors’ evaluation strategy (Choi et al., 2016).

Therefore, I also examine if employees change their contribution after they had a chance

to learn how their supervisor evaluates them. Table 6, Column 2 reports the results of re-

gressing employee contribution on the ContributionOnly dummy in the last four periods.

The coefficient of ContributionOnly is marginally significant (β = 0.49, t = 1.71, p < 0.10,

two-tailed) indicating that employee contribution was higher in the last four periods when

supervisors did not reward observable luck. Table 6, Column 3 reports the results of a re-
27As expected, an untabulated analysis that replicates the regression from Table 4, Column 1 with data

from the ContributionOnly condition shows an insignificant effect of HighProfit after controlling for Contri-
bution (β = 1.60, t = 0.24, p > 0.10, two-tailed).
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gression that examines the different rates of changes in contribution across time between

the two conditions. The coefficient of SecondHalf, a dummy variable that takes the value 1

in the last four periods of the task, is marginally significant and negative (β = -0.25, t =

-1.73, p < 0.10, two-tailed) indicating that employees reduce their contribution across time

when they are rewarded for luck. The interaction betweenContributionOnly and SecondHalf

is significant and positive (β = 0.37, t = 2.00, p < 0.05, two-tailed) indicating that em-

ployee contribution decreases overtime only when supervisors reward observable luck. These

results suggest that employees decrease their contribution when they learn that supervisors

incorporate observable luck in discretionary evaluations.

Robustness Checks

In this section, I examine if the result that supervisors incorporate observable luck in

their evaluations (H1) is driven by alternative explanations. Next, I perform an additional

test to investigate if supervisors reward observable good luck more than they punish observ-

able bad luck (H2) by examining the bonus differences between the Outcome+Contribution

and ContributionOnly conditions.

Incomplete Understanding of Consequences

One alternative explanation for the H1 result is that supervisors do not completely think

through the consequence of their actions and therefore do not understand that rewarding only

employee contribution instead of performance (contribution and luck) can better motivate

employees to increase their contribution. Consistent with this explanation, Krishnan et

al. (2005) find that people make compensation decisions that are inconsistent with agency

theory because they use incomplete mental models. Results from the post-experimental

questionnaire suggest that this explanation cannot fully explain why supervisors reward

observable luck.

In the post-experimental questionnaire, supervisors had to indicate what type of bonus

would best motivate the employee to buy as many winning balls as possible. Supervisors
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could choose one of the following options: "how many winning balls the employee bought",

"whether the company profit was high or low" or "a combination of the two". I classify

supervisors as having beliefs consistent with traditional agency theory if they believed that

employees are best motivated by rewarding them based only on the number of winning

balls bought.28 In the Outcome+Contribution condition, 24 out of 65 supervisors (37%)

have beliefs consistent with agency theory. In an untabulated analysis, I examine the effect

of Contribution, HighProfit, NonAgencyBeliefs (takes the value 0 if the supervisors reported

agency consistent beliefs in the post-experimental questionnaire and 1 otherwise) and the in-

teraction between HighProfit and NonAgencyBeliefs on Bonus in the Outcome+Contribution

condition. The coefficient of the interaction between HighProfit and NonAgencyBeliefs is

not significant (β = 13.39, t = 1.07, p > 0.10, one-tailed) indicating that supervisors with

beliefs different to agency theory about how to motivate employees reward luck to a similar

extent as supervisors with beliefs consistent with agency theory. Moreover, the coefficient of

HighProfit is significant and positive (β = 23.40, t = 2.57, p < 0.05, two-tailed) indicating

that supervisors with beliefs consistent with agency theory reward observable luck. These

results do not support the logic that supervisors reward observable luck because they do not

understand that rewarding luck could decrease employee motivation.

Outliers

The H1 result may be driven entirely by a few supervisors who completely ignore contri-

bution and only reward company profit. For example, a few supervisors could be assigning

the full bonus when profit is high and no bonus when profit is low regardless of the employee’s

contribution level. If this would be the case, the H1 result could be driven by outliers. To

examine this possibility, I calculate supervisor-specific estimates of the effect of observable
28Note that supervisors who had views inconsistent with agency theory did not necessarily use an incom-

plete mental model like participants in Krishnan et al. (2005). These participants could have believed that
rewarding luck increases employee motivation because evaluations that incorporate luck are perceived as
fairer by employees (Fehr et al., 2009).
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luck on bonuses by replicating the main test for H1 (the regression model from Table 4,

Column 1) for each supervisor separately (Brownback & Kuhn, 2019). Figure 3 plots these

estimates. Individual estimates are widespread indicating that the H1 result is not driven

by outliers.

Confusion

Despite needing to correctly answer all the understanding questions, supervisors could

have been confused about the experimental instruction. Supervisors may have rewarded luck

because they did not understand how employee contribution affects their payoff. I investigate

if results are consistent with this alternative explanation. All participants needed to correctly

answer all thirteen understanding questions within four attempts in order to participate in

the experiment. If a participant made a mistake, the computer informed the participant

which attention question was answered incorrectly, and wherein the instructions the correct

answer could be found. It is possible that participants used this feedback to guess the

correct answer to the multiple-choice attention questions through a process of elimination.

If this is true, participants who correctly answered all attention questions from the first

attempt have a better understanding of the experimental instructions as compared to all

other participants. In the Outcome+Contribution condition, 26 out of 65 supervisors (40%)

correctly answered all the attention questions from the first attempt. I replicate the main

test for H1 (the regression model from Table 4, Column 1) with the subsample of supervisors

who correctly answered all the attention questions on their first attempt. An untabulated

analysis finds qualitatively similar results as the main test of H1 (coefficient of HighProfit

is β = 33.15, t = 3.49, p < 0.01, two-tailed). Therefore, to the extent that answering all

thirteen attention questions on the first attempt indicates a better understanding of the

instructions, this result does not support the logic that supervisors reward observable luck

because they do not understand the instructions.
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Low-Quality Responses

Some Mturk participants provide low-quality responses (Dennis et al., 2020). Only

these participants may be rewarding observable luck. Dennis et al. (2020) recommend using

the answers to the open-ended post-experimental questions to assess the quality of Mturk

responses. I, therefore, examine if the length of supervisors’ response to the optional open-

ended question moderates the propensity to reward observable luck. I still find evidence

consistent with H1 if I examine the subsample of supervisors with responses longer than 88

characters (the median) (coefficient of HighProfit is β = 33.20, t = 3.11, p < 0.01, two-tailed).

Moreover, if I interact the length of the open-ended response with HighProfit, the interaction

is not statistically significant (β = 0.04, t = 0.69, p > 0.10, two-tailed). These results do not

support the logic that supervisors reward observable luck because Mturk workers provide

low-quality responses.

Supervisors Asymmetrically Reward Luck - Additional Evidence

I perform an additional test to investigate if supervisors reward observable good luck

more than they punish observable bad luck (H2) by examining the bonus differences between

the Outcome+Contribution and ContributionOnly conditions. Because supervisors in the

ContributionOnly condition did not observe luck, they could not reward luck. Therefore, the

ContributionOnly condition allows me to observe how supervisors allocate bonuses when they

have access to the same amount of information about employee contribution as supervisors

in the Outcome+Contribution condition but do not reward luck. I compare the differences

in bonuses between the (1) ContributionOnly condition and the Outcome+Contribution

condition when profit is low to (2) the differences in bonus between the ContributionOnly

condition to the bonus in the Outcome+Contribution condition when profit is high. If su-

pervisors reward good and bad luck symmetrically, I expect the bonus differences between

the ContributionOnly condition and the Outcome+Contribution condition when profit is

high to be similar to the bonus differences between the ContributionOnly condition and the
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Outcome+Contribution condition when profit is low. If supervisors reward good luck more

than they punish bad luck, I expect the bonus differences between the ContributionOnly

condition and the Outcome+Contribution condition when profit is high (when the employee

was lucky) to be higher than the bonus differences between the ContributionOnly condi-

tion and the Outcome+Contribution condition when profit is low (when the employee was

unlucky).

Figure 1 plots these comparisons. The coefficient of ContributionOnly from Table 7,

Column 1 compares the bonuses in the ContributionOnly condition to the bonuses in the

Outcome+Contribution conditions when profit is high. The coefficient of ContributionOnly is

not significant (β = -1.60, t = -0.16, p > 0.10, one-tailed) indicating that, after controlling for

Contribution, the bonuses are similar between the ContributionOnly condition and the Out-

come+Contribution condition when profit is high. Table 7, Column 2 compares the bonuses

in the ContributionOnly condition to the bonuses in the Outcome+Contribution conditions

when profit is low. The coefficient of ContributionOnly is significant (β = 20.25, t = 1.90, p

< 0.05, one-tailed) indicating that, after controlling for employee contribution, the bonuses

are higher in the ContributionOnly condition as compared to the Outcome+Contribution

condition when profit is low. Therefore, the bonus differences between the ContributionOnly

condition and the Outcome+Contribution condition when profit is high are lower than the

bonus differences between the ContributionOnly condition and the Outcome+Contribution

condition when profit is low. These results do not support H2 and indicate that supervisors

punish employees for bad luck more than they reward employees for good luck.
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Additional Analyses

Consequentialist Fairness Views and Employee Behavior

I find that 82 out of 129 employees (64%) have consequentialist views of fairness, that is,

they find it fair to be rewarded for luck.29 I next examine if employees with consequentialist

fairness views react differently than employees with non-consequentialist views to evaluations

that incorporate luck. First, I examine if employees with consequentialist fairness views

regard evaluations as fairer when they perceive evaluations are more influenced by luck.

Perceived evaluation fairness is an important determinant of employee motivation (Asay

et al., 2019; Bol, 2011; Colquitt et al., 2001; Giraud et al., 2008; Voußem et al., 2016).30

Although previous literature argues that employees find it unfair to be rewarded for luck

(Bol, 2011; Bol et al., 2015; Voußem et al., 2016), employees with consequentialist fairness

views may find it fairer to be partially rewarded for luck. I measured the perceived weight of

luck in evaluations by asking employees in the post-experimental questionnaire to indicate

how much they agree with the following sentence: "luck played a big part in how much

bonus I got". I measured the perceived fairness of the evaluation by asking employees to

indicate how much they agree with the following sentence: "the bonuses I received were fair".

Both were measured using a five-point Likert scale. I regress the perceived fairness of the

evaluation on the perceived weight of luck in evaluations for employees with consequentialist

and non-consequentialist fairness views in the Outcome+Contribution condition. I find that

a higher perceived weight of luck increases the perceived fairness of the evaluation when

employees have consequentialist fairness views (β = 0.37, t = 2.30, p < 0.05, two-tailed).

When employees have non-consequentialist fairness views, a higher perceived weight of luck
29Recall that I categorize participants as having consequentialist fairness views when they indicate in the

post-experimental questionnaire that a fair bonus should be at least partially based on luck.
30Consistent with the idea that fairness concerns are important for employee motivation, I find that

employees’ fairness perceptions are positively associated with employee contribution (β = 0.55, t = 6.22, p
< 0.01, two-tailed) (Bol, 2011; Fehr et al., 2009) and a negative associated with confrontations (β = -0.57,
z = -4.00, p < 0.01, two-tailed) (Bol et al., 2016).
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decreases the perceived fairness of the evaluation although not to a significant extent (β =

-0.13, t = -0.51, p > 0.10, two-tailed).

Second, I examine if contribution levels differ between employees with consequential-

ist fairness views and employees with non-consequentialist fairness views when supervisors

can reward luck. On the one hand, having consequentialist fairness views could be as-

sociated with a higher contribution level because these employees can receive evaluations

they perceive as fairer when supervisors can reward luck (Bol, 2011; Fehr et al., 2009).

On the other hand, having consequentialist fairness views could be associated with a lower

contribution level because such employees could find it fair to receive a maximum bonus

by having good luck instead of maximizing their contribution levels. In contrast, employees

with non-consequentialist fairness views likely find it fair to only receive the maximum bonus

when they maximize their contribution. I regress Contribution on ConsequentialistViews in

the Outcome+Contribution condition. An untabulated analysis shows that employees with

consequentialist fairness views have a lower contribution level compared to employees with

non-consequentialist fairness views when they can be rewarded for luck (β = -1.05, t = -2.29,

p < 0.05, two-tailed). Employees with consequentialist fairness views are less likely to maxi-

mize their contribution by buying five additional winning balls in all eight periods (β = -3.62,

z = -3.21, p < 0.01, two-tailed). Out of the eight employees in the Outcome+Contribution

condition who maximized their contribution, only one employee reported consequentialist

fairness views. If I only examine employees who did not maximize their contribution in all

eight periods (57 out of 65 employees), the effect of consequentialist fairness views on con-

tribution becomes insignificant (β = -0.12, t = -0.20, p > 0.10, two-tailed). These results

suggest that employees with consequentialist fairness views are less likely than employees

with non-consequentialist fairness views to maximize their contribution.

Third, I investigate if employees with consequentialist fairness views confront supervisors

who do not reward luck because they find evaluations that do not incorporate luck as unfair
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(Bol et al., 2016). I examine the confrontation decisions of the subpopulation of employees

with consequentialist views of fairness. I regress Confrontation on Contribution, HighProfit

and Bonus. Similar to the test for H1, after controlling for the effect of Contribution,

the coefficient of HighProfit captures how luck influences confrontations. I include Bonus

to increase the precision of the test by reducing the error variance (Wooldridge, 2016).

Table 8, Column 1 reports the results of this regression within the Outcome+Contribution

condition. The coefficient of HighProfit is not significant (β = 0.29, z = 0.85, p > 0.10, one-

tailed) indicating that employees do not confront supervisors more when profit is high in

the Outcome+Contribution condition. However, this could be the case because supervisors

already incorporated luck in their evaluation in anticipation of employees’ fairness concerns.

To alleviate this issue, I examine confrontations in the ContributionOnly conditions where

supervisors cannot integrate luck in evaluations because they do not observe it. Table 8,

Column 2 reports the results of this regression. The coefficient of HighProfit is significant

(β = 0.99, z = 1.8, p < 0.05, one-tailed) indicating that employees confront supervisors

more when they have good luck than when they have bad luck even if supervisors cannot

observe and react to their luck. As expected, employees in the ContributionOnly with non-

consequentialist fairness views do not confront supervisors more when they have good luck

than when they have bad luck (β = -0.45, z = -1.24, p > 0.10, one-tailed). These results

suggest that employees who find it fair to be rewarded for luck confront supervisors for not

rewarding luck.

Inequality Aversion and Supervisors’ Evaluations

I examine whether supervisors’ inequality aversion influences the degree to which they

reward observable luck. Inequality aversion and fairness are closely related concepts (Bros-

nan & de Waal, 2014). It is possible that supervisors reward observable luck because they

find it fair to reduce the inequality between them and their employees. Therefore, supervi-

sors who are more concerned about reducing inequality should reward observable luck more.
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In the post-experimental questionnaire, I measure participants’ inequality aversion using six

hypothetical items from the scale developed by Yang et al. (2016). Each item asks partici-

pants to choose between increasing their own payoff and decreasing the inequality between

them and another participant. I measure InequalityAversion as the total number of choices

made by participants in which they sacrificed some of their own payoff to reduce inequality.

I test whether there is a significant interaction effect between InequalityAversion and High-

Profit on Bonus in the Outcome+Contribution condition. I find that the interaction effect

is significant (β = 12.61, t = 2.65, p < 0.05, two-tailed) indicating that supervisors reward

observable luck more when they are more inequality averse. Some people have asymmet-

ric inequality aversion in the sense that they avoid envy (disutility from earning less than

others) more than guilt (disutility from earning more than others). Three of the six items

that measure inequality aversion measure quilt and three measure envy. In two regressions,

I find that the interaction between Envy and HighProfit is significant (β = 16.22, t = 1.99,

p < 0.05, two-tailed) and the interaction Guilt and HighProfit is insignificant (β = 8.08, t

= 1.36, p > 0.10, two-tailed). These results suggest that supervisors reward observable luck

more when they are more concerned about earning less than others.

Employees’ Fairness Views about Rewarding Good Luck and Punishing Bad

Luck

Finally, I present evidence from the post-experimental questionnaire about whether

employees find if fair for good luck to be rewarded and bad luck to be punished. Recall that

I asked participants to indicate what employees would think a fair bonus should be based

on in two situations: when an employee bought one winning ball and profit was high (the

employee had good luck) and when an employee bought five winning balls and profit was

low (the employee had bad luck). Out of the 65 employees in the Outcome+Contribution

Condition, more employees (56, 86%) thought the bonus should be at least partially based

on luck when the employee had good luck than when the employee had bad luck (43, 66%)
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(mean difference = 0.20, t = 4.00, p < 0.01, two-tailed). This result suggests that employees

have asymmetric fairness views and that a significant portion of the employees find it fair

for bad luck to be at least partially incorporated in discretionary evaluations.

Discussion and Conclusion
This study uses an experiment to examine if middle-level supervisors reward observable

luck in their evaluation decisions and the effect this has on employee behavior. I find that

many supervisors do not behave according to the controllability principle and partially re-

ward luck even if the effect of luck on performance is perfectly observable. Many supervisors

and employees report that they find evaluations that incorporate luck fairer than evalua-

tions that are strictly based on employee contribution. Supervisors reward good and bad

luck asymmetrically. Contrary to my initial prediction, supervisors punish bad luck more

than they reward good luck. Employees’ contribution is lower when supervisors reward ob-

servable luck but only after employees learn how supervisors evaluate them through repeated

interactions.

I contribute to the discretionary evaluation literature in several ways. First, I contribute

to the literature that examines how supervisors’ fairness concerns or cognitive limitations can

decrease the theoretical contracting benefits of discretionary evaluations (Bailey et al., 2011;

Baiman & Rajan, 1995; Krishnan et al., 2005; Lipe & Salterio, 2000; Rajan & Reichelstein,

2006). Because supervisors reward observable luck, allowing supervisor discretion may not

always lower the impact of luck on employee compensation even if supervisors have access

to additional non-contractible information.

Moreover, the finding that supervisors reward observable luck can improve our under-

standing of a puzzling empirical phenomenon: although we have good reasons to believe that

rewarding luck can be detrimental to employee motivation (Bol, 2008), supervisors seem to

routinely disregard the controllability principle when evaluating employees (Bol et al., 2015;
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Giraud et al., 2008; Merchant, 1987). Previous literature argues that supervisors reward

luck because it promotes adaptive behavior (Bol et al., 2015; Simons, 2010) and because it is

difficult to objectively determine how luck influences performance (Giraud et al., 2008; Mer-

chant, 1987). Both of these explanations imply that supervisors reward luck because they

have insufficient information about how luck affects performance. By designing an experi-

ment in which supervisors can perfectly observe how luck affects performance, I can provide

evidence that a previously unknown factor causes supervisors to reward luck. Specifically, I

propose and find evidence that fairness concerns cause supervisors to reward luck.

Second, I expand our understanding of how fairness concerns influence discretionary

evaluations. Accounting researchers have argued that a sense of fairness causes supervi-

sors to only hold employees accountable for factors that employees can immediately control

(Arnold & Tafkov, 2019; Bol, 2011; Chan, 2018; Maas et al., 2012). In this paper, I add

to our understanding of how controllability influences fairness perception by showing that

some supervisors and employees consider it fair for completely uncontrollable factors to be

incorporated into evaluations.

Third, I contribute to the literature that examines how employees’ self-serving fair-

ness perceptions influence discretionary evaluations (Arnold et al., 2018; Arnold & Tafkov,

2019; Bol et al., 2016). Previous literature argues that employees’ self-serving fairness per-

ceptions cause leniency in discretionary evaluations partially because supervisors want to

avoid confrontations with their employees (Arnold & Tafkov, 2019; Bol, 2011; Bol et al.,

2016; Deason et al., 2018; Moers, 2005). I find that although supervisors anticipate em-

ployees’ self-serving fairness perceptions and confrontations with the employees are costly,

supervisors do not indiscriminately integrate employees’ fairness perceptions in discretionary

evaluations. Specifically, supervisors do not integrate these self-serving fairness perceptions

when employees have a low contribution to company value. This suggests that supervisors

incorporate employee self-serving fairness perceptions as a form of reciprocity towards em-
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ployees who already have a high enough contribution to trigger reciprocity. This finding can

help explain why leniency does not always decrease employee contribution as would be pre-

dicted by agency theory (Bol, 2011). Supervisors could be using leniency as a motivational

mechanism if employees understand that supervisors are only lenient toward employees who

have a high enough contribution to company value.

Fourth, I examine how employees change their contribution and confrontational behav-

ior when supervisors reward observable luck. Although some employees find it fair to be

rewarded for luck, rewarding observable luck results in a lower employee contribution after

employees learn how supervisors evaluate them. Regarding confrontational behavior, I find

evidence that employees with consequentialist views of fairness sacrifice part of their own

payoff to confront supervisors for not rewarding luck. These results suggest that when su-

pervisors decide whether to filter out luck from evaluation, they are faced with a trade-off.

On the one hand, supervisors should filter out luck because employees decrease their contri-

bution when they learn that supervisors reward luck. On the other hand, supervisors should

reward employees who have good luck in order to avoid confrontations with employees that

have consequentialist fairness views. Supervisors who initially base evaluations exclusively

on employee contribution could, through repeated interactions with these employees, inte-

grate luck into their evaluations to avoid costly confrontations. Practitioners or researchers

who design interventions that aim to increase the weight of employee contributions in discre-

tionary evaluations (Berger et al., 2013; Bol et al., 2018, 2016; Demeré et al., 2019) should

therefore also consider whether employees find it fair to be rewarded for luck and what con-

trol mechanisms could change employee fairness perceptions towards less consequentialist

fairness views.

Future research can build on the limitations of my study in several ways. First, al-

though I provide evidence that supervisors reward observable luck and that such behavior

can decrease the motivational effect of discretionary evaluations, I do not examine how or-
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ganizations can motivate supervisors to ignore luck in their evaluations. Future research

can investigate mechanisms that decrease the weight of observable luck in discretionary

evaluations. For example, a possible cheap intervention is to attempt to nudge supervisors

and employees into accepting that evaluations should be based on employee contribution by

communicating that the company values such evaluations. Such informal controls seem to

have a high impact on how employees judge trade-offs (Kachelmeier et al., 2016). Second,

in my study, employees’ ability and knowledge are held constant. Employees likely have

less control over their knowledge and ability as compared to their control over their effort

(Chan, 2018). Future research can investigate how these differences in controllability affect

fairness perceptions regarding discretionary evaluations. For example, a supervisor with a

consequentialist view of fairness should find it fair to give high evaluations to low-effort,

high-ability employees. However, such an evaluation strategy will not motivate the employee

to increase their effort and could send the wrong message in the organization (Choi et al.,

2016). Third, the current study uses a situational question to classify participants’ fair-

ness concerns. A situation-independent scale could help us better understand how fairness

influences discretionary evaluations.
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Figure 1: Bonus per Contribution for Different Profit Levels
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Figure 2: Contribution per Period
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Figure 3: Individual Estimates of the Effect of Observable Luck on Bonus
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This graphic presents individual estimates of the effect of luck on bonuses obtained by running
separate regressions for each supervisor in the Outcome+Contribution condition. The dependent
variable is Bonus, which captures how much bonus supervisors allocate to employees in each period.
The independent variables are: Contribution, which captures how many winning balls the employee
decides to buy (ranging from 0 to 5) and HighProfit, which takes the value 1 if the company profit
is high and 0 if profit is low. Each estimate was based on eight observations. Standard errors are
robust. Out of the 65 supervisors in the Outcome+Contribution condition, four were dropped from
the analysis because they did not have any variation in the profit level across the eight periods.
Individual estimates are widespread indicating that the H1 result is not driven by outliers. The
coefficient of HighProfit was statistically significant at a 5% level (two-tailed) for 22 out of 61
supervisors. HighProfit was dropped out of the regression entirely for thirteen supervisors because
it had no explanatory power.
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Table 1: Consequences of Employee Contribution Decision
Number of winning balls bought 0 1 2 3 4 5

Probability that profit is high 20% 30% 40% 50% 60% 70%

Cost to the employee 0 20 40 60 80 100

Table 2: Bonus per Contribution for Different Profit Levels

Condition
Contribution

0 1 2 3 4 5 Overall

ContributionOnly
Both Profit Levels

mean 61 80 108 126 137 180 135

std dev 74 72 76 63 67 55 75

n 59 14 80 118 63 178 512

Outcome+Contribution
Both Profit Levels

mean 64 67 96 125 132 159 118

std dev 69 61 70 59 71 60 73

n 86 30 75 104 81 144 520

Outcome+Contribution
High Profit

mean 81 95 109 132 150 171 143

std dev 80 79 76 62 66 51 69

n 16 7 29 45 38 92 227

Outcome+Contribution
Low Profit

mean 61 58 88 120 116 136 98

std dev 67 54 66 57 71 69 71

n 70 23 46 59 43 52 293

This table presents the summary statistics for the bonus allocated by the supervisors across the
two conditions and across the two profit levels in the Outcome+Contribution condition. In the
Outcome+Contribution condition, the bonuses appear higher when profit is high than when profit
is low.
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Table 3: Contribution per Period

Condition
Period

1 2 3 4 5 6 7 8 Overall

ContributionOnly
mean 3.13 3.14 3.22 3.31 3.23 3.45 3.16 3.45 3.26

std dev 1.55 1.58 1.62 1.62 1.67 1.66 1.87 1.74 1.66

Outcome+Contribution
mean 3.18 3.11 3.05 2.97 2.80 2.88 2.77 2.88 2.95

std dev 1.53 1.63 1.77 1.72 1.89 1.87 1.93 1.82 1.77

This table presents the summary statistics for the employee contribution level across the two con-
ditions and across the eight periods.
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Table 4: The Effect of Observable Luck on Bonus
(1) (2) (3)

VARIABLES Bonus Bonus Bonus

Contribution 17.06*** 16.75*** 15.98***
(3.48) (3.04) (4.00)

HighProfit 26.13*** 18.03** 16.60
(7.84) (8.08) (18.53)

ConsequentialistViews -60.17***
(13.46)

HighProfit*ConsequentialistViews 21.23**
(11.53)

HighProfit*Contribution 3.00
(4.70)

Constant 56.09*** 93.63*** 58.77***
(13.17) (16.18) (14.06)

Observations 520 520 520
This table presents the results of regressions that analyze supervisors’ bonus decisions. The depen-
dent variable is Bonus, which captures how much bonus supervisors allocate to employees in each
period. The independent variables are: Contribution, which captures how many winning balls the
employee decides to buy (ranging from 0 to 5); HighProfit, which takes the value 1 if the company
profit is high and 0 if profit is low; ConsequentialistViews, which takes the value 1 if the participant
indicated in the post-experimental questionnaire that they find it fair for profit to influence the
bonus and 0 otherwise.
***, **, * denote significance at the 1%, 5%, 10% level (all two-tailed except for the interaction
between HighProfit and ConsequentialistViews which is one-tailed). Standard errors (presented in
parentheses) are robust and clustered at the supervisor level. H1 predicts a positive effect of High-
Profit on Bonus after controlling for Contribution. The coefficient of HighProfit from Column 1 is
consistent with H1. The interaction between HighProfit and ConsequentialistViews from Column 2
indicates that supervisors with consequentialist views of fairness reward luck more than supervisors
with non-consequentialist views of fairness. H2 predicts a negative interaction effect between Con-
tribution and HighProfit. The coefficient of the interaction between Contribution and HighProfit
in Column 3 is inconsistent with H2.
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Table 5: The Effect of Observable Luck on Bonus for every level of Employee Contribution
(1) (2) (3) (4) (5) (6)

EC=0 EC=1 EC=2 EC=3 EC=4 EC=5
VARIABLES Bonus Bonus Bonus Bonus Bonus Bonus

HighProfit 20.66 36.96 20.56 11.96 34.24** 34.85***
(26.87) (27.70) (21.75) (15.49) (16.52) (11.18)

Constant 60.59*** 58.04*** 88.07*** 119.81*** 116.23*** 136.42***
(19.18) (11.91) (14.82) (10.99) (15.45) (12.14)

Observations 86 30 75 104 81 144
This table presents the results of regressions that analyze supervisors’ bonus decisions. The depen-
dent variable is Bonus, which captures how much bonus supervisors allocate to employees in each
period. The independent variable is HighProfit, which takes the value 1 if the company profit is
high and 0 if profit is low. Each column presents the effect of HighProfit on Bonus for a different
level of employee contribution (EC).
***, **, * denote significance at the 1%, 5%, 10% level (all two-tailed). Standard errors (presented
in parentheses) are robust and clustered at the supervisor level. H2 predicts that HighProfit has
a higher impact on Bonus when employee contribution is low (below three) than when it is high
(above three). HighProfit has a significant effect on Bonus when employee contribution is high (four
and five). HighProfit does not have a significant effect on Bonus at any other contribution level.
These results suggest that, contrary to H2, supervisors punish bad luck more than they reward good
luck.
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Table 6: The Effect of Integrating Observable Luck on Employee Contribution
(1) (2) (3)

VARIABLES Contribution Contribution Contribution

ContributionOnly 0.31 0.49* 0.12
(0.25) (0.29) (0.25)

SecondHalf -0.25*
(0.14)

ContributionOnly*SecondHalf 0.37**
(0.19)

Constant 2.98*** 2.83*** 3.08***
(0.18) (0.22) (0.18)

Observations 1,032 516 1,032
This table presents the results of regressions that analyze employees’ contributions. The dependent
variable is Contribution, which captures how many winning balls the employee decides to buy in
each period (ranging from 0 to 5). The independent variables are: ContributionOnly, which takes
the value 1 if the employee was assigned to the ContributionOnly condition and 0 if the employee
was assigned to the Outcome+Contribution condition; SecondHalf, which takes the value 1 in the
last four periods of the task and 0 otherwise.
***, **, * denote significance at the 1%, 5%, 10% level (all two-tailed). Standard errors (presented
in parentheses) are robust and clustered at the employee level. Column 1 reports the result of the
regression for all periods and Column 2 reports the results of the regression in the last four periods.
The RQ asks if the ContributionOnly variable will affect Contribution. The coefficient of Contribu-
tionOnly from Column 1 suggests that employees do not change their contribution when supervisors
reward observable luck. The coefficient of ContributionOnly from Column 2 suggests that employee
contribution decreases after employees learn that supervisors reward observable luck. The negative
coefficient SecondHalf and the positive interaction between ContributionOnly and SecondHalf from
Column 3 indicate that employee contribution decreases overtime only when supervisors reward
observable luck.
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Table 7: The Asymmetric Effect of Observable Luck on Bonus
(1) (2)

HighProfit LowProfit
VARIABLES Bonus Bonus

Contribution 22.19*** 20.44***
(2.84) (2.68)

ContributionOnly -1.60 20.25**
(9.99) (10.58)

Constant 63.87*** 47.75***
(13.30) (10.95)

Observations 739 805
This table presents the results of regressions that analyze supervisors’ bonus decisions. The de-
pendent variable is Bonus, which captures how much bonus supervisors allocate to employees. The
independent variables are: Contribution, which captures how many winning balls the employee de-
cides to buy (ranging from 0 to 5) and ContributionOnly, which takes the value 1 if the employee
was assigned to the ContributionOnly condition and 0 if the employee was assigned to the Out-
come+Contribution condition.
***, **, * denote significance at the 1%, 5%, 10% level (all two-tailed except for ContributionOnly
which is one-tailed). Standard errors (presented in parentheses) are robust and clustered at the
supervisor level. Column 1 reports the result of a regression that contains only observations when
profit was high in the Outcome+Contribution condition and all observations from the Contribu-
tionOnly condition. Column 2 reports a result of a regression that contains only observations when
profit was low in the Outcome+Contribution condition and all observations from the Contribu-
tionOnly condition. An additional test for H2 predicts a higher coefficient (in absolute terms) of
ContributionOnly in Column 1 than in Column 2. These results do not support H2. The results
suggest that supervisors punish employees for bad luck more than they reward employees for good
luck.
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Table 8: The Effect of Observable Luck on Employee Confrontation
(1) (2)

Outcome+Contribution ContributionOnly
VARIABLES Confront Confront

Contribution 0.34*** 0.79***
(0.13) (0.22)

HighProfit 0.29 0.99**
(0.34) (0.55)

Bonus -0.02*** -0.03***
(0.00) (0.01)

Constant -0.83** -1.48***
(0.40) (0.57)

Observations 392 264
This table presents the results of logit regressions that analyze employees’ confrontations. Only
employees that indicated in the post-experimental questionnaire that they find it fair for profit to
influence the bonus are included in these regressions. The dependent variable is Confront, which
takes the value 1 if the employee confronted the supervisor in a period and 0 otherwise. The
independent variables are: Contribution, which captures how many winning balls the employee
decides to buy (ranging from 0 to 5); HighProfit, which takes the value 1 if the company profit is
high and 0 if profit is low; Bonus, which captures how much bonus supervisors allocate to employees.
***, **, * denote significance at the 1%, 5%, 10% level (all two-tailed except for HighProfit which
is one-tailed). Standard errors (presented in parentheses) are robust and clustered at the employee
level. Column 1 reports the result in the Outcome+Contribution condition and Column 2 reports
the results in the ContributionOnly condition. The coefficient of HighProfit is insignificant in the
Outcome+Contribution condition and significant in the ContributionOnly condition. These results
suggest that employees who find it fair to be rewarded for luck confront supervisors who do not
reward observable luck.
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