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Abstract

Despite civil rights protection and rising educational attainment, earnings gaps between

black and white workers have widened over the past 30 years. This increase is not ex-

plained by differences in observed demographics or the industry and occupational com-

position of employment. We suggest that variation in labor market dynamics between

black and white workers are important. Disparities in job switching, job loss, and associ-

ated wage growth result in flatter career wage profiles for African American workers and

widening earnings gaps over the work life.
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In 1964 President Lyndon B. Johnson signed the Civil Rights Act, prohibiting discrimination

based on race, color, religion, sex, or national origin. The signing marked a shift in American

law that proponents hoped would produce greater equality across all dimensions of society,

including the labor market. While many things have changed since that historic moment, the

gaps in labor market outcomes between black and white Americans remain large and in some

cases are increasing. Although researchers have long studied these gaps1, our understanding

of their genesis and persistence remains limited.

We document the evolution of black-white earnings gaps over the past thirty-eight years

using data from the Current Population Survey (CPS). We find that earnings differentials have

grown over time and cannot be fully explained by differences in age, education, job type, or

location.

With this in mind, we consider whether differences in labor market dynamics, including

wage growth, job changing, and job loss, might account for the observed differentials. Following

Elsby and Shapiro (2009), we put these dynamics in the context of career wage profiles, or

wage escalators, and examine whether differences in dynamics translate into different career

escalators for blacks and whites. Using synthetic cohort analysis, we find evidence that career

wage profiles are flatter for black workers than for white workers, leading gaps to be higher

at the end of careers than at the beginning. This difference is mainly due to black workers

having more periods of non-employment.

Similar to findings for gender career wage differences, notably Bertrand, Goldin and Katz

(2010) and Manning and Swaffield (2008), these results highlight the importance of looking

beyond static cross-sectional earnings gaps and focusing more on career dynamics and the

factors that contribute to widening earnings differentials over the work-life for blacks and

whites.

1See Bayer and Charles (2016) and Cajner et al. (2017) for two recent studies
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Black-white earnings gaps

Throughout, we consider gaps between hourly earnings of full-time employed workers who are

black and those of their white counterparts. We split our results up by gender because some

of the aspects we emphasize later on are more profound for men than for women.

There are, in principle, several datasets that allow for the calculation of such gaps. Because

our focus is on how these gaps have evolved over time, we use data from the CPS. The CPS has

the advantage of being a long-standing, nationally representative, publicly available data source

with consistent measures of earnings and labor market status over the past four decades.2

CPS respondents report their “usual weekly earnings” in two survey months that are twelve

months apart, i.e. when they are part of the Outgoing Rotation Groups (ORG). Thus, if

workers earn wages in both of these survey months we can calculate their wage growth over

the year.

In addition, they report their labor market status, i.e. whether they are full-time, part-

time, or non-employed, in these two survey months as well as in the three months preceding

their reported earnings. We use this information to impute whether workers over the past year

have been continuously full-time employed at the same job (“job-stayers”), switched between

full-time jobs (“job-switchers”), or moved into or out of full-time employment.3 These are the

variables that we use to describe the labor market dynamics of workers.

The CPS also contains data on respondents’ demographic characteristics, like age, educa-

tion, state of residence, as well as on the industry and occupation in which they are employed.

These are all observable factors that are known to affect workers’ wages and, because of that,

2Even the CPS survey questions related to usual weekly earnings have evolved over time: Prior to 1994,
respondents were asked how much they usually earned per week. Since January 1994, respondents have been
asked to identify the easiest way for them to report earnings (hourly, weekly, biweekly, twice monthly, monthly,
annually, other) and how much they usually earn in the reported time period. Earnings reported on a basis
other than weekly are converted to a weekly equivalent. The term “usual” is as perceived by the respondent.
If the respondent asks for a definition of usual, interviewers are instructed to define the term as more than half
the weeks worked during the past 4 or 5 months (Bureau of Labor Statistics, 2011).

3To match individuals across surveys and construct the short panels we follow Madrian and Lefgren (1999)
and Nekarda (2009). For more details about how we construct and match the data see Daly, Hobijn and Wiles
(2012). This imputation is not completely perfect. Most importantly, some “job-switchers” go through an
unobserved period of part-time or non-employment in between the employment at the two different full-time
jobs that we observe.
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we present our results throughout for both the “raw” earnings, that are not adjusted for these

observable characteristics, as well as the for “adjusted” earnings that filter out the effect of

these observables.

The solid lines in both panels of Figure 1 show the annual time series for the “raw” earnings

gaps between black and white men, panel 1a, and black and white women, panel 1b. Panel 1a

reveals that in 1979, the average black man in America earned about 23% less per hour than

the average white man ($15.20 versus $19.30 per hour). By 2017, the gap had grown such that

the average black male worker earned about 30% less than the average white male worker per

hour ($18.80 versus $25.40 per hour). Panel 1b shows that the average black woman earned

about 5% less than the average white woman ($12 versus $12.75 per hour) in 1979. But nearly

continuous divergence in earnings since that time has opened a more sizable gap; in 2017, the

average black woman earned about 20% less per hour than the average white woman ($17.40

versus $21.50).

Wages, of course, are potentially influenced by a number of factors, of which race is only

one. Theory tells us these factors should largely be a reflection of an individual’s productivity.

We indirectly measure productivity using the observable characteristics from the CPS, i.e.

age, education, industry, and occupation. Other factors also have been found to be important

in determining wages such as location, and harder-to-measure factors such as institutions,

historical pay norms, discrimination, and the effects of public policy like the minimum wage

(Fortin and Lemieux, 1997).

In order to account for as much as possible of the earnings gaps in terms of observables

other than race, we use a decomposition based on Blinder (1973) and Oaxaca (1973). This

decomposition compares estimated Mincer (1974) equations between black and white workers

(separate by gender). The dependent variable in this equation, wi, is the log earnings of worker

i and the explanatory variables, xi, is the vector with observable characteristics other than

gender and race from the CPS. The Mincer regressions we run are of the form

wi = γG + x
′

iβG + εi, where G ∈ {B,W}. (1)
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Here G denotes the group, either black (B) or white (W ), that the worker is part of. These

equations allow us to split the earnings gap, i.e. the difference in mean log wages across groups,

into parts due to differences in observables and due to differences in the coefficients. That is,

w̄W − w̄B =
[
(x̄W − x̄B)

′
β̂W

]
+
[
(γ̂W − γ̂B) + x̄

′

B (βW − βB)
]

. (2)

In order to capture how the importance of these parts changed over time, we do this decom-

position on a year-by-year basis for 1979-2017. The results are shown as the bars in Figures

1a and 1b.

Several points stand out from our results. First, a sizable portion of the gaps come from

the fact that black workers work in different industries and occupations than white workers

on average. Differences in educational attainment are also an important contributor to both

the black-white earnings gaps. For black men, the contribution of education has changed little

over time, while for black women the contribution from differences in educational attainment

has risen over time, and reached its highest point in 2017. The remaining measurable variables

that capture differences in age and state of residence account for only a very small part the

wage gaps of black men and women. Average age of black workers is slightly lower than that of

white workers, contributing to the shortfall in average earnings. State of residence has almost

no impact on black-white earnings gaps.

The most important fact highlighted by our decompositions is that a significant portion

of the wage gaps between black workers and white workers is not traceable to differences in

easily measured characteristics, but rather is unexplained within our model.4 Over time, the

contribution of the unexplained portion has risen, accounting for most of the growth in the

black-white earnings gap over time.

The unexplained parts of the earnings gaps reflect differences in the coefficients of the

Mincer (1974) regressions, including the constant term, between different groups. Thus, the

challenge to better understanding the source of the earnings gaps is to put our finger on what

4Notably, our results are similar to those of Cajner et al. (2017), who use a similar approach to break down
the components of unemployment rate gaps and also find a large unexplained portion.
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might drive differences in these Mincer coefficients.

Labor market dynamics and career wage profiles

There is an extensive literature on why coefficients of Mincer regressions might differ across

groups and on how these coefficients should be interpreted (see Heckman, Lochner and Todd,

2006, for a survey). In this section we explore the potential importance of one class of such

explanations. Namely, that differences in Mincer coefficients partly reflect different labor

market dynamics and thus, career ladders, for the various groups.

There are several reasons why different career ladders can result in different coefficients

in the Mincer regression. Most straightforwardly, as Rauh and Valladares-Esteban (2017)

emphasize, workers who accumulate less work experience over their careers will have a lower

Mincer coefficient on age. Though this might seem to reflect a lower return on experience, it

really captures the fact that certain workers have less experience at the same age.

Direct work experience is only one possible reason for differences in the estimated coef-

ficients in our estimated Mincer equations. Farber and Gibbons (1996), Altonji and Pierret

(2001), and Oettinger (1996) each point out that different degrees of incomplete information

or uncertainty about worker productivity across groups can also lead to differences in group-

specific Mincer coefficients. The idea is that employers and employees face a signal extraction

problem regarding the productivity of the job match. If the signal is considered more reliable

for white workers than for black workers, which can be interpreted as a form of statistical

discrimination (Becker, 1971), then this employer and employee learning will be slower for

these groups, generating different career profiles of wages and, as a result, different Mincer

coefficients.

Career wage profiles are not generally the focus of the applied microeconomic literature on

wages and wage gaps. This largely owes to an absence of data; there are very few individual-

level datasets that allow researchers to track career profiles for individuals over their life cycle.

However, such profiles are increasingly the focus of macroeconomic studies of the labor market
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that aim to explain the shape of the wage distribution (Moscarini, 2005), the business cycle

dynamics of wage aggregates (Hagedorn and Manovskii, 2013), and the behavior of labor

supply (Elsby and Shapiro, 2009).

Elsby and Shapiro (2009) aptly describe the evolution of career profiles as workers being on

a wage escalator. We borrow this metaphor and in the remainder of this paper consider how

the wage escalators might differ for black men and women relative to their white counterparts.

What is nice about the wage escalator metaphor is that it allows us to highlight the different

factors that can affect the career profile of wages for different groups of workers.

To begin, consider our four groups riding up an escalator. The earnings gaps that we

identified in the previous section effectively measure the relative position on the escalator of

the average person in each of these four groups at a point in time. These observed gaps reflect

the sum of a variety of factors that occur over a worklife and may differ across groups. We

identify four such factors that have been noted in the literature and are tractable in the CPS.

The first factor relates to the relative starting position of each group. In terms of the

wage escalator, this factor captures where each group representative steps onto the escalator

at the beginning of their career. If each representative subsequently moved up at the same

rate without falling off, this relative starting position would be the only thing affecting the

observed gaps. In terms of career profiles and measurement in the CPS, it represents the gaps

at the beginning of the work-life.

The second factor captures the fact that groups can move up the escalator at different

rates. This can occur if wage growth differs across groups even when the group members stay

on the same step of the escalator without falling off, i.e. stay in the same job. In terms of

measurement in the CPS, this factor maps to wage growth for workers who remain in the same

job for a year.

Our third factor acknowledges that not everyone just stands on the escalator – some people

walk or run up. The labor-market equivalent is workers who switch from job to job. As Daly

and Hobijn (2016) show, wage increases associated with job-to-job changes account for a

substantial part of the level and cyclicality of aggregate wage growth. Of course, in terms of
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the wage escalator we study here, the importance of such wage changes for workers depends

on both the frequency with which they switch from job to job as well as the average wage

increases associated with such switches, both tractable in the CPS.

Finally, the wage escalator also has people on it who trip and fall down. In the labor

market, these are workers who move from full-time employment to non-full-time employment

(part-time or non-employed), or even more simply employment to non-employment, and who

have to get back on the escalator, possibly at a lower rung than they fell from. The magnitude

of the effect of such episodes for workers in each group depends on how often they occur as

well as the impact they have on workers’ wages.

Although not perfect, using the CPS we can get a sense of how these components vary

across groups. We use it to construct evidence on each of these four components and then,

finally, add it all up to show the different shapes of group-specific wage escalators. Since

our emphasis is on group-specific averages rather than individual differences, we are able to

construct a relevant pseudo panel from consecutive CPS surveys and avoid having to rely on

career-long individual-level data that is not readily available.

Four factors that affect speed of wage escalators

Factor 1. Wage gaps at the beginning of workers’ careers

The first factor that contributes to observed earnings gaps are differences in starting points.

Part (a) of Table 1 presents gaps in early-career earnings for black men and women relative

to whites. We compare workers at the beginning of their careers, and show the difference in

average wages earned by these groups by education level5. Those with a high school diploma

are between 17 and 27 years old, those with a bachelor’s degree are between 20 and 30 years

old, and those with more than a bachelor’s degree are between 25 and 35 years old.

Our results indicate that black workers, on average, begin their careers at lower wage levels

than white workers, i.e. black workers start considerably lower on their wage escalators6. For

5See Table A.1 for adjusted early career gaps.
6Early career gaps reported in Table 1 are for 1979-2002; 1979-2017 gaps are larger for bachelor’s and more.
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example, the table indicates that high-school educated black men aged 17-27 make, on average,

14.6 percent less than high-school educated white men of the same age, which comes down to

10.4 percent after adjusting for observables. This early-career earnings gap occurs for both

high-school as well as college educated workers. In fact, entry wage levels for black men with a

bachelor’s degree or more are about 10 percent lower than entering white men with the same

educational attainment.

Factor 2. Same-job wage increases

The next factor we focus on is the speed at which workers, once on the escalator, ride up. Part

(b) of Table 1 reports average growth of real hourly earnings for workers in the CPS who we

classified as either “job stayers” or “job switchers”. Although this classification is imperfect

and relies on imputations based on a series of job-related variables in the CPS, it provides a

first approximation of the dynamics of job switching in the labor market.

Based on this classification scheme, the first row of Part (b) of Table 1 shows average real

hourly earnings growth for those who stay employed in the same job from one year to the next7.

The results indicate that for workers who remain on the same job, wage gains are fairly similar

across groups, though noticeably lower for black women. This suggests that for job-stayers,

the ride up the escalator is about as fast for black workers as it is for white workers. On one

hand this is positive news in that it suggests little to no further erosion in relative earnings.

The flip-side however is that for black workers who remain on the same job, the early-career

earnings gaps mostly persist, since there is no catch-up coming from faster wage growth.

Factor 3: Job switching and associated wage increases

One way black workers might ease or erase early-career earnings gaps is to walk or run up the

escalator by changing jobs. To quantify how much this running might affect wage gaps we

need to know two things: the size of wage increases workers get when they switch jobs and

how frequently they switch.

7See Table A.1 for average wage growth controlling for observables.
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The second row of Part (b) of Table 1 shows the payoff to switching, or how quickly workers

advance on the wage escalator when they decide to run, rather than ride, up. Comparing rows

one and two of Part (b) of Table 1 highlights that job switchers tend to get higher wage

increases than job stayers.8 Importantly, for black men the opposite is true; wage increases for

job switchers are lower than those for job stayers.

The bottom rows of Part (b) of Table 1 provide evidence on the frequency with which

workers run up the escalator, i.e. the fraction of employed who switch jobs. These results

show that black workers switch jobs a bit more frequently than white workers.9 In general this

difference in the frequency of job switching is rather small. For example, about 60 percent of

black men who remain full-time employed switch jobs compared to about 55 percent of white

men. But recall that for black men and women, job switching does not accelerate, and for

black men reduces, average wage growth. This suggests that for these workers job switching is

not the positive that it is for white workers. Overall, there is little evidence that job switching

helps black men and women erase their early-career earnings gap compared to white men and

women.

Factor 4: Job transitions

The final factor we investigate that can contribute to earnings gaps is the rate at which worker

groups fall down or off the wage escalator. Part (c) of Table 1 highlights the higher rate at

which black workers churn through jobs, both full-time and part-time10.

Similar to the bottom rows of Part(b), the first two rows of Part(c) report annual full-

time employment transition rates for each group. These numbers show a much higher rate

of annual full-time job churn for black workers, both men and women, compared to their

white counterparts. On average, about 12.5 percent of black men with full-time jobs transition

to part-time work or into non-employment from one year to the next, compared to roughly

8The third row of Part (b) lists the difference between the first and second rows.
9This evidence is only for full-time employed workers in the CPS. However, similar evidence on relative

rates of job-to-job switching can be derived from the Quarterly Workforce Indicators (QWI).
10See Table A.1 for transition rates adjusted for observable characteristics and Tables A.7 through A.12 for

transition rate gaps, both raw and adjusted.
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8 percent of white men with full-time jobs. For women, the rate of annual full-time job

separation is higher than for both black and white men, where about 15 percent of full-time

employed black women separate to part-time work or non-employment over the year, roughly

two percentage points higher than white women. Transition rates from part-time employment

or non-employment to full-time employment over the year are about the same as the separation

rates for each group.

In the next two rows we report average monthly full-time job separation and job-finding

rates from 1994 through 2017.11 Similar to the annual transition rates in rows one and two

of Part (c), black men and women separate from full-time jobs into part-time work and non-

employment at higher rates than white men and women. On average, over 7 percent of full-time

employed black men transition to part-time or non-employment per month, compared to about

4.5 percent of full-time employed white men. The gap in monthly full-time separation rates

for black and white women is narrower than for men, but still has about a percentage point

difference over this sample. Monthly full-time job-finding rates are roughly equal for black and

white men on average.

When we simply look at the fraction of employed workers, either full-time or part-time,

who flow into non-employment, this gap in labor market dynamics between the different groups

we consider becomes even more apparent. The next-to-last row of Part (c) shows the average

monthly rates at which workers flow from employment into non-employment. Black workers

flow into non-employment much more frequently than white workers, the difference is largest

between black and white men. The last row of Part (c) shows the rates at which workers flow

back into employment. Black men are hired out of non-employment at about the same rate as

white men. As a result, black men on average have longer non-employment spells. Job-finding

rates for the two groups are very similar: 8.2 percent for black men and 7.8 percent for white

men. Among women, the pattern for black workers is similar, with slightly higher rates of

transition into jobs than white women.

The evidence on these gaps in transition rates is important because interrupted employment

11Prior to 1994 full-time and part-time distinction was only available for Outgoing Rotation Groups.
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spells on average also interrupt or slow down career wage growth. In terms of our wage

escalator, this evidence thus shows that black workers tend to fall down the wage escalator

more frequently than white workers, slowing down their wage growth.

Group-specific wage-escalator profiles

Here we ask what the impact of differences in our four factors might be over the working life of

black workers. Unfortunately, data from the CPS does not allow us to construct wage escalators

for individual workers or to decompose the pace of these escalators into the importance of the

four factors that we discussed above. We can, however, use the CPS to construct estimates

of group-specific wage escalators based on synthetic cohorts in the CPS to analyze how gaps

develop over the early part of a career.

These escalators are constructed in the following way. In each year, we capture wages of

17-27 year old workers with a high school diploma, 20-30 year old workers with a bachelor’s

degree, and 25-35 year olds wiht more than bachelor’s degree and follow the cohort for 15 years.

Practically, this means that 5 years later we look at the wages of 22-32, 25-35, and 30-40 year

old workers, respectively, for high school, bachelor’s and more than bachelor’s groups; 10 years

later we look at 27-37, 30-40, and 35-45 year old workers in each respective group; and 15

years later we look at 32-42, 35-45, and 40-50 year old workers in each respective group. This

synthetic panel is designed to capture group-specific changes to age cohorts. Assuming the

CPS provides a representative sample of these the group-specific age cohorts, this synthetic

panel provides a good approximation to the career wage profiles of our groups.

In Figure 2 we plot the average earnings gap across synthetic cohorts from early career to

experienced. Panels 2a and 2b show the results for men and women, respectively.

Gaps in the speed of wage escalators

The results of this analysis are striking. Wage escalators of black workers in the U.S. are much

slower than those of white workers. This is especially true for black men. To see how this can
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be gleaned from Figure 2a, consider the dotted line of the figure. It shows the earnings gap

between college-educated black and white men over the 15 years of their careers between their

twenties and their late thirties/early forties. It shows that 15 years after the initial earnings

gap of around 10 percent that we reported in Part (a) of Table 1 this gap has grown by about

17 percentage points to about 27 percent.

This result implies that the wage escalator of college-educated men moves up one percentage

point a year slower for black men than for white men. In fact, for this group the bulk of the

earnings gap is due to labor market dynamics and the steepness of career earnings profiles.

The evidence on the four components that contribute to the steepness of these escalators

indicates that what drives the bulk of this wedge is the higher incidence of non-employment

and separations from full-time work among college-educated black men compared to college-

educated white men.

As shown in Figure 2, no matter what the education level of male black workers the

wage escalators they are on move up slower over their careers than those that their white

counterparts are on. For women, we find that this difference in career wage profiles is smaller

for black women, with gaps rising early in the career and leveling off or falling for those with

a high school or bachelor’s degree. This is not something that is particular to the low-skill

low-wage end of the labor market, with widening gaps more profound for black workers with

a college education or more.

To show that the increases in earnings gaps by cohort are not driven by the composition

of these groups in terms of observables, we also present results using adjusted earnings gaps

in Figure 2, depicted by the lines with markers. Even after adjusting for observables, the gaps

remain high for black men in all levels of educational attainment and black women with more

than a bachelor’s degree12.

Given the evidence on the four factors that drive these wage escalators that we presented

in the previous subsection, we take these results to indicate that more frequent transitions in

12Wage escalators for workers with some college or an associate’s degree are slightly steeper than wage
escalators for high school graduates.
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and out of work penalize black workers and contribute to growing earnings gaps over their

careers. A higher frequency of labor market transitions interrupt earnings growth, which has

very substantial cumulative effects over time.

Potential causes and implications

The evidence on career ladders that we present here is of slower earnings growth for black

workers than for white workers. Although our analysis stops short of documenting why this

occurs, there are several possible explanations worth exploring. One possibility is that these

differences are the result of explicit discrimination of black workers in the labor market. An-

other possibility is that these wage escalators amplify earlier differences in opportunities. For

example, Arcidiacono, Aucejo and Hotz (2016) provide evidence that minority students who

have access to lower quality schools in preparation for college choose different majors than

white students, putting them on different career trajectories. In addition, as Farber and Gib-

bons (1996), Altonji and Pierret (2001), and Oettinger (1996) have pointed out, the differences

in speed across wage escalators can also reflect different degrees of imperfect information, em-

ployer learning, and statistical discrimination in the labor market.

As emphasized by Coate and Loury (1993), it is hard to distinguish between causes and

consequences when we consider gaps in labor market outcomes of the types we document

here. The reason for this is that the outcomes we measure are a combination of opportunities,

perceptions, and endogenous responses. These endogenous responses to different speeds of

the wage escalator include workers’ incentives to participate in the labor market to begin with

(Elsby and Shapiro, 2009), invest in human capital and education, and build workplace-specific

expertise and relationships.

Our results suggest that such differences in opportunities, perceptions, and endogenous

responses lead to a substantial widening of earnings gaps over workers’ careers. We think this

is important to emphasize, because it makes us think about earnings gaps not as a static cross-

sectional concept but as a pervasive phenomenon that amplifies over workers’ lifetimes. In this

context, three things stand out when one thinks about potential policies aimed at reducing
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earnings gaps. First, given that these gaps exist across education levels, solely equalizing access

to education will only go so far in eliminating these effects. Secondly, because a large part of

earnings gaps accumulates during workers’ careers, workforce development policies that assist

workers in making career choices and finding the best early- and mid-career opportunities can

potentially help to reduce earnings gaps. In particular, focusing on eliminating the causes of

higher job churn for black workers seems to be relevant in this context.

Finally, given that these earnings gaps accumulate over decades during workers’ careers

and that the differences in the speeds of group-specific wage escalators have been relatively

constant over time, we only see limited effects of stabilization policies that aim to alleviate

the heterogeneous effects of business cycles on different groups. This does not mean that such

policies are not useful for other purposes, but the parts of the earnings gaps we highlight evolve

over much longer time spans than business cycles and, thus, are likely better addressed with

policies that focus on improving longer-run career outcomes of workers.

Conclusion

Earnings gaps between black and white workers remain large and difficult to explain. In fact,

over time, the part of these gaps unexplained by standard statistical models that relate labor

market outcomes to observable worker characteristics has been rising. We provide evidence,

based on data from the CPS, that suggests part of these unexplained earnings gaps reflects

differences in average race-gender-specific career wage profiles. Average career wage profiles

are substantially flatter for black than for white workers, especially for black men. This

suggests that moving beyond static characterizations of earnings gaps and towards analyses

of career ladders and wage escalators, both of which are affected by labor market dynamics,

is important. In particular, understanding more about the largely acyclical, but generally

outsized, flows of black workers, relative to whites, in and out of full-time (and part-time)

employment is important.

While the evidence provided here on the career profiles and wage escalators of black and
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white workers is incomplete and limited by the constraints of the CPS which does not allow

us to follow individual workers over time, it highlights the potential of further analysis. The

remarkable differences in the speeds of group-specific wage escalators that we uncovered with

this limited data suggests that it is important to follow individual workers’ career profiles in

more detail using alternative data sources.
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Figure 1: Black-white earnings gaps decomposed
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Source: Authors’ calculations based on the Current Population Survey, Bureau of Economic Analysis, 1979-2017

Note: Contributions from differences in mean observable characteristics and sources unexplained in our

model to percent differences in mean real earnings between black workers and their white counterparts;

annual observations; earnings deflated by PCEPI in 2009 Chained U.S. Dollars.

Page 20



Labor Market Dynamics and Black-White Earnings Gaps Daly, Hobijn, and Pedtke

Table 1: Summary statistics of labor market dynamics for black and white men and women

-White*** -Black*** -White*** -Black***
-fmale***e -fmale***e -female*** -female***

(a) Factor 1: early career earnings gaps

High school -–*** -14.6*** -–*** -06.1***
-–*** -0(0.4)*** -–*** -0(0.4)***

Bachelor’s -–*** -10.4*** -–*** -05.2***
-–*** -0(0.8)*** -–*** -0(0.6)***

More than bachelor’s -–*** -11.3*** -–*** -02.7***
-–*** -0(1.3)*** -–*** -0(0.9)***

(b) Factors 2 and 3: wage growth conditional on full-time to full-time status

Wage growth for job stayers -2.34*** -2.33*** -2.80*** -2.08***
Wage growth for job switchers -2.66*** -2.18*** -3.24*** -2.46***

Benefit of switching jobs -0.32*** -0.15*** -0.44*** -0.38***
-(0.11)*** -(0.42)*** -(0.12)*** -(0.36)***

Proportion full-time continuously -92.1*** -87.4*** -86.8*** -84.9***

Share of job stayers -45.4*** -40.4*** -48.6*** -42.8***
Share of job changers -54.6*** -59.6*** -51.4*** -57.2***

(c) Factor 4: employment transition rates

Annual full-time separation rate -08.1*** -12.5*** -13.0*** -14.8***
Annual full-time job-finding rate -07.6*** -12.5*** -13.2*** -15.2***

Monthly full-time separation rate+ -04.5*** -07.4*** -07.2*** -08.4***
Monthly full-time job-finding rate+ -06.5*** -07.3*** -04.9*** -06.6***

Monthly separation rate -03.6*** -06.0*** -04.6*** -05.8***
Monthly job-finding rate -07.2*** -07.7*** -05.0*** -05.9***

Standard errors in parentheses

Source: Authors’ calculations based on the Current Population Survey, Bureau of Economic Analysis

Notes: (a) Average percent earnings difference between early career black men and women and their white
counterparts by educational attainment. Full-sample averages controlling for year, 1979 through 2002.
(b) Average percent change in real wage for those full-time employed in both the reference month and 12
months prior, conditional on whether they are imputed to be in the same job in these two months or not.
Proportion of workers who were full-time in both the reference month and 12 months prior, along with share
of those who were in the same job and those who were in a different job. Averages from 1980 to 2017.
(c) Annual full-time transition rates (1980-2017) are for those employed full-time in the reference month or 12
months prior. Monthly full-time transition rates (1994-2017) are for those employed full-time in the reference
month or one month prior. Monthly employment transition rates (1979-2017) are for movements from
employed to non-employed and non-employed to employed.
+Monthly full-time employment designation only available 1994 onward; previously only available for

individuals reporting earnings in Outgoing Rotation Groups.
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Figure 2: Average black-white earnings gaps from early career (20-30 year olds) to experienced
(35-45 year olds) by gender
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Source: Authors’ calculations based on the Current Population Survey, Bureau of Economic Analysis, 1979-2016

Note: Average earnings gaps with white counterparts for synthetic cohorts in the CPS by educational

attainment over fifteen years; in year 0 cohorts are 17-27 for high school, 20-30 for bachelor’s, and 25-35 for

more than bachelor’s; cohort starting years 1979-2002. Adjusted gaps account for differences in mean age,

industry, occupation, and state.
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A Appendix

Table A.1: Summary statistics of labor market dynamics for black and white men and women
controlling for age, educational attainment, industry, occupation, and state by year.

-White*** -Black*** -White*** -Black***
-fmale***e -fmale***e -female*** -female***

(a) Factor 1: early career earnings gaps

High school -–*** -10.4*** -–*** -05.0***
Bachelor’s -–*** -08.3*** -–*** -05.7***
More than bachelor’s -–*** -06.1*** -–*** -01.9***

(b) Factors 2 and 3: wage growth conditional on full-time to full-time status

Wage growth for job stayers -2.46*** -2.65*** -2.94*** -2.30***
Wage growth for job switchers -2.56*** -1.98*** -3.11*** -2.30***

Benefit of switching jobs -0.10*** -0.67*** -0.16*** -0.00***
-(0.12)*** -(0.45)*** -(0.13)*** -(0.39)***

(c) Factor 4: employment transition rates

Annual full-time separation rate -08.2*** -11.2*** -13.2*** -13.7***
Annual full-time job-finding rate -07.7*** -11.5*** -13.4*** -14.2***

Monthly full-time separation rate+ -04.6*** -06.7*** -07.3*** -07.7***
Monthly full-time job-finding rate+ -06.6*** -06.6*** -04.9*** -06.5***

Monthly separation rate -03.7*** -05.5*** -04.7*** -05.4***
Monthly job-finding rate -07.6*** -05.9*** -05.1*** -04.9***

Standard errors in parentheses

Source: Authors’ calculations based on the Current Population Survey, Bureau of Economic Analysis

Notes: (a) Average of annual adjusted percent earnings gaps between early career black men and women and
their white counterparts by educational attainment, 1979 through 2002.
(b) See note b in Table 1

(c) See note c in Table 1
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A.1 Educational attainment

Table A.2: Educational attainment, 1979 and 2017

fWhite malee fBlack malee White female Black female

1979 2017 1979 2017 1979 2017 1979 2017

High school or below 56.1 31.5 72.5 40.5 59.9 22.8 64.3 31.7

Some college/associate’s degree 21.6 27.2 17.8 32.2 21.8 28.9 22.1 34.2

Bachelor’s 11.8 27.3 5.2 18.4 10.3 30.3 7.9 20.9

More than bachelor’s 10.5 14.1 4.5 8.9 8 18 5.8 13.2

Source: Authors’ calculations based on the Current Population Survey
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A.2 Early career earnings gaps

Table A.3: Full-sample average early career male black-white earnings gaps, year FE

High school Bachelor’s More than

bachelor’s

Black-white earnings gap 0.144 0.120 0.125

(0.003) (0.005) (0.008)

p-value, H0 : w̄W = w̄B, Ha : w̄W 6= w̄B 0.000 0.000 0.000

p-value, H0 : w̄W ≤ w̄B, Ha : w̄W > w̄B 0.000 0.000 0.000

p-value, H0 : w̄W ≥ w̄B, Ha : w̄W < w̄B 1.000 1.000 1.000

Number of observations, black 20081 6744 3666

Number of observations, white 176866 108666 71497

Standard errors in parentheses

Source: Authors’ calculations based on the Current Population Survey

Table A.4: Full-sample average early career female black-white earnings gaps, year FE

High school Bachelor’s More than

bachelor’s

Black-white earnings gap 0.053 0.058 0.066

(0.003) (0.004) (0.006)

p-value, H0 : w̄W = w̄B, Ha : w̄W 6= w̄B 0.000 0.000 0.000

p-value, H0 : w̄W ≤ w̄B, Ha : w̄W > w̄B 0.000 0.000 0.000

p-value, H0 : w̄W ≥ w̄B, Ha : w̄W < w̄B 1.000 1.000 1.000

Number of observations, black 19197 10457 5910

Number of observations, white 120892 115445 63054

Standard errors in parentheses

Source: Authors’ calculations based on the Current Population Survey
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A.3 Wage growth for continuously full-time workers

Table A.5: Average wage growth for continuously full-time

White male Black male White female Black female

Average wage growth for job stayers 2.34 2.33 2.80 2.08

Average wage growth for job switchers 2.66 2.18 3.24 2.46

Benefit of switching 0.32 -0.15 0.44 0.38

(0.11) (0.42) (0.12) (0.36)

p-value, H0 : ¯gsw = ḡst, Ha : ¯gsw 6= ḡst 0.00 0.73 0.00 0.29

p-value, H0 : ¯gsw ≤ ḡst, Ha : ¯gsw > ḡst 0.00 0.64 0.00 0.15

p-value, H0 : ¯gsw ≥ ḡst, Ha : ¯gsw < ḡst 1.00 0.36 1.00 0.85

Number of observations, job stayers 310493 24531 245127 31069

Number of observations, job switchers 367470 36116 253659 41195

Standard errors in parentheses

Source: Authors’ calculations based on the Current Population Survey

Table A.6: Average wage growth for continuously full-time, controlling for observables

White male Black male White female Black female

Average wage growth for job stayers 2.46 2.65 2.94 2.30

Average wage growth for job switchers 2.56 1.98 3.11 2.30

Benefit of switching 0.10 -0.67 0.16 0.00

(0.12) (0.45) (0.13) (0.39)

p-value, H0 : ¯gsw = ḡst, Ha : ¯gsw 6= ḡst 0.38 0.14 0.21 0.99

p-value, H0 : ¯gsw ≤ ḡst, Ha : ¯gsw > ḡst 0.19 0.93 0.10 0.50

p-value, H0 : ¯gsw ≥ ḡst, Ha : ¯gsw < ḡst 0.81 0.07 0.90 0.50

Number of observations, job stayers 310490 24443 245123 30950

Number of observations, job switchers 367453 35966 253634 41004

Standard errors in parentheses

Source: Authors’ calculations based on the Current Population Survey
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A.4 Employment transition rates

Figure A.1: Annual transition rates, full-time employment
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Source: Authors’ calculations based on the Current Population Survey, Bureau of Economic Analysis, 1994-2017

Note: Quarterly averages of annual transition rates; 4-quarter moving average.
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Figure A.2: Monthly transition rates, full-time employment

(a) Male, full-time to non-full-time

1994 1997 2000 2003 2007 2010 2013 2016

0

2

4

6

8

10

White

male

Black

male

(b) Female, full-time to non-full-time

1994 1997 2000 2003 2007 2010 2013 2016

0

2

4

6

8

10

White

female

Black

female

(c) Male, non-full-time to full-time

1994 1997 2000 2003 2007 2010 2013 2016

0

2

4

6

8

10

White

male

Black

male

(d) Female, non-full-time to full-time

1994 1997 2000 2003 2007 2010 2013 2016

0

2

4

6

8

10

White

female

Black

female

Source: Authors’ calculations based on the Current Population Survey, Bureau of Economic Analysis, 1994-2017

Note: Quarterly averages of monthly transition rates; 4-quarter moving average.
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Figure A.3: Monthly transition rates, any employment
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(c) Male, non-employed to employed
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Source: Authors’ calculations based on the Current Population Survey, Bureau of Economic Analysis, 1979-2017

Note: Quarterly averages of monthly transition rates; 4-quarter moving average.
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Employment transition rate regressions

Gender-specific regressions of the form:

ri = α + γBIB + X
′

iβ + εi (3)

where ri is an indicator variable for an employment transition, IB is an indicator variable for

being black, γB is the effect of being black on experiencing an employment transition, X
′
i is a

vector of controls and fixed effects with coefficients β, and εi is the error term.

Two specifications:

1. No controls

2. Year FE-educational attainment, year FE-age, year FE-state, year FE-industry (when

applicable), and year FE-occupation (when applicable). These regressions have high

dimensional fixed effects

These regressions apply to tables A.7 through A.12.
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Table A.7: Black-white gap in annual full-time to non-full-time transitions

Male Male Female Female

Black-white transition rate gap 0.044 0.030 0.018 0.005

(0.001) (0.001) (0.001) (0.001)

p-value, H0 : γB = 0, Ha : γB 6= 0 0.000 0.000 0.000 0.000

p-value, H0 : γB ≤ 0, Ha : γB > 0 0.000 0.000 0.000 0.000

p-value, H0 : γB ≥ 0, Ha : γB < 0 1.000 1.000 1.000 1.000

Number of observations 862002 861977 690798 690755

R-squared 0.002 0.040 0.000 0.046

Adjusted R-squared 0.002 0.034 0.000 0.038

Year FE X controls No Yes No Yes

Standard errors in parentheses

Source: Authors’ calculations based on the Current Population Survey

Table A.8: Black-white gap in annual non-full-time to full-time transitions

Male Male Female Female

Black-white transition rate gap 0.049 0.038 0.021 0.009

(0.001) (0.001) (0.001) (0.001)

p-value, H0 : γB = 0, Ha : γB 6= 0 0.000 0.000 0.000 0.000

p-value, H0 : γB ≤ 0, Ha : γB > 0 0.000 0.000 0.000 0.000

p-value, H0 : γB ≥ 0, Ha : γB < 0 1.000 1.000 1.000 1.000

Number of observations 856059 856059 691705 691705

R-squared 0.003 0.051 0.000 0.045

Adjusted R-squared 0.003 0.049 0.000 0.042

Year FE X controls No Yes No Yes

Standard errors in parentheses

Source: Authors’ calculations based on the Current Population Survey
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Table A.9: Black-white gap in monthly full-time to non-full-time transitions

Male Male Female Female

Black-white transition rate gap 0.029 0.020 0.012 0.004

(0.000) (0.000) (0.000) (0.000)

p-value, H0 : γB = 0, Ha : γB 6= 0 0.000 0.000 0.000 0.000

p-value, H0 : γB ≤ 0, Ha : γB > 0 0.000 0.000 0.000 0.000

p-value, H0 : γB ≥ 0, Ha : γB < 0 1.000 1.000 1.000 1.000

Number of observations 4652001 4652000 3696905 3696905

R-squared 0.002 0.029 0.000 0.038

Adjusted R-squared 0.002 0.028 0.000 0.037

Year FE X controls No Yes No Yes

Standard errors in parentheses

Source: Authors’ calculations based on the Current Population Survey

Table A.10: Black-white gap in monthly non-full-time to full-time transitions

Male Male Female Female

Black-white transition rate gap 0.008 0.000 0.018 0.016

(0.000) (0.000) (0.000) (0.000)

p-value, H0 : γB = 0, Ha : γB 6= 0 0.000 0.415 0.000 0.000

p-value, H0 : γB ≤ 0, Ha : γB > 0 0.000 0.208 0.000 0.000

p-value, H0 : γB ≥ 0, Ha : γB < 0 1.000 0.793 1.000 1.000

Number of observations 3259509 3259509 5271193 5271193

R-squared 0.000 0.033 0.001 0.024

Adjusted R-squared 0.000 0.032 0.001 0.024

Year FE X controls No Yes No Yes

Standard errors in parentheses

Source: Authors’ calculations based on the Current Population Survey
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Table A.11: Black-white gap in monthly employed to non-employed transitions

Male Male Female Female

Black-white transition rate gap 0.024 0.018 0.012 0.008

Standard error (0.000) (0.000) (0.000) (0.000)

p-value, H0 : γB = 0, Ha : γB 6= 0 0.000 0.000 0.000 0.000

p-value, H0 : γB ≤ 0, Ha : γB > 0 0.000 0.000 0.000 0.000

p-value, H0 : γB ≥ 0, Ha : γB < 0 1.000 1.000 1.000 1.000

Number of observations 9265290 9265289 8407499 8407495

R-squared 0.001 0.029 0.000 0.028

Adjusted R-squared 0.001 0.028 0.000 0.027

Year FE X controls No Yes No Yes

Standard errors in parentheses

Source: Authors’ calculations based on the Current Population Survey

Table A.12: Black-white gap in monthly non-employed to employed transitions

Male Male Female Female

Black-white transition rate gap 0.004 -0.017 0.010 -0.002

Standard error (0.000) (0.000) (0.000) (0.000)

p-value, H0 : γB = 0, Ha : γB 6= 0 0.000 0.000 0.000 0.000

p-value, H0 : γB ≤ 0, Ha : γB > 0 0.000 1.000 0.000 1.000

p-value, H0 : γB ≥ 0, Ha : γB < 0 1.000 0.000 1.000 0.000

Number of observations 4356012 4356012 7234181 7234181

R-squared 0.000 0.058 0.000 0.041

Adjusted R-squared 0.000 0.058 0.000 0.041

Year FE X controls No Yes No Yes

Standard errors in parentheses

Source: Authors’ calculations based on the Current Population Survey
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