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Motivation
Existing state-of-the-art RL methods use a discrete action
space and a fixed step size, leading to a large number of
steps and consequently long inference time to localize a
landmark
Previous multi-agent methods do not learn explicit com-
munication and instead use weight sharing to exploit the
knowledge of other agents

Contributions
Continuous action space reduces the number of steps
necessary to localize the landmark by more than 30 times in
average compared to a state-of-the-art RL approach based
on discrete actions. The stopping criterion is intrinsically
defined by a minimal displacement of the agent’s position,
which leads to increased accuracy and decreased inference
time.
Multi-agent RL based approach with communication among
agents which allowed learning of the spatial configuration of
the landmarks.
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To allow the agent to move in
arbitrary direction (x, y) with a
varying step size, we defined
a continuous action space
using an actor-critic architec-
ture.
Multi landmark localization
using a multi-agent system,
where the input to the actor
network are multiple observa-
tions, each corresponding to
a different agent additionally
to the information of their
relative positions D.
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Results of our single-agent method with continuous action space (left), a state-of-the-art CNN with occluded landmarks (center) and
our multi-agent method with occluded landmarks (right).


