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Abstract

Is policymaking as partisan at the local level as it is in state and federal legislatures? Since
many decisions local officials make are constrained by state and federal policy, it is difficult
to determine whether local policymakers use their authority to achieve ideological or partisan
policy goals, or they simply have limited control over policy. I address this by focusing on a
case in which the local executive has considerable authority: sheriff compliance with federal
requests to detain unauthorized immigrants. Using a new dataset of over 3,200 partisan sheriff
elections held between 2003 and 2016 along with administrative data on whether sheriffs comply
with Immigration and Customs Enforcement requests, I find that Democrats and Republicans
comply at nearly the same rate. I also find that Republican and Democratic sheriffs set similar
immigration-related policies for their offices. A small number of states implemented policies at
some point during my analysis window that could plausibly make it harder for sheriffs to exercise
their authority. I find that Democrats and Republicans comply at similar rates regardless of
whether they serve in one of these states. Yet, Democrats and Republicans hold different views
on immigration, even within county, and sheriff candidates from different parties give more to
members of their own party when they make state and federal campaign contributions. These
results suggest that this local policy is similar regardless of party not because of homogeneous
preferences or constraints imposed by an outside authority. Instead, the similarly arises from
officeholders choosing a policy that is different from that which their partisan and ideological
commitments would suggest.
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1 Introduction

Democratic and Republican legislators vote in quite different ways, even those from similar districts,

serving in the same legislative sessions, and when voting on the issues most important to voters

(Ansolabehere, Snyder, and Stewart 2001; Besley and Case 2003; Caughey, Xu, and Warshaw 2017;

Fowler and Hall 2016; Lee, Moretti, and Butler 2004). Executives, particularly at the local level,

face formal constraints (Gerber and Hopkins 2011). Municipal competition further increases the

pressure on local elected officials to toe a thin line when making policy (Ferreira and Gyourko 2009).

Nevertheless, recent evidence suggests that executives may move policy in their party’s preferred

direction when they have the necessary discretion (de Benedictis-Kessner and Warshaw 2016).

In order to isolate the differences between Republicans and Democrats in terms of the policies

they choose, I focus on a case in which the local policymaker has considerable flexibility: a sheriff’s

decision to detain unauthorized immigrants on behalf of federal immigration authorities. The vast

majority of states during the period I study place no constraints on a sheriff’s choice to comply

with these requests from immigration authorities. Given the authority sheriffs have over compliance

with these detainer requests, a number of recent reports from journalists and advocates have argued

sheriffs are a critical determinent of local levels of immigration enforcement 1

Approximately 85% of counties in the US select their sheriff using a partisan election. Simply

comparing compliance in places that elect Democrats to those that elect Republicans could capture

differences due to factors other than who controls the sheriff’s office. I overcome this using a

regression discontinuity design, estimating the difference in compliance between counties that just

barely elect a Democrat or Republican (Eggers et al. 2015). I use my newly-collected dataset of

3,500 sheriff elections along with administrative data measuring sheriff compliance with detainer

requests to estimate this difference. I find that, in counties with close elections, Democratic sheriffs

cooperate at nearly the same rate as Republican sheriffs on average.

As I detail below, the sheriff’s choice to cooperate with immigration authorities is only one step

in the path from arrest to deportation. I use the same regression discontinuity design to test for

differences in the number of background checks they send to the Department of Homeland Security

1See, for example, ‘County Sheriff Races in 2018 Might Be the Key to Resisting Trump’s Immigration Plans”
(https:/www.vox.com/2018/5/10/17339274/midterms-primaries-immigration-elections). “The Renegade Sheriffs”
in the New Yorker also discusses some of these issues (https://www.newyorker.com/magazine/2018/04/30/the-
renegade-sheriffs).
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and the policies they state publicly. These measures are noisier, but I also find no substantial

partisan differences between Democratic and Republican sheriffs on these other dimensions.

A small number of states introduced policies during the period I study that make it easier

for immigration authorities to detain unauthorized immigrants, or policies that make it harder

for sheriffs to cooperate. Though the estimates are noisy, I find that the difference in compliance

between Republican and Democratic sheriffs is nearly the same regardless of whether these policies

are in place.

One potential explanation for these results is that Democratic and Republican sheriffs hold

similar views on immigration enforcement. In a citizen-candidate framework where elected officials

implement their ideal point in office, policy will tend to be less partisan if the candidate pool is more

ideologically homogeneous (Besley and Coate 1997; Osborne and Slivinski 1996). Sheriffs are often

expected to have law enforcement experience which could constrain the pool and possibly reduce

ideological diversity. Nevertheless, I find that, within a given county, Democratic survey respon-

dents are much less likely to support aggressive interior immigration enforcement. I also find that

Democratic US House members tend to vote against aggressive interior immigration enforcement

measures more often than their Republican colleagues. This is true even when comparing members

from nearly identical districts, made comparable using a regression discontinuity design. Finally,

within a sheriff race, the top vote-getting Democrat has a history of giving to more left-leaning

politicians than her Republican opponent on average.

Another class of models focused on elections and accountability find that reelection incentives

encourage moderation even when candidates hold more ideological views (Ashworth 2012; Fearon

1999). If sheriffs are seeking reelection and voters punish deviations a deviation from a preferred

policy, sheriffs who reach a term limit may be more willing to move policy in their preferred

direction. This does not appear to be an important contributor to policymaking in state and

federal legislatures (Lee, Moretti, and Butler 2004; Fouirnaies and Hall 2018). I present weak

evidence that Democratic and Republican sheriffs also do not diverge when they reach a limit on

the number of terms they can hold office.

These findings suggest that burdensome state and federal policy are not the only reason that

local offices often exhibit less partisan divergence. Additional mechanisms, such as electoral ac-

countability or candidate selection, must play an important role in producing the non-partisan
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outcomes often observed in local government.

2 Sheriffs and Immigration Enforcement

2.1 Sheriff Elections

Unlike most other law enforcement officials, the vast majority of sheriffs are elected. Out of 3,142

counties or county equivalents,2 3,083 in 46 states elect a county sheriff.3 Five states, and a small

number of counties outside of these states, hold non-partisan sheriff elections.4 The remaining 41

states, totaling to more than 2,700 counties, hold partisan sheriff elections.

2.2 The Role of Sheriffs in Immigration Enforcement

Immigration policy is largely a federal matter.5 Immigration and Customs Enforcement (ICE),

within the Department of Homeland Security (DHS), is responsible for most interior enforcement

of federal immigration law. The supremacy clause of the US Constitution has been read by numer-

ous courts to imply that local and state law enforcement officials cannot be compelled to enforce

immigration law.6 Nevertheless, local law enforcement agencies still come across immigrants who

are unlawfully in the US in the course of their regular duties. Sheriffs, who are responsible for most

jails, run federal background checks on most people who come into their custody. These background

checks are administered by the Federal Bureau of Investigations and, in recent years, have been

shared with the DHS. The DHS then checks the immigration status of the individual held by a

sheriff. If the DHS flags the person being held as an unauthorized immigrant, ICE will often send

a request to the sheriff asking that she detain the immigrant for an additional 48 hours beyond

scheduled release so that ICE can pick up the person and process them through the immigration

system. Figure 1 describes the basic path an unauthorized immigrant could take from arrest to

deportation under the program that is currently active, Secure Communities.

2This is the unique number of county FIPS codes in US States (excluding DC and US territories) according to the
US Census as of 2010.

3Alaska, Connecticut, and Hawaii do not have local sheriffs. Rhode Island’s sheriffs are appointed by the Governor.
A small number of counties outside of these states, such as the boroughs of New York City, do not elect a sheriff.

4These states are California, Louisiana, Minnesota, Oregon, and Tennessee.
5For a helpful discussion of the history of federal, state, and local immigration policy, see Provine et al. (2016).
6See Galarza v Szalczyk from the US Court of Appeals for the Third District. This was an active area of litigation
throughout the period I am studying. In practice, the federal government avoided direct enlistment of local officials
into immigration enforcement until 2013, and then it was quickly struck down.
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Figure 1: Status of Unauthorized Immigrant from Arrest to Deportation, Secure Com-
munities Program.
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ICE started operations in 2003 but detainer requests were relatively uncommon in the early years

of the bureau. In 2008, ICE launched the Secure Communities program as a pilot. In this first

phase, ICE gained permission from local law enforcement agencies to review the background checks

they sent to the FBI. This window into who a participating sheriff had in their custody allowed

ICE to check their own databases for an arrestee’s immigration status and more easily detain those

accused and convicted of crimes. ICE expanded this data sharing program through the first years

of the Obama administration until, in 2013, all law enforcement agencies were automatically made

participants. In practice, most sheriff offices with large populations were participants by 2011.

More than 368,000 deportations since 2009 began with an apprehension under a well-defined

interior enforcement program. Of those deportations, over 153,000 were facilitated by the Secure

Communities program. Another 115,000 were initiated under the 287(g) program that also enlists

local law enforcement in cooperation with ICE.7

3 Empirical Approach

3.1 Competitive Partisan Elections for Sheriff, 2003-2016

For this project, I gathered an original dataset of 3,500 sheriff elections held between 2003 and 2016.

15 states with partisan sheriff elections collect most or all county-level election results at the state

level for some of the years I am studying.8 I collected all of these election results. I supplemented

7Like other immigration enforcement measures, these statistics come from the Transactional Records Access Clear-
inghouse (TRAC) at Syracuse University.

8These states are Arkansas, Arizona, Georgia, Idaho, Kentucky, Massachusetts, Montana, North Carolina, New
Mexico, Ohio, Oklahoma, South Carolina, Virginia, Vermont, and West Virginia.
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this data by collecting sheriff election results from 2003 to 2016 for every county with a population

over 100,000 according to the 2000 Census. I collected this data from each of the roughly 400

county election boards directly. I focused on large counties because they are more likely to have a

steady flow of unauthorized immigrants who could end up in a sheriff’s custody and be subject to

a detainer request.

Table A.1 in the appendix compares the sample to all regularly-scheduled general elections for

sheriffs that occurred from 2003-2016.9 My sample covers 80% of all partisan sheriff elections held

in high-population counties during this period and 32% of all sheriff elections. Since the large,

partisan sample is nearly a census, the elections I collected have look very similar to the full set

of elections held in terms of geographic distribution, voting population, recent presidential voting,

and partisan control of the governor’s office and state legislature. Overall, my sample includes

fewer sheriff races in the Midwest and more everywhere else.10 I also have more elections in larger

counties and counties with larger foreign-born populations.

37% of all partisan races in my sample, and 48% of the large-county elections, have at least

one Democrat and Republican competing. In both the full sample and the large-county sample,

roughly 55% of races have two or more candidates receiving votes. The typical vote share for the

winner is 78%, coding uncontested candidates as receiving 100% vote share. Table 1 reports these

descriptives in full. For comparison, I include the same statistics for US House general elections

held during this period, 83% of which had a Republican and Democrat running and only 6% of

which were uncontested.

3.2 Detainer Requests and Compliance, 2006-2015

I also collected data on detainer requests and compliance by counties from the Transactional Records

Access Clearinghouse (TRAC) at Syracuse University. Their team uses Freedom of Information

Act requests to acquire data on every detainer request made by ICE and records on whether the

subject of the request is ultimately detained. Their data also notes the institution that receives

the request, the state and county where the institution is located, whether the institution is run by

9My data on sheriff election timing comes from the National Sheriff’s Association, with minor corrections based on
records from county election administrators.

10Data on state partisan control comes from Carl Klarner’s State Partisan Balance Data and Governors Dataset.
Presidential voting by county come from Dave Leip’s Atlas of Presidential Elections.
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Table 1: Sheriff Election Characteristics. Sheriff elections have fewer candidates than US
House elections and winners win with a greater share of the vote. Counties with large populations
(more than 100,000 citizens as of 2000) have more races with a Democrat and a Republican.

All Counties Large Counties US House

Partisan Competition
At Least One Dem 0.60 0.65 0.91

(0.49) (0.48) (0.28)

At Least One Rep 0.66 0.80 0.91
(0.47) (0.40) (0.28)

Both Parties 0.37 0.48 0.83
(0.48) (0.50) (0.37)

Candidate Entry
One Candidate 0.45 0.43 0.06

(0.50) (0.50) (0.23)

Two Candidates 0.46 0.49 0.47
(0.50) (0.50) (0.50)

Three Candidates 0.07 0.06 0.32
(0.25) (0.24) (0.46)

Competitveness
Winning Vote Share 0.79 0.78 0.66

(0.20) (0.21) (0.13)

Num of Counties 1282 397 -

Obs 3226 1216 3023

Standard deviation in parentheses. Large counties are those with populations
greater than 100,000 as of the 2000 Census. Candidates who receive less than 1%
of the vote do not count toward the number of candidates.

the county, city, state, or federal government, and the month in which the request was sent. I used

their database to obtain the number of detainer requests received every month by each institution

broken out by whether ICE ultimately detained the individual. I split out the institutions such as

state and federal prisons not run by the county sheriff and aggregated the data to the county-year

level.

This data validates that the change in federal policy toward the Secure Communities program

had bite. The policy changes I described coincided with a ramp up from 110,000 requests and 80,000

detainees in 2008 to 201,000 requests and 115,000 detainees in 2011. Since 2012, the number of
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detainer requests has dropped to 83,000 requests in 2014 of which 39,000 resulted in ICE detaining

the individual. Figure A.1 in the appendix presents these trends.

This data from TRAC can be further divided by whether the arrestee was convicted of a crime

and, if so, how serious. The seriousness ranges from level 3, which is composed of misdemeanors,

to level 1 which captures what ICE calls “aggravated felonies,” including murder, rape, and drug

trafficking.

My primary measure of sheriff immigration policy is the rate at which sheriffs comply with

detainer requests. I calculate a sheriff’s compliance rate as the share of detainer requests that

result in detention. This means that when no detainer requests are made, I do not have a measure

for the compliance rate for that county and time period.

I focus on this measure for a substantive and a methodological reason. First, sheriffs are able

to manipulate this outcome directly. One of the challenges in previous work studying the behavior

of executives is that they often have limited control over outcomes we can easily measure–fiscal

policies are often set in part by legislatures, broad economic indicators are likely not immediately

responsive to executive choices, etc. By constrast, even offices that receive many requests, resulting

in a good measure of the underlying willingness to comply, display considerable heterogeneity in

compliance rates. Roughly 20% of sheriffs receiving more than 80 requests comply less than 30%

of the time or more than 80% of the time with a standard deviation of 18%. Figure A.2 in the

appendix plots the distribution of compliance rates by decile of the number of requests received.

I also focus on compliance rates because they do not require any normalization. Most outcomes

that a sheriff can affect, such as the number of detainer requests with which they comply or the

number of background checks they submit, have an unobserved base rate. Though the causal

identification strategy I explain below ensures that these base rates are equal for Democratic and

Republican sheriffs in expectation, the unobserved base rates increase the variance of the estimated

difference between Republican and Democratic sheriffs. The compliance rate solves this problem

at a cost. The ideal way to normalize the measure of compliance would be to use the expected

number of opportunities for ICE to send a detainer request. This is unobservable. Instead, I use

the number of requests ICE makes. Since this number could be impacted by strategic choices ICE

makes in response to the behavior of the sheriff, it is also an outcome in some sense and could

introduce a bias. I am able to check this, and I present these checks along with the results.
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3.3 Other Ways Sheriffs Can Impact Immigration Policy

The compliance rate is a useful measure of the immigration enforcement policy a sheriff is pursuing

because it captures the outcome of an important immigration policy decision sheriffs have the

authority to make, it is sensitive to many policies a sheriff can implement, and it has a natural

and interpretable scale. But, sheriffs also have the formal capacity to make policies and change

behavior in ways that impact local immigration enforcement but may not change the compliance

rate. I obtained two additional datasets that measure some of these policy outcomes. The first is a

dataset on the policies sheriffs say they had toward cooperation with ICE as of 2015, collected by

the Immigrant Legal Resource Center. This data was collected over time with some updates after

2015 without a clear note regarding when the policy changed. I treat these policies as though they

were active in 2015 for the analysis.

I also collected data from reports ICE made to Congress on the progress of the Secure Com-

munities program. These reports include roughly annual updates on the number of background

checks submitted from a particular county, how many identified an unauthorized immigrant, and

how many identified people were ultimately deported. This data runs from 2012 to 2015.

3.4 Regression Discontinuity Design in Sheriff Elections

For my main results, I estimate regression functions of the form

Yct = µ+ τDemct + f(Vct) +Xctβ + εct

where Yct is an immigration enforcement-related outcome in county c and year t. Demct is a dummy

variable indicating a Democrat winning the election, and f(Vct) is a flexible function of the running

variable which is the percentage of the two-party vote share going to the Democrat minus 50 so

that a 50/50 election is 0 on this scale. I subset the data to cases where the winner and runner-up

are a Democrat and Republican, in any order. This means that τ is the effect of having a Democrat

elected as the sheriff conditional on a 50/50 tie between a Republican and Democrat. Finally, Xct

is a set of controls that I leave out of most specifications but include to increase the precision of

my treatment effect estimate and as a robustness check.

The key identifying assumption behind this design is that the degree to which a Democrat
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and Republican would comply with a detainer request both change smoothly with the Democratic

vote share near the 50/50, perfect tie threshold (Imbens and Lemieux 2008; Lee and Lemieux

2010). This is a highly plausible assumption. As Eggers et al. (2015) point out, a violation of this

assumption would require incredibly good information about voting patterns in the county or illegal

vote editing, and this capacity would have to be differential across parties. Eggers et al. (2015)

tests this assumption in a large number of American elections, and some outside of the US, and

finds very little evidence for violations. I report a test of this assumption with my data in Table

A.2 in the appendix. Though the tests are somewhat noisy, I do not find strong evidence for bias.

Still, even a perfectly randomized experiment can have imbalances due to sampling variability.

This can happen in the observational setting too. As I mentioned above, I report some estimates

with controls, including the lagged outcome, to adjust for any remaining pre-treatment imbalances

between the potential outcomes at the 50/50 threshold.

An important part of estimating the effect in a regression discontinuity design is to make sure

that the functional form of f is appropriate. A bias-variance trade-off arises here in which I would

like to use a flexible functional form, but if the true relationship between the potential outcomes and

the running variable is a low-order polynomial, a more flexible functional form could produce an

estimate in any given sample that is much further from the true effect. I address this by reporting

the results using many functional forms and showing that estimate is robust to changes in the

functional form and the subset of the data used to estimate the effect. Given that the estimated

pre-treatment difference between Democrats and Republicans is closest to zero when I use the

regression with a third-order polynomial fit separately on both sides of the threshold, I report

supplementary results using that regression.

4 Results

4.1 Counties Represented by a Democratic and Republican Sheriff Comply with

Detainer Requests at the Same Rate on Average

In Figure 2, I present a graphical version of the regression discontinuity design. The vertical axis

represents a sheriff’s compliance rate with ICE detainer requests in a given year. The horizontal

axis is the Democratic sheriff’s share of the two-party vote in the most recent sheriff election. The
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Figure 2: The Effect of Democratic Sheriffs on Compliance with ICE Detainer Requests.
Each of the large dots represent binned averages of the underlying data. The small dots are the
raw data. The blue line comes from a third-order polynomial regression of compliance rate on
Democratic vote share fit separately for counties with Democratic and Republican winners.
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most striking feature of this figure is how similar the average compliance rate is across electoral

environments. Counties in which the Democratic sheriff received around 65% of the two-party vote

have a similar compliance rate to counties in which the Democratic sheriff won 35% of the vote.

Consistent with this nearly flat relationship, there is almost no difference in average compliance

rates at the discontinuity.

I report formal estimates of the local average treatment effect in Table 2. The first row presents

estimates of the effect using all elections in the specified bandwidth. Columns 1-4 report estimates

from fitting a local linear, third-order polynomial, third-order spline, and fifth-order polynomial

function of the running variable. In columns 5-8, I report estimates from the using the same

functional forms as in columns 1-4, but I also adjust for the county’s compliance rate in the year

before the sheriff takes office. The compliance rate is changing throughout the years in my sample,

meaning that the relationship between the compliance rate in time t and time t−x is also changing.

To address this, I include an interaction between a fully saturated set of dummies for year and

election year as well as the election-year compliance rate. The last column reports the treatment

effect estimated by the procedure described in (Calonico, Cattaneo, and Titiunik 2014), which

selects a bandwidth that minimizes the mean squared error of the treatment effect estimator in
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Table 2: Effect of Democratic Sheriff on Detainer Compliance Rate. Democratic and
Republican sheriffs representing similar counties at similar times comply with immigration detainer
requests at nearly the same rate.

Detainer Compliance Rate [0-1]

Dem Sheriff Win -0.01 -0.04 -0.00 -0.01 -0.02 -0.03 0.01 -0.00 -0.06
(0.05) (0.04) (0.06) (0.05) (0.05) (0.04) (0.06) (0.05) (0.05)

N 947 1894 1894 1894 722 1467 1467 1467 760
Elections 346 688 688 688 257 523 523 523 376
Deg of Running Var Func 1 3 3 5 1 3 3 5 CCT
Spline Y N Y N Y N Y N Y
Year-Specific Lag DV N N N N Y Y Y Y N
Bandwidth 10 25 25 25 10 25 25 25 8

Robust standard errors clustered by election in parentheses. The reported estimates come from regressions on the
full sample of elections held between a Republican and a Democrat. Spline means that the flexible regression the
outcome on Democratic vote share was fit separately on both sides of 0. Year-Specific Lag DV refers to the inclusion
of the lagged dependent variable interacted with and fully saturated cross of year and election year dummies.

local linear regression and uses kernel regression with a triangular kernel.

Across specifications, the treatment effect estimates tend to be negative and close to zero. The

first row in column five, for example, reports a 2-percentage point lower compliance rate when a

county’s sheriff is a Democrat versus a Republican. Returning to Figures 2 and A.2, note that

a large share of counties produce compliance rates above 70% or below 30%. A 2-percentage

point difference is barely noticeable in the natural variation of compliance rates. Taking the 95%

confidence interval of the estimate from my preferred specification, column seven, only includes

effects of -10%, which is still quite small relative to the authority sheriffs are granted and the

natural variation in the measure.

As I described above, the outcome is undefined when the sheriff’s office receives no detainer

requests and is therefore coded as missing. If these observations are not missing at random, this

could bias my estimates. I conduct an initial check of this by limiting the analysis to large counties

since they are, ex ante, more likely to have received at least one detainer request and therefore have

a defined compliance rate. These estimates using only large-population counties and reported in

Table A.3 are noisier but consistent with the estimates from the full sample.
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Table 3: Effect of Democratic Sheriff on the Number of Detainer Requests. Democratic
and Republican sheriffs representing similar counties at similar times receive immigration detainer
requests at nearly the same rate.

Detainer Requests per 1,000 Foreign Born

Dem Sheriff Win 5.34 0.57 10.60 4.94 0.64 0.97 2.26 1.06 11.90
(3.13) (4.39) (5.10) (3.58) (1.87) (1.81) (3.22) (2.34) (4.90)

N 1092 2171 2171 2171 1022 1984 1984 1984 647
Elections 369 732 732 732 342 666 666 666 285
Deg of Running Var Func 1 3 3 5 1 3 3 5 CCT
Spline Y N Y N Y N Y N Y
Year-Specific Lag DV N N N N Y Y Y Y N
Bandwidth 10 25 25 25 10 25 25 25 6

Robust standard errors clustered by election in parentheses. The reported estimates come from regressions on the
full sample of elections held between a Republican and a Democrat. Spline means that the flexible regression the
outcome on Democratic vote share was fit separately on both sides of 0. Year-Specific Lag DV refers to the inclusion
of the lagged dependent variable interacted with and fully saturated cross of year and election year dummies.

4.2 The Number of Detainer Requests Is Not Affected by the Partisanship of

the Sheriff

One potential threat to my interpretation is the fact that the denominator in my measure of sheriff

compliance is also post-treatment. To see the possible issue, assume that Democrats are in fact

less likely to comply with a detainer request. If ICE knows this, they may respond by sending

fewer requests, focusing on the requests with which the sheriff will comply. The effect of electing a

Democratic sheriff on the compliance rate could be zero in this case, but not because Democratic

and Republican sheriffs implement the same policy.

I investigate this possibility by estimating the effect of electing a Democratic sheriff on the

total number of requests they receive. I normalize this measure of ICE response by dividing by the

foreign born population as of the 2000 Census. I report these estimates in Table 3.

Counter to the concern, I find that the number of requests per 1,000 foreign born that the sheriff

receives, if anything, increases when a Democrat is elected to sheriff. This result is quite unstable

across specifications, though. I suspect the main reason for this instability is the normalization.

Accordingly, the columns that add in controls for lagged outcomes are more stable and imply that

ICE sends roughly the same number of requests, regardless of whether the sheriff is a Democrat or

Republican.
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I report results of using the same design to estimate the effect of electing a Democratic sheriff on

the total number of background checks a sheriff runs, the number of background checks that result

in an immigration database match, and the number of detainer requests with which the sheriff

complies in Table A.4. I find that, at all other points along the pipeline from arrest to deportation,

Republican and Democratic sheriffs behave similarly, and ICE makes similar choices regardless of

the party of the sheriff.

4.3 Counties Represented by a Democratic and Republican Sheriff Are Similar

Across Other Immigration Policies and Outcomes

In line with the main findings, I also find no effects of obtaining a Democratic sheriff on the stated

immigration enforcement policies of the sheriff’s office as recorded by the Immigrant Legal Resource

Center. I estimate the effect on participation in the 287(g) program, contracting out jail beds for

immigrant detention, alerting ICE of immigrants, and limits on ICE interrogations in the jail. Some

of the estimates are noisy, making large effects, such as a 50% or larger change in the probability

of participating in the program, well within the 95% confidence interval. But, for the two policies

with narrow confidence intervals–287(g) participation and detention contracts–the effect is nearly

zero. I have included the formal estimates in Table A.6 in the appendix.

4.4 Convergence Is Similar With and Without State Policy

During the period I am studying, seven states with partisan elected sheriffs implemented a policy

that limited the ability of sheriffs to control the detainer request process.11 The implementation

dates range from 2007 to 2015, and the policies include changes that make it harder to comply and

those making harder to not comply with a detainer request. These policies include allowing jails to

release unauthorized immigrants into ICE custody before their scheduled release, making detainer

requests less important. Alternatively, some of the policy changes limited the class of unauthorized

immigrants who could be legally detained after their scheduled release.

I use a difference-in-difference design, rather than the regression discontinuity design, to improve

the precision of my estimates. I include county fixed effects and year fixed effects, using this to

isolate the effect of electing a Democratic sheriff on compliance. I interact the indicator for a

11These states are Alabama, Arizona, Colorado, New Hampshire, Ohio, South Carolina, Virginia.
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Democrat with an indicator for restrictive state policy and also include those indicators separately.

I find that the coefficient on the interaction is 0.01 (s.e. 0.06) with the coefficient on the indicator

for a Democrat being -0.03 (s.e. 0.03). This suggests that the state policies are likely not the reason

I observe similar compliance rates under Republican and Democratic sheriffs.

5 Explanations for Partisan Convergence

I investigate two explanations for the lack of partisan differences in the immigration policies sheriffs

pursue. The first explanation is that the pool of sheriff candidates is relatively homogeneous. This

explanation, motivated by the citizen-candidate framework which has been successful in other do-

mains, says that less ideological heterogeneity in the candidate pool implies less policy divergence

(Besley and Coate 1997; Osborne and Slivinski 1996). Ideally, I could observe the immigration

policy preferences of the pool of sheriff candidates. Since I cannot, I break this question into three

parts: First, I test for partisan differences in votes on immigration enforcement in the US House

and find large differences even in districts with identical political preferences. Second, I test for

differences in immigration policy preferences between Democrats and Republicans living in the

same county and find that they are large throughout the country. Lastly, I measure the differ-

ence between the political donations Republican and Democratic sheriff candidates make in their

personal capacity and find that Democrats give to liberals and Republicans give to conservatives.

Put together, these results imply the candidate pool likely has enough ideological heterogeneity to

produce divergence. Some other force must be pushing toward policy convergence.

The second explanation is that sheriffs face electoral incentives to carry out a middle-of-the-

road policy. A class of electoral accountability models suggest that convergence is at least in part

induced by the threat of future electoral sanction (Ashworth 2012; Fearon 1999). I test for partisan

divergence among sheriffs who are unable to run again because of term limits. I find no evidence

for divergence among term limited sheriffs, though this analysis is certainly suggestive at best given

how noisy it is and due to weaknesses in the design.
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5.1 Immigration Enforcement Splits Partisans

One important potential explanation for my finding is that sheriffs are just as partisan as legislators,

but immigration enforcement is a not a partisan issue, at least not within small geographic territories

like counties. One way to test this is to look at the behavior of other officials in another office that

has a say in immigration policy and is subject to a geographically-specific constituency. Members

of the US House fit this description well. I implement a similar regression discontinuity design as

above and estimate the effect of electing a Democrat to the US House on votes related to local

immigration enforcement, similar to Fowler and Hall (2016). I analyze votes on four votes cast

in 2007, 2012, 2013, and 2017. The issues, described in the appendix, all relate to programs that

encourage local cooperation with ICE, either changing funding for them, constraining them, or

punishing localities for not participating. Figure 3 presents the graphical results. I report the

formal results in Table A.7 in the appendix.

I find that Democrats are much less likely to support aggressive local immigration enforcement

in all four cases. This split has also increased dramatically over the last decade, though I cannot

say whether this increase is due to changes in the views of politicians in office, the particulars of

the bills, or both. For some of the House votes, a large share of the difference between Republicans

and Democrats is explained by local district qualities. But, the party of the member matters even

in the identical districts at the threshold between just barely electing a Democrat or Republican.

Since House districts are larger than most counties and may contain more diverse views, I assess

voter survey responses to immigration questions within county using the Cooperative Congressional

Election Study (CCES). Even within county, Democrats and Republicans respond differently to

questions about immigration policy, including immigration enforcement. These differences also

persist across census regions. I report the average differences for individual survey questions from

2006 to 2016 in Table 4 in the appendix. The exact point estimates are not particularly important.

Instead, the sign and general magnitude is what matters, indicating that these views on immigration

policy differ across party lines within counties. The partisan differences in responses to most of

these questions suggests that if sheriffs were randomly drawn from the full set of co-partisans in

their district and implemented their ideal policy, the compliance rate and other policy outcomes

should differ based on the political party of the sheriff.
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Figure 3: The Effect of Democratic House Member on Anti-Sanctuary Votes. Republican
members of the US House of Representatives are much more likely to support bills or amendments
that punish localities for failing to work with federal immigration enforcement in some way than
are their Democratic colleagues. This is true even in districts with nearly identical preferences. The
difference is particularly large in recent years. The votes in 2007, 2012, and 2013 were amendments
to Department of Homeland Security appropriations bills. The vote in 2017 was on HR 3003, titled
the No Sanctuary For Criminals Act.
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5.2 Democratic Sheriffs Donate to Liberal Candidates, Republicans Donate to

Conservatives

Even if Democrats and Republicans hold different views on immigration policy within a given

county, Democratic and Republican sheriff candidates running against one another could hold

similar views. Prior work provides some reasons to think this could be the case. In personal com-

munication, Cameron DeHart shared a quantitative analysis that most sheriffs running in California

between 1992 and 2016 list law enforcement experience in their ballot profile. If the pool of eligible

candidates is limited to a single profession, and that profession is ideologically similar across party

lines, this could explain the difference between voting patterns in Congress and sheriff behavior.

The most direct test of ideological differences between sheriff candidates of opposing parties

suggests that there are meaningful gaps between partisans. I use Adam Bonica’s Database on
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Table 4: Differences in Immigration Attitudes by Party Within County. Respondents to
the CCES who identify themselves as aligned with Democrats respond more negatively to ques-
tions about strict immigration enforcement and more favorably to questions about pro-immigration
measures than do Republicans. This is true even when compared to Republicans who live in their
county. This within-county relationship holds across all four census regions.

2006 (1) 2010 (2) 2012 (3) 2012 (4) 2014 (5) 2016 (5)

Dem -0.36 -0.53 -0.32 -0.43 -0.43 -0.43
(0.01) (0.00) (0.01) (0.01) (0.01) (0.01)

Dem X West -0.45 -0.57 -0.35 -0.48 -0.48 -0.45
(0.01) (0.01) (0.01) (0.01) (0.01) (0.01)

Dem X South -0.33 -0.52 -0.32 -0.42 -0.42 -0.43
(0.01) (0.01) (0.01) (0.01) (0.01) (0.01)

Dem X Northeast -0.35 -0.53 -0.31 -0.41 -0.39 -0.42
(0.02) (0.01) (0.01) (0.01) (0.01) (0.01)

Dem X Midwest -0.29 -0.50 -0.31 -0.41 -0.40 -0.43
(0.01) (0.01) (0.01) (0.01) (0.01) (0.01)

Dem X RD Sample -0.36 -0.53 -0.31 -0.43 -0.42 -0.43
(0.01) (0.01) (0.01) (0.01) (0.01) (0.01)

Dem X Not RD Sample -0.35 -0.53 -0.33 -0.43 -0.44 -0.43
(0.01) (0.01) (0.01) (0.01) (0.01) (0.01)

N 28984 47952 45847 45847 44772 51919
County FE Y Y Y Y Y Y

Robust standard errors in parentheses. Each column presents results for a survey measure and
survey year. All responses are coded so that the reponse most similar to support for enforcement
is 1 and the other response is 0. The measures, in order from 1 to 5, are about citizenship for
undocumented immigrants, the ability of police to question people about the citizenship, denial of
citizenship to children of undocumented immigrants, prohibitions on hospital care and public school
use by undocumented immigrants, and identifying and deporting undocumented immigrants.

Ideology, Money in Politics, and Elections (DIME) to understand the political choices sheriffs

make in their personal lives (Bonica 2013). DIME uses campaign finance data from the state and

federal level to construct a measure of ideology called the CFScore. This data is often used to

measure the ideology of candidates by looking at the donations they receive. Instead, I focus on the

donations sheriffs make in their personal capacity. This reveals more about the sheriff’s partisan

commitments separate from the constraints they face in office. I find that the donations Democratic

sheriff candidates make earn them CFScores that are different by about two-thirds of the distance
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Table 5: Effect of Dem Sheriff on Compliance Rate, Term Limited vs Non-Term Limited
Sheriffs. Democratic and Republic sheriffs who have reached a statutory term limit do not comply
with detainer requests at noticeably different rates after adjusting for changes in the compliance rate
over time and differences between counties that elect Democrats and Republicans. Term limited
sheriffs comply with detainer requests at a higher rate, but this may reflect something about the
types of sheriffs who make it to the term limit.

Detainer Compliance Rate

Dem X Term Limited -0.08 -0.02 0.00
(0.10) (0.09) (0.09)

Dem -0.02 -0.03 -0.00
(0.05) (0.04) (0.04)

Term Limited 0.00 0.07 0.07
(0.05) (0.04) (0.04)

Counties 45 45 45
N 326 326 326
Year FE N Y Y
County Controls N N Y

Robust standard errors clustered by county in parenthe-
ses. The reported estimates come from counties with sheriff
term limits in Colorado, Indiana, and New Mexico.

between Representatives Nancy Pelosi and Paul Ryan.12 The results are similar when I compare

all Democratic sheriff candidates to all Republican sheriff candidates rather than comparing sheriff

candidates running against one another. These results are reported in Table A.8 in the appendix.

This result comes with two important caveats. First, most sheriff candidates do not make polit-

ical donations that appear in the DIME. Accordingly, this is only a comparison among candidates

who are sufficiently engaged in national or state politics to make a donation and may overstate

the degree to which the average Democratic sheriff candidate differs from the average Republican

candidate. This analysis also depends on CFScores from sheriff candidates who make only a few

donations. The CFScores, then, are quite impercise for a particular individual. Overall, setting

aside the question of whether the set who donate have similar preferences to those who do not, the

most accurate thing I can say about sheriff candidate donation patterns is that the are most often

giving to people with their party label.

12Nancy Pelosi has a CFScore of -1.124. Paul Ryan has a CFScore of 1.071
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5.3 Convergence is Similar When Facing Term Limits

A key prediction of the Fearon (1999) model of electoral accountability is that, if an elected official

is ideologically distant from the median voter, she will moderate to win reelection but will not

moderate when she faces no threat of removal from office. In four states, sheriffs are limited to a

certain number of terms in office.13 Using a number of different panel regression specifications, I

compare convergence with and without reelection incentives in place. The results are reported in

Table 5. While this is noisy and suffers from important design flaws discussed in Fouirnaies and Hall

(2018), this evidence suggests that electoral incentives are not the main reason that Democratic

and Republican sheriffs are converging in terms of compliance rates.

6 Final Remarks

Votes are often cast along partisan lines in federal and state legislatures. Local elected officials are

often constrained by policies set at the federal and state level, and are not given the freedom to

select policies that are more consistent with their partisan or ideological commitments. I find that,

even when granted nearly complete authority to decide a consequential policy with partisan and

ideological consequences, sheriffs from different parties make similar choices. Given prior empirical

work (Fouirnaies and Hall 2018; Lee, Moretti, and Butler 2004) as well as formal critiques of spatial

models of accountability (Ashworth 2012), I suspect that the most fruitful explanation for this

convergence will be that sheriff elections select for competence, and that competent sheriffs choose

more similar policies than their personal political views or partisan commitments might imply. This

is certainly not dispositive, but the strongest predictor of a sheriff’s choice to comply, over and

above county demographics and political makeup, are the facts of the case–whether the immigrant

convicted of a crime, and if so, how serious. The link between local policy, who runs for local

offices, and who elections select will play an important part in understanding local policymaking

going forward.

13These states are Colorado, Indiana, New Mexico, and West Virginia.
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Figure A.1: The Number of Detainer Requests Sent to Sheriffs, 2006–2015. The number
of detainer requests peaked in 2011. The compliance rate peaked in 2009 and declined from 73%
in 2008 and 2009 to 43% in 2015.

0
.2

5
.5

.7
5

1
C

om
pl

ia
nc

e 
R

at
e

0
50

10
0

15
0

20
0

N
um

be
r o

f I
m

m
ig

ra
nt

s 
(1

,0
00

s)

2006 2008 2010 2012 2014 2016
Year

Requests Detained Compliance Rate

Appendix

22



Figure A.2: The Distribution of Compliance Rates by Request Decile The distribution of
compliance rates in counties that received more requests are plotted in darker shades. The bottom
third of counties received no detainer requests, leaving only seven lines. The top three deciles
include counties that received 80 requests or more.
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Table A.1: Comparison of Election Sample to Universe of Sheriff Elections

All Counties Large & Partisan

All Gathered All Gathered

Geographic Region
Midwest 0.32 0.18 0.27 0.27

(0.47) (0.38) (0.44) (0.44)

Northeast 0.07 0.11 0.23 0.24
(0.25) (0.32) (0.42) (0.43)

South 0.49 0.53 0.41 0.40
(0.50) (0.50) (0.49) (0.49)

West 0.12 0.18 0.09 0.09
(0.32) (0.38) (0.29) (0.29)

Dist to Mex Border 8.62 9.95 10.12 10.44
(3.73) (3.92) (4.46) (4.38)

Population
All 83.56 175.25 346.07 367.52

(268.99) (443.86) (432.87) (462.30)

Foreign Born 8.05 20.93 34.08 37.07
(69.69) (121.50) (81.85) (88.94)

Politics
President 0.44 0.44 0.50 0.50

(0.17) (0.15) (0.13) (0.13)

Governor 0.30 0.27 0.32 0.30
(0.46) (0.44) (0.47) (0.46)

State House 0.51 0.50 0.51 0.52
(0.12) (0.13) (0.12) (0.13)

State Senate 0.48 0.49 0.48 0.48
(0.13) (0.13) (0.13) (0.13)

Num of Counties 3083 1395 420 397

Obs 11052 3500 1530 1216

Standard deviation in parentheses.
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Table A.2: Effect of Dem Sheriff on Pre-Treatment Detainer Compliance Rate

Pre-Treatment Detainer Compliance Rate

Dem (All) 0.06 0.08 -0.01 0.03 -0.01
(0.06) (0.06) (0.08) (0.07) (0.07)

Dem (Large) 0.05 0.05 -0.00 0.05 -0.14
(0.08) (0.07) (0.10) (0.08) (0.10)

N (All) 889 1807 1807 1807 597
N (Large) 525 1087 1087 1087 288
Elections (All) 264 538 538 538 314
Elections (Large) 155 319 319 319 279
Deg of Running Var Func 1 3 3 5 CCT
Spline Y N Y N Y
Bandwidth All (Large) 10 25 25 25 7 ( 6)

Robust standard errors clustered by election in parentheses. The reported esti-
mates come from regressions on the full sample of elections held between a Re-
publican and a Democrat as well as a subsample of elections held in counties with
population greater than 100,000 as of the 2000 Census. Spline means that the
flexible regression the outcome on Democratic vote share was fit separately on
both sides of 0.

Table A.3: Effect of Dem Sheriff on Detainer Compliance Rate

Detainer Compliance Rate

Dem (All) -0.01 -0.04 -0.00 -0.01 -0.02 -0.03 0.01 -0.00 -0.06
(0.05) (0.04) (0.06) (0.05) (0.05) (0.04) (0.06) (0.05) (0.05)

Dem (Large) -0.01 -0.05 0.02 -0.01 -0.05 -0.04 -0.03 -0.01 -0.05
(0.06) (0.05) (0.07) (0.06) (0.06) (0.05) (0.07) (0.05) (0.06)

N (All) 947 1894 1894 1894 722 1467 1467 1467 760
N (Large) 605 1237 1237 1237 457 941 941 941 444
Elections (All) 346 688 688 688 257 523 523 523 376
Elections (Large) 209 430 430 430 154 318 318 318 365
Deg of Running Var Func 1 3 3 5 1 3 3 5 CCT
Spline Y N Y N Y N Y N Y
Year-Specific Lag DV N N N N Y Y Y Y N
Bandwidth All (Large) 10 25 25 25 10 25 25 25 8 ( 8)

Robust standard errors clustered by election in parentheses. The reported estimates come from regressions on the full
sample of elections held between a Republican and a Democrat as well as a subsample of elections held in counties
with population greater than 100,000 as of the 2000 Census. Spline means that the flexible regression the outcome
on Democratic vote share was fit separately on both sides of 0. Year-Specific Lag DV refers to the inclusion of the
lagged dependent variable interacted with and fully saturated cross of year and election year dummies.

25



Table A.4: Effect of Dem Sheriff on Number of Detainer Requests

Contributors to Num of Requests
BG Checks Imm BG Checks No Requests Num Requests Num Comply

Dem (All) 3.12 -0.66 -0.12 10.60 7.66
(5.67) (10.79) (0.10) (5.10) (3.31)

Dem (Large) -4.77 -3.36 -0.01 1.97 2.10
(8.79) (5.39) (0.09) (2.51) (1.67)

N (All) 1165 1162 2981 2171 2171
N (Large) 462 462 1571 1373 1373
Counties (All) 594 593 907 732 732
Counties (Large) 239 239 475 445 445
Deg of Running Var Func 3 3 3 3 3
Spline Y Y Y Y Y
Bandwidth 25 25 25 25 25

Robust standard errors clustered by election in parentheses. The reported estimates come from regressions on the full
sample of elections held between a Republican and a Democrat as well as a subsample of elections held in counties
with population greater than 100,000 as of the 2000 Census.

Table A.5: Effect of Dem Sheriff on Detainer Compliance Rate

Detainer Compliance Rate
All No Crime Misd. Non-Agg Felony Agg Felony

Dem (All) -0.00 -0.03 0.06 0.02 0.02
(0.06) (0.09) (0.07) (0.07) (0.07)

Dem (Large) 0.02 0.00 0.05 -0.02 0.00
(0.07) (0.09) (0.08) (0.08) (0.08)

N (All) 1894 1472 1285 976 1236
N (Large) 1237 966 885 765 898
Counties (All) 688 535 491 398 479
Counties (Large) 430 335 318 289 324
Deg of Running Var Func 3 3 3 3 3
Spline Y Y Y Y Y

Robust standard errors clustered by election in parentheses. The reported estimates come
from regressions on the full sample of elections held between a Republican and a Democrat
as well as a subsample of elections held in counties with population greater than 100,000 as
of the 2000 Census.
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Table A.6: Effect of Dem Sheriff on Stated Policies

Policy
No 287(g) No Detention No Alerts Interog Limits

Dem (All) -0.04 0.00 0.03 -0.01
(0.04) (0.05) (0.18) (0.10)

Dem (Large) -0.08 0.04 0.21 0.20
(0.11) (0.15) (0.37) (0.18)

N (All) 309 309 309 309
N (Large) 144 144 144 144
Counties (All) 309 309 309 309
Counties (Large) 144 144 144 144
Deg of Running Var Func 3 3 3 3
Spline Y Y Y Y
Bandwidth 25 25 25 25

Robust standard errors clustered by election in parentheses. The reported estimates come
from regressions on the full sample of elections held between a Republican and a Democrat
as well as a subsample of elections held in counties with population greater than 100,000 as
of the 2000 Census.

Table A.7: Effect of Dem House Member on Anti-Sanctuary Voting

Anti-Sanctuary Vote
2007 2012 2013 2017

Dem -0.25 -0.51 -0.44 -0.88
(0.17) (0.15) (0.15) (0.10)

N 311 332 309 246
Deg of Running Var Func 3 3 3 3
Spline Y Y Y Y

Robust standard errors in parentheses. The reported estimates come
from regressions on the full sample of elections held between a Repub-
lican and a Democrat.

Table A.8: Differences in CFScore from Sheriff’s Personal Political Contributions by
Party.

CFScore

Dem -1.43 -1.55
(0.03) (0.07)

N 1186 256
County FE N Y

Robust standard errors in paren-
theses.
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