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Abstract

The consequences of climate change are becoming increasingly visible in the form of

more severe wildfires, hurricanes, and flooding. As the science linking these disasters to

climate change has grown more robust, it has led to pressure on politicians to acknowl-

edge the connection. While an analysis of U.S. Congressional press releases reveals a

slight increase in politicians’ willingness to do so, many remain hesitant. Why? We hy-

pothesize that climate change attribution can backfire, harming politicians’ popularity

and undermining their ability to adapt to the visible manifestations of climate change.

We conduct an original survey experiment on a representative sample of American

adults and show that when a politician links wildfires to climate change, Republicans

perceive the official as less capable of addressing weather-related disasters. In addition,

Republicans become less supportive of efforts to protect against similar disasters in the

future. Our findings shed new light on the potential trade-offs of conveying the link

between climate change and its impacts.



1 INTRODUCTION

The past few years have witnessed a string of historic weather-related disasters, including

devastating wildfires in Australia, apocalyptic flooding in Germany, and deadly heat waves

across Europe. As these disasters multiply, a scientific consensus has coalesced around the

conclusion that the rise in extreme weather events is a direct consequence of human-induced

climate change (1 , 2 ). The growing visibility of climate change’s effects offers politicians

with what seems to be an opportunity. Whereas climate change has often been portrayed as

an international problem with future ramifications (3 ), attributing current, local disasters to

climate change has the potential to make climate change feel both more temporally pressing

and geographically immediate, two characteristics that ought to bolster support for action

on mitigation (4–6 ). In addition, even for politicians who may be less interested in mitiga-

tion efforts, blaming wildfires or floods on a phenomenon that predominantly represents an

international failure might help divert attention away from local failures, such as insufficient

forest management (a Republican talking point following the 2020 California wildfires) or

poorly maintained infrastructure.

Nevertheless, many politicians have shown a continued unwillingness to link severe weather

events to climate change, with such reticence emerging as a point of contention during the

2019-2020 Australian bushfires. During those fires the Australian Prime Minister was broadly

criticised for his refusal to discuss climate change as a factor in the fires’ severity, and one

junior lawmaker went so far as to explicitly deny any connection between the ongoing con-

flagration and global warming (7 ). Even some policymakers whom one might expect to

embrace the opportunity to highlight the consequences of climate change have, at times,

shown a surprising hesitancy to do so. For example, in a press release announcing that Cal-

ifornia had secured federal funding for its wildfire response and recovery effort, Democratic

Governor of California, Gavin Newsom, omitted any mention of the role climate change had

played in these fires (8 ). Perhaps even more telling, in Newsom’s candidate statement for

governor, issued in the run-up to the 2021 vote to recall him (an effort spearheaded by Re-
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publicans), Newsom stated that his administration was “investing in solutions for our most

pressing challenges–homelessness, education, infrastructure and wildfires.” Notably absent

from this statement was any acknowledgement of climate change or the fact that it has

been a central factor in exacerbating the wildfires Newsom’s administration has ostensibly

prioritized addressing.

None of this is to say that all politicians avoid making the connection between extreme

weather events and climate change. As we will show through observational data on U.S. Con-

gressional press releases, there has been some increase in politicians’ tendency to reference

climate change in connection with severe weather events, and while politicians like Newsom

sometimes seem to deliberately avoid mentioning climate change in connection with extreme

weather events, at other times they are more forthcoming. Nevertheless, there remains a

degree of wariness in many political quarters when it comes to connecting these two phe-

nomena. We seek to understand whether such wariness is warranted and, more generally, to

investigate whether climate change attribution can help politicians increase support for their

response to extreme weather events and for the policies that will be necessary to address an

increase in weather-related disasters in the future.

In order to answer these questions, we implemented a survey experiment, which we

fielded in two waves to nationally representative samples of eligible American voters. The

first wave was distributed in July 2021 to 3,103 respondents. The second was distributed

in October 2021 to 6,071 respondents. Both survey experiments and all of the analyses

included in the body of the paper were pre-registered and received prior approval from

Stanford and Princeton University’s Institutional Review Boards (See EGAP Registration

ID 20210628AC and OSF Preregistration DOI 10.17605/OSF.IO/5Q3AU; Also see Stanford

IRB Protocol 59948 and Princeton IRB Protocol 13528). Across both waves of the survey,

respondents were exposed to a short vignette about the 2020 wildfires in the Western United

States, followed by a statement, which we directly modeled on a real statement issued by a

politician from one of the impacted states. In the control version, the politician discussed

the effect of the wildfires and the need for action without mentioning the role of climate

2



change; in the treatment version, the politician offered the same statement but additionally

noted the role that climate change had played in contributing to the severity of the wildfires.

Our results suggest that politicians’ frequent hesitance to link natural disasters to climate

change may be a prudent political choice, at least in the United States. Specifically, we find

that among Republican respondents, those who saw the version of the politician’s statement

that mentioned climate change viewed that politician as less capable of addressing future

wildfires and less sympathetic towards wildfire victims, relative to those who saw the control

version. Perhaps our most striking result is that Republicans who saw the reference to climate

change also became less likely to support an energy tax intended to “protect against future

wildfires and other natural disasters,” suggesting climate change attribution may directly

undermine climate change adaptation. While these negative effects are concentrated among

conservative respondents, the weaker and generally non-significant effects among Democrats

and Independents suggest that, on the margin, attributing weather-related natural disasters

to climate change may be a losing political proposition with voters.

While previous work has explored the polarization of climate policy in the U.S. (9 , 10 ),

with some work suggesting that exposing Republicans to messaging on climate change may

make them more resistant to climate action (11–13 ), our findings reveal that linking climate

change to extreme weather events additionally makes Republicans less supportive of the

attributing politician and less willing to back adaptation efforts that we otherwise might not

expect to evoke a strong partisan response. In other words, linking weather-related disasters

to climate change may have the perverse effect of undermining politicians’ ability to respond

to those disasters.

Taken together, our research offers several important contributions. First, we provide

the first comprehensive evaluation of the degree to which politicians have been willing to

attribute extreme weather events to climate change over time. Although there has been some

limited work looking at media coverage linking climate change and extreme weather events

(14 , 15 ), we are unaware of any prior research that has sought to systematically capture

political rhetoric attributing severe weather events to climate change or that has sought to
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evaluate how this has changed as the science has improved.

Second, we contribute to a growing debate surrounding the advisability of linking weather-

related disasters to climate change. Despite the recent blitz of news articles forcefully high-

lighting the connection between extreme weather events and global warming, as well as a

growing chorus of voices urging politicians to be more explicit about this connection, our

findings suggest that there are concrete political trade-offs to doing so.

Finally, our work adds to a growing body of research investigating the determinants of

public opinion around climate change issues (16–18 ), revealing a previously unexplored way

in which climate change framing can produce an unexpected and undesirable backlash effect.

1.1 The Science and Politics of Attribution

A revolution in “attribution science” has enabled scientists to conclude that recent

weather events, such as droughts, heatwaves, wildfires, and storms have increased in severity

and intensity due to climate change (2 , 19 , 20 ). This conclusion has been prominently

echoed in recent reports by the internationally influential, Intergovernmental Panel on Cli-

mate Change (IPCC), which has expressed increasingly greater certainty about the connec-

tion between climate change and extreme weather, with the 2018 IPCC report marking a

landmark in the forcefulness with which this conclusion was reached (1 ).

The increase in scientific consensus means that advocates of climate action no longer

need to refer exclusively to predictions about the future to engender action. It also means

that skeptics of climate change have less room to create doubt in the public mind about

whether climate change is happening. How might this affect the politics of climate change?

An expanding group of scholars has sought to evaluate how politics might change as the

consequences of climate change become ever more visible, with a variety of recent studies

evaluating the impact of severe weather events on affected individuals’ beliefs (21–25 ) and

voting behaviors (26 ) around climate change. Yet a related question to how extreme weather

events impact individuals’ perceptions of climate change is how politicians’ framing of these

events influences voter perceptions of politicians’ ability to respond to climate-related dis-
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asters, as well as voters’ willingness to contribute to this response. Considering that elite

framing plays a central role in public belief formation (27 ), and considering that politicians

increasingly need not only to encourage policies that prevent more climate change in the fu-

ture but also policies that respond to the consequences of climate change today, the drivers

and consequences of politicians’ framing of extreme weather events is an important area of

study.

Although there are several apparent benefits to politicians of linking extreme weather

events to climate change, we suspect that, in the U.S. context, the risks may outweigh them.

Specifically, because there is a substantial partisan divide in the U.S. over climate change,

we hypothesize that attributing a disaster to climate change could prime Republicans on

their partisan identities, leading them to view efforts to combat future disasters through

a negative, partisan lens, thus directly undermining support for future disaster adaptation

and mitigation efforts. In addition, we hypothesize that climate change attribution could

backfire on the politician herself via several interrelated mechanisms. First, to the extent that

Republicans believe that blaming a severe weather event on climate change is misguided, it

could lead them to believe that the attributing politician does not have a good understanding

of the true causes of such occurrences and will be ineffective at preventing these events

in the future. Second, because of the negative, partisan association of climate change for

Republicans, the politician’s reference to it may act less as a signal of scientific understanding

and more as a cue of ideological divergence (28 ). This, in turn, could make Republicans see

the politician as less likable, and to the extent that individuals want to believe that their

own beliefs and ideologies are “correct,” this is also likely to make the politician seem less

knowledgeable and/or competent. Finally, the reference to climate change may simply elicit

an emotional reaction among Republicans. Past research has shown that emotions provide

individuals with a quick lens through which to interpret new events or information (29 ), and

since climate change is likely to have a negative emotional association for more conservative

respondents, they may then be inclined to view a politician who is mentioning climate change

in response to a natural disaster in a negative light across the board.
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On the flip side, because climate change is more likely to be viewed as a scientific fact

among Democrats (and as less partisan), and because Democrats are likely to already think

of extreme weather events as linked to climate change, making this link explicit is less likely

to impact their preferences, thereby offering politicians seeking to build a winning re-election

coalition little upside from climate change attribution.

Predicting these reactions, many politicians will have incentives to avoid linking disasters

to climate change, even if such a link is scientifically warranted.

1.2 The Willingness to Attribute

In order to understand the incentives U.S. politicians do or do not have to engage in

climate change attribution, it is useful first to map out what the state of attribution looks

like among American policymakers and how this has evolved as the science linking climate

change to extreme weather events has improved. We, therefore, began by compiling a dataset

of press releases by members of the U.S. Congress that would allow us to measure the degree

of climate change attribution over time (2009-2020). Though only one potential corpus of

political rhetoric, press releases offer an ideal and well-established means of evaluating elite

rhetoric towards voters, given that these publications are directly targeted at constituents,

represent substantial monetary investments, and have been shown to be strong signals of

political agendas (30 , 31 ). Our dataset contains all available press releases about extreme

weather events in the specified time period. We used this dataset to determine which of the

press releases also referenced climate change (see Supplementary Materials Section S3.1 for

details and for examples of climate change attribution in weather-related press releases).

6



Figure 1: Climate Change Attribution in Weather-Related Press
Releases
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Figure 1 shows the evolution of climate change attribution by party membership. While

both parties have somewhat increased their level of attribution, even among the greener

Democratic party and following the definitive 2018 IPCC report (indicated with a vertical

red line), the percentage of climate references never actually reaches 20%. Moreover, the

vast majority of extreme weather-related press releases do not reference climate change at

all, an observation that holds regardless of extreme weather event type (see Supplementary

Materials Section S3.2).

The press releases introduce a puzzle: why have politicians largely refrained from climate

change attribution, even as the science linking climate change and weather-related disasters

has improved? Our answer to this puzzle focuses on politicians’ need to appeal to voters.

While it is well understood that politicians may also seek to cater to special interest groups

and party donors, suggesting that not all political rhetoric is voter-targeted, a substantial

literature in American politics, as well as observable behavior by politicians (such as invest-

ments into assessing the popularity of political messages among constituents) suggests that

politicians care deeply about how constituents view their communications.
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We thus ask: how do voters’ perceptions of politicians change when politicians highlight

the connection between severe weather events and climate change? In addition, when politi-

cians highlight the link between these two phenomena does this make voters more or less

supportive of efforts to combat the immediate impacts of climate change?

2 RESULTS

2.1 Assessing The Consequences of Climate Change Attribution

In order to answer these questions, we first fielded a survey experiment in July 2021 to a

nationally representative sample of 3,103 American adults. In the experiment, we presented

all respondents with a short description of the devastating 2020 wildfires that tore across the

Western United States. We chose to focus on these wildfires because this was a case in which

climate change attribution occurred at an unusually high rate (see Supplementary Materials

Section S3.2) and because there is a robust consensus that recent fires in California were

exacerbated by severe drought conditions that were spurred by climate change (32 , 33 ).

The brief description of the fires was followed by a statement, which we truthfully told

respondents was modeled on a real statement made by a politician in one of the impacted

states. We deliberately designed the statement to be as close as possible to language used by

politicians during these wildfires in their communications with constituents, thus ensuring

a realistic treatment. The first wave of the survey (unlike the second) did not reveal any

additional information about the politician in question (a longer discussion of and justifica-

tion for the research design can be found in Supplementary Materials Section S2). Half of

our respondents saw a version of the political statement that made no reference to climate

change. The other half saw the same statement, except now it included additions that ex-

plicitly linked the wildfires to climate change. The political statement is reproduced below,

with the treatment additions bold and bracketed:

We are no stranger to wildfires in our great state, but the wildfires this year

have been particularly severe[, partially as a result of climate change]. We
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need to work together to fight these fires now, support our communities in the

aftermath, and later work to prevent future devastation[ from climate change].

In meeting the immediate challenge of the fires that are already burning, we are

enormously grateful to the federal firefighters who are risking their lives to save

life and property, and to the disaster response officials who are working day and

night to assist families who have lost everything. But, we can do more.

After respondents read this statement, they saw a series of questions. The first set of

questions gauged respondents’ views of the politician’s competence and likeability. We asked

how confident respondents were that the politician 1) would work to prevent future wildfires,

2) has a good understanding of wildfires and their causes, and 3) will be an effective advocate

for federal disaster relief. For each of these three questions, respondents could choose from

“extremely confident” to “not confident at all.” We also asked respondents how sympathetic

or unsympathetic they thought the politician was towards those impacted by the fires.

Second, we probed respondents’ support for a tax that was intended to protect against

future wildfires. This question read: “The government is considering imposing an energy

tax to protect against future wildfires and other natural disasters. This tax is projected to

increase the average American household’s energy bill by 10-20%. How likely would you be

to support this new tax?”

Our survey design allows us to assess several related questions. First, we wanted to know

whether voters view a politician who partially attributes the 2020 wildfires to climate change

as more or less competent. Considering that scientists generally agree that recent California

fires were made worse by climate change (32 , 33 ), one might expect an educated, rational

respondent to view a politician who acknowledges the connection between these fires and

global warming as one who has a solid understanding of wildfires and will be more cognizant

of the necessary steps that must be taken to prevent such fires in the future. One might

also think that voters would view a politician who understands that climate change has

contributed to wildfires as more informed, which in turn may make such an individual a

better advocate for his or her constituents. By contrast, under our hypotheses, we would
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expect a divergence between Republican and Democratic respondents, whereby Republicans

view a politician who references climate change as less competent than a politician who does

not.

Second, using the question on the politician’s level of sympathy, we wanted to establish

whether voters find the politician’s reference to climate change to be inappropriate or off-

putting. One could imagine a rational voter viewing a politician who references climate

change as equally or more competent than one who did not, but such a voter still might

perceive a reference to climate change in the context of a human tragedy as politically

motivated and/or insensitive.

Finally, using the energy tax question, we sought to evaluate the effect of climate change

attribution on respondents’ support for adaptation efforts that could help protect against the

future ramifications of climate change. Considering that the tax was presented as something

that the government, more broadly, was considering, and given the tax was pitched not as

a solution to climate change but as a response to future disasters, we wanted to see if any

negative reactions to attribution might also spill over into a broader backlash against policies

intended to address the problem of extreme weather events.

2.2 Findings from First Wave of Survey

Table 1 presents summary statistics from the first wave of the survey for our main out-

come variables in the control condition by respondents’ party. Across all outcomes, lower

numbers reflect more negative views among respondents (i.e. lower confidence in the politi-

cian, lower perceived sympathy by the politician, and lower support for a tax). The summary

statistics give us a sense of the baseline, pre-treatment, differences between respondents. We

can see that on average Democrats are more likely to express confidence in the politician’s

understanding of wildfires, their ability to prevent future wildfires, and that they will be an

effective advocate for federal disaster relief. Similarly, Democrats are more likely to see the

politician as sympathetic towards victims and to express support for the energy tax. These

pre-treatment differences may partially reflect the fact that the states most effected by the

10



fires skew Democratic.

Table 1: Summary Statistics for Outcome Variables in the Control Condition

Party Democrat Republican

Variable N Mean SD N Mean SD

How confident are you that the politician:

(0 = “Not Confident At All”, 2 = “Extremely Confident”)

has a good understanding of wildfires and their causes? 733 1.297 0.671 587 1.061 0.713

will work to prevent future wildfires? 733 1.293 0.64 587 1.111 0.684

will be an effective advocate for federal disaster relief? 733 1.342 0.626 587 1.126 0.644

How sympathetic or unsympathetic did the politician

seem towards those impacted?

(0 = “Extremely Unsympathetic”’, 4 = “Extremely Sympathetic”) 733 3.188 0.833 587 2.974 0.892

How likely would you be to support the new tax?

(0 = “Extremely Unlikely”’, 4 = “Extremely Likely”) 732 2.347 1.209 586 1.433 1.296

Notes: All differences in means between Democrats and Republicans are statistically significant at the 5%
level.

Figure 2 presents our first set of results. The figure shows the effect of the treatment

on perceptions of the politician’s competence. We show the estimated treatment effects

for the full sample, while also showing the subgroup effects on those that self-identify as

Republican, Democrat, or Independent. Error bars denote 95% (dotted lines) and 90%

(solid line) confidence intervals.
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Figure 2: Treatment Effect on Confidence in Politician

Notes: This figure presents the effect of our treatment on the full sample and by respondents’ party identifi-
cation. All three variables are on a three-point scale ranging from 0 (“Not confident at all”) to 2 (“Extremely
confident”). All regressions use OLS and control for respondent gender, income, race and level of education.

The results show that while the average treatment effects are statistically indistinguish-

able from zero, this aggregate effect hides substantial heterogeneity by party. Specifically,

the top panel of Figure 2 shows that Republicans, when treated, expressed less confidence

in the politician’s understanding of wildfires. The coefficient is -0.13 on a 3-point scale, rep-

resenting 18% of a standard deviation decrease in the outcome. For the average Republican

respondent this is equivalent to a move from between “somewhat confident” and “extremely

confident” to somewhere between “somewhat confident” and “not confident at all.” Treated

Republicans were also 0.12 points less confident that the politician would work to prevent
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future wildfires, also representing 18% of a standard deviation decrease in the outcome. For

the average Republican respondent this is equivalent to a move from between “somewhat

confident” and “extremely confident” to somewhere between “somewhat confident” and “not

confident at all.” Similarly, Republicans felt less confidence that the politician would be an

effective advocate for federal disaster relief, though this result is noisy and not statistically

significant, something which may be attributable to the fact that at the time this was fielded,

the federal government, across both executive and legislative branches was majority Demo-

cratic. Interestingly, as shown in Supplementary Materials Sections S5.7 and S5.8 we find

the same negative backlash effects among Republicans even when sub-setting to those who

believe climate change is happening, as well as to those who have a high degree of engage-

ment in climate change news. This suggests that the backlash effect is not being driven

solely by respondents who have poor knowledge about or a lack of belief in climate change.

Whereas Republicans respond to the climate change treatment by viewing the politician

more negatively, these effects are not mirrored among Democrats or Independents. Instead,

we see small and inconsistent effects among Independents and a weakly positive effect of the

treatment on Democrats, though the coefficients for Democrats are consistently smaller than

for Republicans and do not reach conventional levels of significance.

We next turn to how the treatment affected respondents’ perception of the politician’s

sympathy towards those impacted. The results, shown in Figure 3 reveal that now the

average treatment effect is negative, with respondents viewing a politician who mentions

climate change in connection with the wildfires as less sympathetic towards the victims of

those fires. Yet when we look at this by subgroup, we see that this effect is almost entirely

driven by Republicans, who take on a substantially more negative view of the politician’s

levels of sympathy when that politician references climate change as a contributor to the

fires. The coefficient here is -0.18 on a 5 point scale, representing 20% of a standard devi-

ation decrease in the outcome. For the average Republican respondent, this means a move

from between “neither sympathetic nor unsympathetic” and “somewhat sympathetic” down-

wards towards “neither sympathetic nor unsympathetic.” Interestingly, the coefficient for
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Democrats is almost exactly zero, meaning that this is not simply about all voters thinking

that the politician is using the wildfires to posture or make an insensitive political point.

Rather, this effect is concentrated among Republicans.

Figure 3: Treatment Effect on Perception of Politician’s Sympathy

Notes: This figure presents the effect of our treatment on the full sample and by respondents’ party iden-
tification. For the dependent variable, a value of 0 denotes “extremely unsympathetic,” while a value of 4
denotes “extremely sympathetic.” All regressions use OLS and control for respondent gender, income, race
and level of education.

Finally, we turn to the effect of the climate change treatment on support for a tax intended

to help address future wildfires, presented in Figure 4. Again, the treatment looks notably

different by subgroup. Whereas the effect for Republicans is strongly negative and statis-

tically significant (16% of a standard deviation decrease in the outcome), meaning treated

respondents become less supportive of a tax meant to help communities adapt to future

wildfires, the effect for Democrats is only slightly negative and not statistically significant.
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Figure 4: Treatment Effect on Support for Energy Tax

Notes: This figure presents the effect of our treatment on the full sample and by respondents’ party identi-
fication. The dependent variable is the respondent’s likelihood of supporting the tax. A value of 0 denotes
“extremely unlikely,” while a value of 4 denotes “extremely likely.” All regressions use OLS and control for
respondent gender, income, race and level of education.

2.3 Findings from Second Wave of Survey

Our first set of results shows that when politicians link extreme weather events to cli-

mate change it produces a broad backlash effect among Republican respondents, one that

affects both these respondents’ views of the politician herself, as well as respondents’ will-

ingness to pay a tax intended to help protect against future disasters. Notably, we do not

find a commensurate increase in support for the politician or willingness to pay this tax

among Democrats or Independents. These findings are an important contribution to our

understanding of the politics of climate change attribution. We know that citizens look to

elites, such as politicians, to help them interpret the world around them (27 ). We also

know that politicians are motivated by the desire to retain office. Our results suggest that

in Republican-leaning or competitive districts, politicians could actually harm their reelec-

tion chances if they attempt to attribute or otherwise connect weather-related disasters to

climate change. Perhaps even more perverse, linking weather-related disasters to climate

change seems to undermine individuals’ willingness to support policies intended to address

extreme weather events in the future, a particularly concerning outcome given that if climate
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change continues, extreme weather events are projected to increase in severity going forward

(1 ).

At the same time, one potential critique of our results is that respondents are simply

inferring the politician’s party based on whether that politician does or does not mention

climate change. Considering that we know from our press release data that Republican

politicians are less likely to engage in climate change attribution in practice, this would rep-

resent a logical conclusion and thus might suggest that respondents are not so much reacting

to attribution as they are to their assumptions about the politician’s party identification. In

order to evaluate this possibility, we replicated our survey experiment in October 2021, ex-

cept now we randomized whether the politician was identified as a Democrat or a Republican

(the new version was fielded to double the respondents to retain equivalent power). As seen

in Figures 5, 6, and 7, across every outcome described in the previous section, Republicans

continued to exhibit a strong, consistent backlash effect, regardless of whether the politician

was identified as a Republican or a Democrat, allaying concerns that our initial results were

due to respondents inferring the politician’s party. Our new experiment similarly found

broadly consistent results for Democratic respondents, such that the treatment generally

led to weakly positive results that were smaller than the commensurate Republican results

and did not reach the level of significance. There were two exceptions to this. First, in the

updated version, treated Democrats thought both Democratic and Republican politicians

had a better understanding of wildfires and their causes than untreated Democrats, and this

was significant at the 95% confidence level, offering some small support for a valence effect

among Democrats. Likewise, we found that treated Democratic respondents were more likely

to support a wildfire tax when the politician was a Republican, though the positive effect

size was smaller than the negative effect size for Republicans, and this effect did not hold

when the politician was a Democrat, making us wary of strong interpretations.
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Figure 5: Treatment Effect on Confidence in Politician, by the Party of Politician
(Second Wave)

Notes: This figure presents the effect of our treatment on the full sample and by respondents’ party
identification, split by the party identification of the politician. All three variables are on a three-point scale
ranging from 0 (“Not confident at all”) to 2 (“Extremely confident”). All regressions use OLS and control

for respondent gender, income, race and level of education.
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Figure 6: Treatment Effect on Perception of Politician’s Sympathy, by the Party of
Politician (Second Wave)

Notes: This figure presents the effect of our treatment on the full sample and by respondents’ party
identification, split by the party identification of the politician. Each panel presents the treatment effect on

the full sample and by subgroups of respondent party identification. The dependent variable is on a
five-point scale ranging from 0 (“Extremely unsympathetic”) to 4 (“Extremely sympathetic”). All

regressions use OLS and control for respondent gender, income, race and level of education.

Figure 7: Treatment Effect on Support for Energy Tax, by the Party of Politician
(Second Wave)

Notes: This figure presents the effect of our treatment on the full sample and by respondents’ party
identification, split by the party identification of the politician. Each panel presents the treatment effect on

the full sample and by subgroups of respondent party identification. The dependent variable is on a
five-point scale ranging from 0 (“Extremely unlikely”) to 4 (“Extremely likely”). All regressions use OLS

and control for respondent gender, income, race and level of education.

The consistency of our results across the two survey waves adds robustness to our initial

findings and ensures that they are not merely due to respondents making assumptions about

the politician’s party. However, it is important to note that this does not mean that re-

spondents are inferring nothing about the politician’s ideology from the treatment. Indeed,

as discussed previously, we expect that a combination of partisan priming and ideological
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signaling helps account for the backlash effects among Republican respondents. Yet what

the second wave of our survey crucially shows that the first wave could not is that these

backlash effects hold regardless of whether the politician is or is not a co-partisan. This,

therefore, drives home the dangers to politicians of either party, who need to win over some

Republican voters, of engaging in climate change attribution.

We also used the second wave of our survey to probe the mechanism behind our results

a bit more, particularly why we see so little positive movement across the board among

treated Democrats. To this end, we asked respondents whether they thought wildfires in

the U.S. would be more or less common in the next decade than in the past decade, with

outcome options of “Less common” (coded 0), “Neither more nor less common” (coded 1),

or “More common” (coded 2). Our expectation was that if we were correct and Democrats

were not updating from the treatment, given existing priors, we should see no effect of

treatment on Democrats. The results are shown in Figure 8. Since they do not substantially

differ by whether the politician was a Republican or a Democrat we pool them for ease

of interpretation (the separated versions can be found in Supplementary Materials S6.4.3).

As expected, we do find that treated Democrats look practically identical to untreated

Democrats (though considering that the average pre-treatment response for Democrats in

our sample was 1.62 with a standard deviation of 0.6, this could be partially attributable to

a ceiling effect). Yet we also find something we had not anticipated: treated Republicans

decided wildfires would be less common in the future than untreated Republicans. What

might account for this?
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Figure 8: Treatment Effect on Beliefs about Wildfire Frequency

Notes: This figure presents the effect of the treatment on the full sample and by respondents’ party identifi-
cation. The dependent variable is the respondents’ belief about how frequent wildfires will become in the next
10 years. The values range from 0 (“Less common”) to 1 (“Neither more nor less common”) to 2 (“More
common”). All regressions use OLS and control for respondent gender, income, race and level of education.

We believe that there are two possible explanations. These explanations may also shed

additional light on the mechanism driving the Republican backlash against the tax to prevent

future wildfires. The first possibility is that in addition to eliciting an emotional response

and offering ideological cues about the politician, the treatment also leads to what is known

as “motivated reasoning” – the notion that new information is filtered through existing

preconceptions and partisan goals, thus shaping how that information is interpreted (34 ,

35 ). The second possibility is that Republicans are simply engaging in partisan cheerleading

or insincere shows of partisan solidarity. Notably, there has been some debate in recent

years over whether motivated reasoning causes true factual updating or simply cheap talk

(cheerleading), whereby partisans profess factual beliefs they don’t really hold (36 , 37 ), a

debate we are unable to resolve here.

To elaborate, the average baseline belief among untreated Republicans was closest to

an expectation that wildfires would be more common in the future (the average untreated

Republican in our sample had a value of 1.443 on a 0 to 2 scale). Thus, if motivated

reasoning is at play, it would appear that once it is suggested that the increase in fires is due

to climate change, a suggestion that presumably conflicts with Republicans’ partisan priors,
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Republicans revisit their original assumptions. They then decide that the seeming increase

in fires must be due to chance. Alternatively, if this is a case of partisan cheerleading, it

suggests that when presented with the climate change treatment Republicans retain their

original beliefs but take this question as an opportunity to express the party line.

Similar dynamics are likely at play when it comes to the wildfire tax. Specifically, when

asked about their support for a wildfire tax, it seems likely that the treatment either makes

Republicans determine that such a tax is less necessary than they might otherwise have

thought, since wildfires are not in fact going to be a more common event going forward (mo-

tivated reasoning), or it causes Republicans to oppose the tax out of a pure desire to express

disapproval of something now viewed in a negative, partisan way (partisan cheerleading).

While we are unable and, indeed, do not purport to adjudicate between these two expla-

nations, the implication from the perspective of the politician determining whether or not

to acknowledge a link between extreme whether events and wildfires is effectively identical:

in either case, drawing attention to the role of climate change reduces support for policies

aimed at addressing future fires (while also undermining support for the politician herself).

Perversely, this backlash may occur despite a sincere effort on the part of the politician to

point out that there are likely to be more wildfires in the future and hence a greater need

for policies to address them going forward.

2.4 Is There Any Good News for Climate Change Attribution?

The results thus far paint a fairly pessimistic picture of the political benefits of climate

change attribution. Yet an outstanding question is whether, even if climate change attri-

bution backfires on the politician herself, while undermining efforts for adaptation, it might

nevertheless be a net positive when it comes to support for climate change mitigation. Given

that the primary argument for attribution is precisely that it could make the public more

supportive of efforts to reduce greenhouse gases, we wanted to evaluate whether this was the

case. To do so, we added two new questions into our second wave that touched on climate

change preferences. These questions came after respondents had already finished responding
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to questions about the politician and the wildfire tax, an ordering that was intended to

ensure that asking about climate change did not treat respondents unintentionally. The first

question that we asked was modeled after the original wildfire tax question, except now we

told respondents to imagine that instead of funding wildfire prevention, the goal of the tax

was to reduce the emissions that contribute to climate change. The second question offered

respondents a list of personal steps they could take to reduce their own carbon footprint, and

for each action respondents were asked how likely they would be to take it. Options included

using public transit or biking to work, reducing home energy use, taking fewer flights, buy-

ing carbon offsets, and considering purchasing an electric vehicle. The respondents’ attested

willingness to engage in each action was then added together to produce a score, with higher

numbers indicating a greater willingness to take positive action to reduce emissions.

While we leave the full results to the Supplementary Materials for the sake of space,

they unfortunately do not offer much evidence that attribution bolsters support for climate

action. Instead, the treatment had weak and inconsistent effects on both Democrats and

Republicans. At the same time, for reasons discussed in Supplementary Materials Section

S6.4.1, we shy away from interpreting this as compelling evidence against any benefit of

attribution and instead take it to suggest that, in line with the rest of the paper’s findings,

the upside to attribution is not as obvious or clear-cut as sometimes suggested.

3 DISCUSSION

This paper has explored the politics of attributing weather-related disasters to climate

change. We showed that even as the science connecting these two phenomena has improved,

politicians’ willingness to acknowledge the relationship publicly has increased only slightly,

with the change almost entirely concentrated among Democrats. Such continued reticence

introduces a puzzle: why do politicians remain so hesitant to link weather-related disasters

and climate change? More generally, we sought to understand the political tradeoffs of

making this connection, as this might help inform the decisions of politicians going forward.

Our results are both surprising and somewhat disturbing.
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We find that politicians who link weather-related natural disasters like wildfires to climate

change are viewed by Republicans as less understanding of wildfires and their causes, less

likely to work to prevent future wildfires, and less sympathetic towards those impacted by

the wildfires. In addition, seeing a statement linking wildfires to global warming also makes

Republicans less willing to support a tax intended to protect against future wildfires and

other natural disasters. Moreover, even though the effects that we found are concentrated

among those who self-identify as Republican, we did not find a consistent or commensurately

positive, countervailing effect among Democrats or Independents. On the plus side, the lack

of backlash among Democrats likely suggests that our findings are not driven by respondents

broadly viewing references to climate change in the wake of a disaster as political posturing

or as otherwise inappropriate at a time when the focus should be on victims. At the same

time, the fact that politicians do not significantly improve their image among Democrats

when they reference climate change, combined with the fact that climate change attribution

does not offer a clear win for encouraging climate action, suggests that, particularly for

those politicians in competitive or Republican-leaning districts, climate change attribution

not only is a potentially ineffective strategy, but it also is a politically dangerous one.

Taken as a whole, this paper adds to the growing body of literature aimed at under-

standing how the politics of global warming will change as its visible manifestations become

more readily apparent. Amid a rising trend of news sources loudly proclaiming the link

between the rise in extreme weather events and the broader phenomenon of climate change,

our findings instill a note of caution. Whereas the science linking weather-related disasters

and global warming may be increasingly clear, the politics of doing so remains murky.

4 MATERIALS AND METHODS

Our survey sample was recruited by Lucid and fielded using the online Qualtrics platform.

Lucid provides a nationally representative sample of the U.S. adult population, balanced on

gender, age, race, and geographic region. As mentioned in the main body of the paper,

the survey was fielded in two waves. Both waves were approved by the institutional review
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boards of both Princeton and Stanford University. The first wave was launched in July

2021 to 3,103 respondents. The second was launched in October 2021 to 6,071 respondents.

Random assignment was used for the treatment.

While Supplementary Materials Section S5.2 shows the results all hold with ordered logit,

all results presented in the body of the paper are estimated using the OLS model below:

Yi = β0 + τTreatedi +X′
iϕ+ ϵi (1)

Where Yi is an ordinal response variable recording respondent i’s views, such that lower

numbers reflect more negative or less supportive views (i.e. lower confidence in the politician,

lower perceived sympathy by the politician, or lower support for a tax). β0 is an intercept

term. Treated is a binary variable that denotes whether the respondent was presented

with the version of the prompt that mentions climate change. Xi is a vector of controls

(and ϕ the associated coefficient vector) including the respondent’s gender, level of income,

race, and whether they are college educated. We included controls in the main analysis, to

reduce variance in the estimated treatment effects for the primary analysis. However, we

also show in Supplementary Materials Sections S5.4 and S6.2 that the results are the same

when controls are dropped.

Results presented in the paper are unweighted, as our randomized treatment and large

sample sizes ensure that our sub-group treatment effects are not an artifact of having too few

respondents in any given subgroup. This is consistent with work showing that unweighted

sample average treatment effects from nationally representative samples collected by promi-

nent survey firms should be sufficient (38 ). Nonetheless, we do also replicate our main results

using weighted samples in Supplementary Materials Section S5.9 and find that the results

hold.
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S1.1 First wave
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 Page 1 of 9 

2020 was the worst year on record for wildfires in the Western United States. In Oregon, 
wildfires burned more than one million acres and killed 11 people, while in California, wildfires 
consumed several million acres and killed over 30 people. The 2020 wildfires also prompted 
mass evacuations. Thousands of residents across the West Coast have now lost their homes to 
the fires, and many of these individuals are still struggling to rebuild. 
 
The following text is based on a real statement made during the wildfires by a politician in one of 
the impacted states. Please read the politician's statement carefully. After you have read it, we 
will ask for your opinions. 
 
 
We are no stranger to wildfires in our great state, but the wildfires this year have been 
particularly severe[, partially as a result of climate change]. We need to work together to 
fight these fires now, support our communities in the aftermath, and later work to 
prevent future devastation[ from climate change]. In meeting the immediate challenge of 
the fires that are already burning, we are enormously grateful to the federal firefighters 
who are risking their lives to save life and property, and to the disaster response officials 
who are working day and night to assist families who have lost everything. But, we can 
do more. 
 
 
 
 

 
 
After reading the statement by the politician, how confident are you that the politician:  

 Extremely confident Somewhat confident Not confident at all 

will work to prevent 
future wildfires  o  o  o  

has a good 
understanding of 
wildfires and their 

causes  
o  o  o  

will be an effective 
advocate for federal 

disaster relief  o  o  o  
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 Page 2 of 9 

Based on the politician's statement, how sympathetic or unsympathetic did the politician seem 
towards those impacted? 

o Extremely sympathetic  

o Somewhat sympathetic  

o Neither sympathetic nor unsympathetic  

o Somewhat unsympathetic  

o Extremely unsympathetic  
 
 
 
The government is considering imposing an energy tax to protect against future wildfires and 
other natural disasters. This tax is projected to increase the average American household's 
energy bill by 10-20%. How likely would you be to support this new tax? 

o Extremely likely  

o Somewhat likely  

o Neither likely nor unlikely  

o Somewhat unlikely  

o Extremely unlikely  
 
 
 
Please rank the following actors based on who you believe should bear the most 
responsibility to fund efforts to prevent future wildfires. Rank as 1 the actor that you think 
should bear the most responsibility and as 3 the actor you think should bear the least 
responsibility. 
______ Local/state government 
______ The federal government 
______ The international community 
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 Page 3 of 9 

Have you ever lost a home or been forced to evacuate due to wildfires? 

o Yes  

o No  
 
 
 
Do you know someone who has lost a home or been forced to evacuate due to wildfires? 

o Yes  

o No  

o Not sure  
 
 
Page Break  
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 Page 4 of 9 

End of Block: CA Wildfire Block  
Start of Block: attention 

 
 
You just answered several questions about a natural disaster. What type of natural disaster was 
it? 

o Earthquake  

o Hurricane  

o Flood  

o Wildfire  

o Draught  
 

End of Block: attention  
Start of Block: Climate Views 
 
Recently, you may have noticed that climate change has been getting some attention in the 
news. Climate change refers to the idea that the world’s average temperature has been 
increasing over the past 150 years, may be increasing more in the future, and that the world’s 
climate may change as a result. How confident are you in governments' ability to prevent 
the worst consequences of climate change? 

o Extremely confident  

o Somewhat confident  

o Not confident at all  

o I don't believe climate change is happening  
 
 
Page Break  
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 Page 5 of 9 

 
How often do you discuss climate change with your friends and family? 

o At least once a week  

o At least once a month  

o Several times a year  

o Once a year or less often  

o Never  
 
 
 
How often do you hear or read about climate change in the media? 

o At least once a week  

o At least once a month  

o Several times a year  

o Once a year or less often  

o Never  
 

End of Block: Climate Views  
Start of Block: Closing 
 
Did you experience any problems while completing this survey? 

________________________________________________________________ 
 
 
 
Thank you for your time. Do you have any additional comments about the survey? 

________________________________________________________________ 
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 Page 6 of 9 

After you have finished typing comments, click the button below to complete the survey and 
submit your answers 
 

End of Block: Closing  
Start of Block: Politics 
 
Generally speaking, do you think of yourself as a ... 

o Republican  

o Democrat  

o Independent  

o Another party, please specify 
________________________________________________ 

o No preference  
 
 
 
Would you call yourself a ... 

o Strong Republican  

o Not very strong Republican  
 
 
 
Would you call yourself a ... 

o Strong Democrat  

o Not very strong Democrat  
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 Page 7 of 9 

Do you think of yourself as closer to the ... 

o Republican Party  

o Democratic Party  

o Neither party  
 

End of Block: Politics  
Start of Block: Demographics 
 
Finally, we would like to ask a few questions about your background 
 
 
What is your gender? 

o Male  

o Female  

o Other, please specify ________________________________________________ 
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 Page 8 of 9 

What racial or ethnic group best describes you? 

o White  

o Black or African American  

o Hispanic or Latino  

o Native American  

o Asian or Asian American  

o Middle Eastern  

o Mixed Race  

o Some other race, please specify 
________________________________________________ 

 
 
 
What is the highest level of school you have completed? 

o Did not graduate from high school  

o High school graduate  

o Some college, but no degree (yet)  

o 2-year college degree  

o 4-year college degree  

o Postgraduate degree (MA, MBA, MD, JD, PhD, etc)  
 
 
 
In what state do you currently reside? 

▼ Alabama ... US territory not listed 
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 Page 9 of 9 

 
Thinking back to the year prior to the pandemic (2019), what was your family's annual income? 

o Less than $10,000  

o $10,000 - $14,999  

o $15,000 - $19,999  

o $20,000 - $24,999  

o $25,000 - $29,999  

o $30,000 - $39,999  

o $40,000 - $49,999  

o $50,000 - $59,999  

o $60,000 - $69,999  

o $70,000 - $79,999  

o $80,000 - $89,999  

o $90,000 - $99,999  

o $100,000 - $119,999  

o $120,000 - $149,999  

o $150,000 or more  
 

End of Block: Demographics  
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S1.2 Second wave
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2020 was the worst year on record for wildfires in the Western United States. In Oregon, 
wildfires burned more than one million acres and killed 11 people, while in California, wildfires 
consumed several million acres and killed over 30 people. The 2020 wildfires also prompted 
mass evacuations. Thousands of residents across the West Coast have now lost their homes to 
the fires, and many of these individuals are still struggling to rebuild. 
 
The following text is based on a real statement made during the wildfires by a 
[Republican/Democratic] politician in one of the impacted states. Please read the politician's 
statement carefully. After you have read it, we will ask for your opinions. 
 
 
We are no stranger to wildfires in our great state, but the wildfires this year have been 
particularly severe[, partially as a result of climate change]. We need to work together to 
fight these fires now, support our communities in the aftermath, and later work to 
prevent future devastation[ from climate change]. In meeting the immediate challenge of 
the fires that are already burning, we are enormously grateful to the federal firefighters 
who are risking their lives to save life and property, and to the disaster response officials 
who are working day and night to assist families who have lost everything. But, we can 
do more. 
 
 
 
 

 
 
After reading the statement by the politician, how confident are you that the politician:  

 Extremely confident Somewhat confident Not confident at all 

will work to prevent 
future wildfires  o  o  o  

has a good 
understanding of 
wildfires and their 

causes  
o  o  o  

will be an effective 
advocate for federal 

disaster relief  o  o  o  
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Based on the politician's statement, how sympathetic or unsympathetic did the politician seem 
towards those impacted? 

o Extremely sympathetic  

o Somewhat sympathetic  

o Neither sympathetic nor unsympathetic  

o Somewhat unsympathetic  

o Extremely unsympathetic  
 
 
 
The government is considering imposing an energy tax to protect against future wildfires and 
other natural disasters. This tax is projected to increase the average American household's 
energy bill by 10-20%. How likely would you be to support this new tax? 

o Extremely likely  

o Somewhat likely  

o Neither likely nor unlikely  

o Somewhat unlikely  

o Extremely unlikely  
 
 
 
Thinking about the next decade, do you think wildfires will be more or less common in the 
United States than during the past decade? 

o More common  

o Neither more nor less common  

o Less common  
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Please rank the following actors based on who you believe should bear the most 
responsibility to fund efforts to prevent future wildfires. Rank as 1 the actor that you think 
should bear the most responsibility and as 3 the actor you think should bear the least 
responsibility. 
______ Local/state government 
______ The federal government 
______ The international community 
 
 
 
Have you ever lost a home or been forced to evacuate due to wildfires? 

o Yes  

o No  
 
 
 
Do you know someone who has lost a home or been forced to evacuate due to wildfires? 

o Yes  

o No  

o Not sure  
 
 
Page Break  
  

16



 

 Page 4 of 7 

End of Block: CA Wildfire Block  
Start of Block: attention 

 
 
You just answered several questions about a natural disaster. What type of natural disaster was 
it? 

o Earthquake  

o Hurricane  

o Flood  

o Wildfire  

o Drought  
 

End of Block: attention  
Start of Block: climate preferences 
 
We previously asked if you would support a tax to protect against wildfires and other natural 
disasters. Imagine that, instead, the government was considering a tax to reduce the 
emissions that cause climate change. This alternative tax would similarly increase the 
average American household's energy bill by 10-20%. How likely would you be to support such 
a tax? 

o Extremely likely  

o Somewhat likely  

o Neither likely nor unlikely  

o Somewhat unlikely  

o Extremely unlikely  
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There are numerous steps you can take in your daily life to help reduce the emissions that 
cause climate change. How likely would you be to take the following actions? 

 Extremely 
likely 

Somewhat 
likely 

Neither likely 
nor unlikely 

Somewhat 
unlikely 

Extremely 
unlikely 

Use public 
transport or 
bike to work  o  o  o  o  o  

Reduce 
home energy 

use  o  o  o  o  o  
Take fewer 

flights  o  o  o  o  o  
Buy carbon 

offsets  o  o  o  o  o  
Consider 

purchasing 
an electric 

vehicle  
o  o  o  o  o  

 
 

End of Block: climate preferences  
Start of Block: Climate Views 
 
Recently, you may have noticed that climate change has been getting some attention in the 
news. Climate change refers to the idea that the world’s average temperature has been 
increasing over the past 150 years, may be increasing more in the future, and that the world’s 
climate may change as a result. How confident are you in governments' ability to prevent 
the worst consequences of climate change? 

o Extremely confident  

o Somewhat confident  

o Not confident at all  

o I don't believe climate change is happening  
 
 
Page Break  
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How often do you discuss climate change with your friends and family? 

o At least once a week  

o At least once a month  

o Several times a year  

o Once a year or less often  

o Never  
 
 
 
How often do you hear or read about climate change in the media? 

o At least once a week  

o At least once a month  

o Several times a year  

o Once a year or less often  

o Never  
 

End of Block: Climate Views  
Start of Block: Closing 
 
Did you experience any problems while completing this survey? 

________________________________________________________________ 
 
 
 
Thank you for your time. Do you have any additional comments about the survey? 

________________________________________________________________ 
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After you have finished typing comments, click the button below to complete the survey and 
submit your answers 
 

End of Block: Closing  
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Appendix S2: Additional details on survey design

When designing a survey experiment, there is inevitably a tension between providing

more or less detail. Though recent work suggests that the tradeoffs here are less stark than

previous scholars have feared (39 ), here we briefly provide some additional information on

the reasoning behind certain design choices in this regard. First, regarding details of the

politician making the statement about wildfires, though the second wave specified the politi-

cian’s political party, in neither wave did we attempt to name an individual, nor did we

specify the specific office that the politician held. On the first decision, not to name an indi-

vidual, this was done because real politicians frequently elicit strong reactions from voters,

meaning that any effect would be difficult to disentangle from the individual. Likewise, we

worried that if we noted, for example, that the speaker was a governor or senator, because

the wildfires of 2020 only occurred in a handful of states, some respondents might automati-

cally assume the speaker to be a specific person, such as Gavin Newsom or Dianne Feinstein,

thereby introducing similar concerns to those involved in naming the person. Although the

lack of specificity theoretically left the door open on whether the speaker was a national

politician or more local one, this should not materially change respondents’ interpretation

of the politician’s comments. After all, both members of the U.S. Congress and state leg-

islatures, much like governors and mayors, have obligations to their local constituents in

the wake of disasters. Likewise, even if national politicians have more direct influence over

U.S. climate policy, state politicians can and often have taken the lead in climate initiatives,

initiatives which have then influenced national policies (40 ). Moreover, to the extent that

climate change increases the future severity of wildfires, a reasonable respondent might con-

clude that either a national or local politician who mentions climate change will be better

at anticipating and appropriately preparing for these events down the road. For all of these

reasons, one could imagine similar reasons that both local and national politicians might

want to acknowledge or avoid acknowledging climate change in the wake of a disaster.

One other design decision that is important to discuss was the decision to leave open
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in the politician’s statement the proposed policy action. As noted in the paper, this was

partially done to reflect how statements of real politicians look. Yet an even more important

reason for this decision was that we view respondents’ assumptions around how politicians

will address extreme weather events, dependent on their beliefs about those events’ source, as

part of the treatment. If a politician believes fires are being exacerbated by climate change,

a reasonable response might not only include pressure for state or federal efforts on climate

change, but it might also suggest this problem is likely to get worse in the future, meaning

more should be spent on fire preparedness. If the politician doesn’t mention climate change,

they not only are perhaps less likely to invest in solving climate change, but a respondent

might also reasonably conclude they are less likely to anticipate that fires will become more

severe in the future, meaning they might under-invest. The implications of these assumptions

(negative or positive) for how politicians are perceived are a central part of what we want

to test. Furthermore, if we were to have the politician state intended political actions, we

would either have to make those actions the same across treatment and control or we would

have to vary them. The first option would be unrealistic and/or attenuate the treatment,

since likely actions should vary depending on whether the speaker thinks climate change is

the culprit. The second option would undermine the clean execution of the survey design.

Appendix S3: Press release data

S3.1 Scraping congressional press releases

We used ProPublica’s Congressional Press Release database to construct our dataset on

extreme weather-related press releases. The database provides a comprehensive set of links

to press releases by members of Congress but does not itself provide the text of the press

releases. To obtain the text, we first queried the links and then scraped the text of all

available congressional press releases from 2009 to 2020 for all members of Congress (41 ).

We then subset this collection to press releases that dealt specifically with extreme weather-

related events, as indicated by their title. We did this by searching the title for the presence
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of the terms storm, flood, extreme weather, weather event, heat wave, hurricane, tornado,

fire, wildfire, or natural disaster. Press releases for which we could not find the text online

were removed (Unfortunately, a substantial percentage (35%) of press releases issued are no

longer on the internet, and therefore their content is not able to be scraped. We assume that

the missingness of press releases is systematically unrelated to whether or not they linked

extreme weather to climate change). This process yielded 4,885 press releases that dealt

with extreme weather related events.

We next captured the presence of climate change related terms in the body of these press

releases as a measure of climate change attribution. We coded a press release as mentioning

climate change if it contained any of the following two-word phrases: warming planet, climate

crisis, climate change, climatic change, global warming, or climate emergency.

Below are three fairly typical examples of press releases that explicitly mention climate

change (we have added italics for emphasis). As can be seen, climate change references come

in different forms and serve different purposes. While these references are often adapted

to the topic of the press release, they are usually not highly detailed, a feature we tried to

mirror in our survey.

In this first press release, we see the reference to climate change is used to emphasize the

need for more disaster preparedness, while also signaling the speaker’s understanding of the

scope of the problem:

Feinstein Announces $2.5 Billion For California Flood Control Projects:

“Senator Dianne Feinstein (D-Calif.) today announced that California is receiv-

ing $2.5 billion dollars for construction of seven of the highest priority flood

control projects and two flood control studies. The construction projects are

expected to be completed in three to five years. “California communities face

significant risk of flooding, which will only grow as climate change leads to sea

level rise and ever more unpredictable storms. It’s essential that we upgrade the

state’s flood control infrastructure and these $2.5 billion in federal funds will pro-

vide significant progress toward that goal,” said Senator Feinstein. As ranking
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member of the energy and water appropriations subcommittee, Feinstein secured

$4.5 billion for flood control projects in a recent bill to fund disaster relief and

preparedness, with more than half of funds awarded to California projects.”

In the second press release, we see the reference to climate change is a bit more oblique.

Though there is an implication here that climate change is related to sea level rise and the

recent storm, we also see a shying away from directly and unambiguously linking the two:

Warner, Kaine, Taylor Announce Nearly $4.6 Million In Hurricane

Matthew Disaster Relief:

“Today, U.S. senators Mark R. Warner and Tim Kaine and U.S. representative

Scott Taylor announced that the city of Virginia Beach will receive $4,588,677

from the Federal Emergency Management Agency (FEMA) to alleviate the finan-

cial burden of debris removal following Hurricane Matthew. Hurricane Matthew

brought torrential rain and winds to Hampton roads in October 2016, flooding

about 1,400 properties across the region.“Hurricane Matthew dealt a blow to Vir-

ginia Beach, and we are grateful that FEMA will help alleviate the cost of debris

removal for the local community,” Warner, Kaine and Taylor said. “we’re proud

to announce today’s disaster relief funding, and we will work together to address

the threats of sea level rise, climate change, and increasingly powerful storms

that impact Hampton roads.” Today’s funding is authorized under section 407

of the Robert t. Stafford act.”

Finally, in this last press release, the climate change reference is used as a weapon to

signal that the opposing party is out of touch with science (and reality):

Rep. Doggett Reaction to Republican Refusal to Postpone Thurs-

days Tax Vote Despite Evacuation of Over One Million for Hurricane

Florence: “U.S. Congressman Lloyd Doggett (D-TX), a senior member of the

House Ways & Means Committee, offered the below comment on the Republi-

can refusal to postpone the tax vote as Hurricane Florence approaches:“while we
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knew they didn’t believe in climate change, now House Republicans apparently

don’t even believe in hurricanes. Is questioning gravity next? No natural disaster

is big enough to slow republicans from another human-made disaster—borrowing

hundreds of billions more to lock in tax breaks for the wealthiest few.””

S3.2 Press releases broken down by disaster

To offer a better sense of which types of extreme weather events lead to climate attribu-

tion, we also broke down the press releases by the type of disaster mentioned in the title.

This is useful in the sense that it is possible that politicians are far more likely to attribute

certain extreme weather events than others to climate change, and if those types of extreme

weather events make up only a small portion of press releases, we might be understating

the increase in attribution. Figure S1 shows that climate attribution remains rare across all

different types of extreme weather events, though wildfires, hurricanes, and tornadoes seem

to engender a higher likelihood of climate change attribution than the remaining categories.

One potential exception to the low level of attribution was during the height of the 2020

wildfire season, during which around 29% of wildfire-related press releases mentioned climate

change, an increase that may partially reflect the fact that many of the impacted states and

regions lean strongly Democratic.
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Figure S1: Climate Change Attribution by Type of Extreme Weather
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Notes: This figure includes Democrats, Republicans and Independents. We exclude heatwaves from the plot since there
were too few heatwave related press releases in our data.

Appendix S4: Study summary statistics and demograph-

ics

S4.1 Summary statistics for demographics

Table S1 presents summary statistics for respondent demographic variables that we use

in our main results. Both survey waves are included, and we can see that the two sam-

ples are very similar in their demographic composition. Note that in both samples, a small
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percentage of respondents do not report their household income and/or their proximity to

wildfires, as these are optional questions. Throughout all analyses, we code as Republican

respondents who identify as ‘Strong Republican’, ‘Not very strong Republican’, ‘Leaning

Republican’, or ‘Independent Republican’. Democrats are defined analogously. Indepen-

dents are respondents who identify as ‘Independent’ or as ‘Neither leaning Democrat nor

Republican’.

Table S1: Summary Statistics for Demographics Variables

wave First Wave Second Wave

Variable NotNA Mean Sd NotNA Mean Sd

Republican 3103 0.365 0.482 6071 0.338 0.473

Democrat 3103 0.479 0.5 6071 0.418 0.493

Independent 3103 0.156 0.363 6071 0.244 0.429

Female 3103 0.511 0.5 6071 0.504 0.5

White 3103 0.718 0.45 6071 0.73 0.444

Attended College 3103 0.701 0.458 6071 0.671 0.47

Lost Home Due to Wildfires 3100 0.074 0.262 6063 0.087 0.281

Know Someone Who Lost Home Due to Wildfires 3102 0.242 0.429 6066 0.287 0.452

Household Income 2935 5808

... Less than $14,999 413 14.1% 1155 19.9%

... $15,000 to $19,999 171 5.8% 367 6.3%

... $20,000 to $24,999 194 6.6% 403 6.9%

... $25,000 to $29,999 177 6% 345 5.9%

... $30,000 to $34,999 167 5.7% 347 6%

... $35,000 to $39,999 164 5.6% 280 4.8%

... $40,000 to $44,999 126 4.3% 248 4.3%

... $45,000 to $49,999 140 4.8% 266 4.6%

... $50,000 to $54,999 184 6.3% 302 5.2%

... $55,000 to $59,999 86 2.9% 182 3.1%

... $60,000 to $64,999 95 3.2% 150 2.6%

... $65,000 to $69,999 89 3% 127 2.2%

... $70,000 to $74,999 94 3.2% 163 2.8%

... $75,000 to $79,999 100 3.4% 178 3.1%

... $80,000 to $84,999 63 2.1% 105 1.8%

... $85,000 to $89,999 57 1.9% 83 1.4%

... $90,000 to $94,999 37 1.3% 82 1.4%

... $95,000 to $99,999 60 2% 120 2.1%

... $100,000 to $124,999 168 5.7% 323 5.6%

... $125,000 to $149,999 142 4.8% 205 3.5%

... $150,000 to $174,999 78 2.7% 142 2.4%

... $175,000 to $199,999 37 1.3% 76 1.3%

... $200,000 to $249,999 44 1.5% 75 1.3%

... $250,000 and above 49 1.7% 84 1.4%

S4.2 Summary statistics for outcome variables in second wave

Table S2 presents the summary statistics for our outcome variables by major party for

respondents in the control condition for the second wave. This gives us a sense of the baseline
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(pre-treatment) differences between respondents for the second wave, as Table 1 in the main

body of the paper does for the first wave. As before, we can see that on average, Democrats

are more likely to express confidence in the politician’s understanding of wildfires, their

ability to prevent future wildfires, and that they will be an effective advocate for federal

disaster relief. Similarly, they are more likely to see the politician as sympathetic towards

the victims of the wildfires, and to express support for the energy tax.

Table S2: Summary Statistics for Outcome Variables in the Control Condition in Second Wave

party Democrat Republican

Variable N Mean SD N Mean SD

How confident are you that the politician:

(0 = “Not Confident At All”, 2 = “Extremely Confident”)

has a good understanding of wildfires and their causes? 1304 1.199 0.682 1027 1.043 0.728

will work to prevent future wildfires? 1304 1.256 0.656 1027 1.094 0.705

will be an effective advocate for federal disaster relief? 1304 1.300 0.637 1027 1.152 0.687

How sympathetic or unsympathetic did the politician

seem towards those impacted?

(0 = “Extremely Unsympathetic”’, 4 = “Extremely Sympathetic”) 1304 3.087 0.873 1027 2.956 0.941

How likely would you be to support the new tax?

(0 = “Extremely Unlikely”’, 4 = “Extremely Likely”) 1304 2.288 1.212 1027 1.346 1.320

Appendix S5: First wave additional results and robust-

ness of results

S5.1 Results about levels of government responsible

One alternative explanation for our results about support for a tax is that the treatment

makes respondents more likely to think of wildfires as an international, rather than a national,

local, or state issue. In other words, priming on climate change could elicit a free-riding

effect, whereby respondents feel less individual responsibility for helping future victims. To

assess this possibility, both versions of our survey asked respondents to rank which actors

they thought should bear the most responsibility to fund efforts to prevent future wildfires:

local/state government, the federal government, or the international community. If the

treatment caused respondents to view the international community as substantially more
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responsible, this could help explain respondents’ decreased willingness to support a tax as

well.

Figure S2 presents the estimated treatment effect on respondents’ rankings of levels of

government by their responsibility to fund efforts to prevent future wildfires, for our original

survey. Perhaps surprisingly, here we see Democrats and Republicans uniformly respond to

treatment by allocating responsibility away from the local and state government, and toward

the Federal government. At the same time, respondents do not appear to be consistently

allocating responsibility towards the international community, and given that these results

do not replicate to the second wave (as shown in Supplementary Materials Section S6.4.2),

we are wary about drawing strong conclusions about this question. At most we can say that

we fail to find evidence that our results are driven by respondents allocating responsibility for

wildfire prevention and relief to the international community, and it generally seems unlikely

that reduced support for the wildfire tax is driven by a free-riding effect.
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Figure S2: Effect of Treatment on Level of Government Perceived to be Responsible for Wildfire
Prevention

S5.2 Main results with ordered logit

This section presents the treatment effects of the survey experiment from the first wave,

estimated using ordered logit instead of OLS. The coefficients here can be interpreted as

estimated changes in the log-odds of a respondent selecting a higher value of the dependent

variable. As we can see, from the figures below, all coefficients and confidence intervals are

in the same direction and order of magnitude as in our OLS analysis, leaving our substantive

conclusions robust to our choice of estimation strategy.
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Figure S3: Ordered Logit: Treatment Effect on Confidence in Politician

Notes: This figure presents the effect of our treatment on the full sample and by subgroups of party identifi-
cation. Each coefficient represents the estimated change in the log-odds of the respondent choosing a higher
level of the dependent variable. The dependent variables for each panel are listed above the panel. All three
variables are on a three-point scale ranging from 0 (“Not confident at all”) to 2 (“Extremely confident”). All
regressions control for respondent gender, income, race and level of education.
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Figure S4: Ordered Logit: Treatment Effect on Perception of Politician’s Sympathy

Notes: This figure presents the effect of our treatment on the full sample and by subgroups of party identifi-
cation. Each coefficient represents the estimated change in the log-odds of the respondent choosing a higher
level of the dependent variable. The dependent variable is the respondents’ perception of how sympathetic
the politician seemed towards the victims of the wildfires. So a value of 0 denotes ‘extremely unsympathetic’,
while a value of 4 denotes ‘extremely sympathetic’. All regressions control for respondent gender, income,
race and level of education.

Figure S5: Ordered Logit: Treatment Effect on Support for Energy Tax

Notes: This figure presents the effect of our treatment on the full sample and by subgroups of party identifi-
cation. Each coefficient represents the estimated change in the log-odds of the respondent choosing a higher
level of the dependent variable. The dependent variable is the respondents’ likelihood of supporting the tax.
So a value of 4 denotes ‘extremely likely’, while a value of 0 denotes ‘extremely unlikely’. All regressions
control for respondent gender, income, race and level of education.

S5.3 Main results - tabular

This section presents the main regression results in the body of the paper from the first

wave, in tabular format with more details such as the sample size. Here treat denotes the
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treatment variable of interest, while female, white, and college are dummy variables for

respondent gender, race, and whether respondents have attended or completed college or

higher level of education. Regressions also include fixed effects for income level, which is

a 24-level variable capturing annual household income from $15,000 or less to $250,000 or

more in increments of $5,000.

The first column of each table presents the results pooling respondents of all party iden-

tifications. Columns 2-4 estimate the same regression for subsets of respondents identifying

as Republicans, Democrats or Independents, respectively.

Table S3: Effect of Treatment on Confidence That Politician Understands Wildfires

Dependent variable:

has a good understanding of wildfires and their causes?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.001 −0.133∗∗∗ 0.062∗ 0.094
(0.026) (0.044) (0.036) (0.069)

female 0.063∗∗ 0.130∗∗∗ −0.043 0.143∗∗

(0.026) (0.045) (0.036) (0.069)

white −0.147∗∗∗ −0.214∗∗∗ −0.031 −0.119
(0.030) (0.070) (0.038) (0.074)

college −0.112∗∗∗ −0.206∗∗∗ −0.077∗ −0.034
(0.031) (0.052) (0.042) (0.074)

Observations 2,935 1,078 1,411 446
R2 0.020 0.065 0.018 0.052
Adjusted R2 0.011 0.041 −0.002 −0.009
Residual Std. Error 0.706 (df = 2907) 0.714 (df = 1050) 0.661 (df = 1383) 0.700 (df = 418)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level
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Table S4: Effect of Treatment on Confidence That Politician Will Work to Prevent Future Wildfires

Dependent variable:

will work to prevent future wildfires?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.028 −0.121∗∗∗ 0.042 −0.024
(0.025) (0.043) (0.035) (0.066)

female 0.076∗∗∗ 0.145∗∗∗ −0.020 0.134∗∗

(0.026) (0.044) (0.035) (0.066)

white −0.089∗∗∗ −0.152∗∗ −0.008 −0.010
(0.029) (0.068) (0.037) (0.071)

college −0.055∗ −0.056 −0.047 −0.087
(0.030) (0.051) (0.041) (0.071)

Observations 2,935 1,078 1,411 446
R2 0.014 0.047 0.016 0.077
Adjusted R2 0.005 0.022 −0.004 0.018
Residual Std. Error 0.685 (df = 2907) 0.698 (df = 1050) 0.647 (df = 1383) 0.671 (df = 418)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level

Table S5: Effect of Treatment on Confidence That Politician Will be an Effective Advocate

Dependent variable:

will be an effective advocate for federal disaster relief?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.005 −0.056 0.041 −0.025
(0.024) (0.040) (0.033) (0.063)

female 0.080∗∗∗ 0.077∗ 0.036 0.155∗∗

(0.024) (0.040) (0.033) (0.064)

white −0.080∗∗∗ −0.202∗∗∗ 0.005 0.062
(0.028) (0.063) (0.035) (0.068)

college −0.005 −0.078∗ 0.041 0.006
(0.028) (0.047) (0.039) (0.068)

Observations 2,935 1,078 1,411 446
R2 0.014 0.046 0.028 0.056
Adjusted R2 0.005 0.022 0.009 −0.005
Residual Std. Error 0.646 (df = 2907) 0.644 (df = 1050) 0.614 (df = 1383) 0.642 (df = 418)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level
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Table S6: Effect of Treatment on Politician’s Level of Sympathy

Dependent variable:

How sympathetic or unsympathetic did the politician seem towards those impacted?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.079∗∗ −0.178∗∗∗ −0.004 −0.072
(0.034) (0.058) (0.046) (0.093)

female 0.130∗∗∗ 0.179∗∗∗ 0.055 0.159∗

(0.034) (0.059) (0.046) (0.094)

white −0.043 −0.079 0.077 −0.005
(0.039) (0.092) (0.049) (0.100)

college −0.004 −0.066 0.050 −0.084
(0.040) (0.068) (0.054) (0.100)

Observations 2,935 1,078 1,411 446
R2 0.019 0.045 0.032 0.057
Adjusted R2 0.009 0.021 0.013 −0.004
Residual Std. Error 0.918 (df = 2907) 0.942 (df = 1050) 0.848 (df = 1383) 0.949 (df = 418)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level

Table S7: Effect of Treatment on Support for Tax

Dependent variable:

How likely would you be to support this new tax?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.085∗ −0.211∗∗∗ −0.053 −0.009
(0.049) (0.078) (0.066) (0.116)

female 0.085∗ 0.120 −0.110∗ 0.351∗∗∗

(0.049) (0.078) (0.066) (0.117)

white −0.453∗∗∗ −0.475∗∗∗ −0.107 −0.379∗∗∗

(0.056) (0.122) (0.070) (0.125)

college −0.114∗∗ −0.181∗∗ −0.029 −0.215∗

(0.057) (0.091) (0.078) (0.125)

Observations 2,930 1,076 1,408 446
R2 0.040 0.078 0.027 0.110
Adjusted R2 0.031 0.055 0.008 0.053
Residual Std. Error 1.308 (df = 2902) 1.254 (df = 1048) 1.218 (df = 1380) 1.184 (df = 418)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level

S5.4 Main results without controls

This section presents our main regression results from the first wave without any control

variables added. This is equivalent to a simple difference in means between the treatment

35



and control group. Since the treatment is randomly assigned and the sample size is large,

adding control variables should not change the estimated treatment effects but can add

precision. The tables below, however, show that even without control variables, we do not

lose precision in any of our estimated treatment effects to the extent of making them lose

their levels of significance. The magnitudes and directions of all our main results are also

preserved when removing controls.

Table S8: Effect of Treatment on Confidence That Politician Understands Wildfires, excluding
controls

Dependent variable:

has a good understanding of wildfires and their causes?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.003 −0.140∗∗∗ 0.051 0.124∗

(0.026) (0.043) (0.034) (0.064)

Constant 1.161∗∗∗ 1.061∗∗∗ 1.297∗∗∗ 0.973∗∗∗

(0.018) (0.029) (0.025) (0.045)

Observations 3,103 1,133 1,487 483
R2 0.00001 0.009 0.002 0.008
Adjusted R2 −0.0003 0.008 0.001 0.006
Residual Std. Error 0.711 (df = 3101) 0.726 (df = 1131) 0.661 (df = 1485) 0.701 (df = 481)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions include no controls or fixed effects

Table S9: Effect of Treatment on Confidence That Politician Will Work to Prevent Future Wildfires,
excluding controls

Dependent variable:

will work to prevent future wildfires?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.022 −0.125∗∗∗ 0.036 0.030
(0.025) (0.042) (0.033) (0.062)

Constant 1.182∗∗∗ 1.111∗∗∗ 1.293∗∗∗ 1.004∗∗∗

(0.017) (0.028) (0.024) (0.045)

Observations 3,103 1,133 1,487 483
R2 0.0003 0.008 0.001 0.0005
Adjusted R2 −0.0001 0.007 0.0001 −0.002
Residual Std. Error 0.685 (df = 3101) 0.701 (df = 1131) 0.642 (df = 1485) 0.682 (df = 481)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions include no controls or fixed effects
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Table S10: Effect of Treatment on Confidence That Politician Will be an Effective Advocate,
excluding controls

Dependent variable:

will be an effective advocate for federal disaster relief?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.001 −0.053 0.036 −0.001
(0.023) (0.039) (0.032) (0.058)

Constant 1.221∗∗∗ 1.126∗∗∗ 1.342∗∗∗ 1.071∗∗∗

(0.016) (0.027) (0.023) (0.042)

Observations 3,103 1,133 1,487 483
R2 0.00000 0.002 0.001 0.00000
Adjusted R2 −0.0003 0.001 0.0002 −0.002
Residual Std. Error 0.648 (df = 3101) 0.649 (df = 1131) 0.620 (df = 1485) 0.641 (df = 481)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions include no controls or fixed effects

Table S11: Effect of Treatment on Politician’s Level of Sympathy, excluding controls

Dependent variable:

How sympathetic did the politician seem?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.079∗∗ −0.189∗∗∗ −0.017 −0.014
(0.033) (0.057) (0.044) (0.087)

Constant 3.042∗∗∗ 2.974∗∗∗ 3.188∗∗∗ 2.742∗∗∗

(0.022) (0.037) (0.031) (0.062)

Observations 3,103 1,133 1,487 483
R2 0.002 0.010 0.0001 0.0001
Adjusted R2 0.002 0.009 −0.001 −0.002
Residual Std. Error 0.923 (df = 3101) 0.948 (df = 1131) 0.853 (df = 1485) 0.956 (df = 481)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions include no controls or fixed effects
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Table S12: Effect of Treatment on Support for Tax, excluding controls

Dependent variable:

How likely would you be to support this new tax?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.083∗ −0.200∗∗∗ −0.055 0.014
(0.047) (0.076) (0.063) (0.109)

Constant 1.894∗∗∗ 1.433∗∗∗ 2.347∗∗∗ 1.618∗∗∗

(0.033) (0.054) (0.045) (0.079)

Observations 3,097 1,131 1,483 483
R2 0.001 0.006 0.001 0.00003
Adjusted R2 0.001 0.005 −0.0002 −0.002
Residual Std. Error 1.321 (df = 3095) 1.283 (df = 1129) 1.217 (df = 1481) 1.200 (df = 481)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions include no controls or fixed effects

S5.5 Main results for subset with exposure to wildfires

This section presents our main results but only for the subset of respondents in the first

wave who reported either having lost their home due to wildfires or who know someone who

has. Since our sample size here is small (N=754), we do not have enough statistical power to

estimate the same treatment effects as we have in our main results. Nevertheless, we report

the results here for completeness.

As the second columns of each of the tables below show, Republican respondents still

react negatively to the politician and to the tax, although our coefficients are considerably

nosier than in the full sample. While we are unable to draw strong conclusions here, we do

find suggestive evidence that being personally exposed to wildfires does not seem to eliminate

the backlash effect.
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Table S13: Effect of Treatment on Confidence That Politician Understands Wildfires, for Wildfire
Exposed Respondents

Dependent variable:

has a good understanding of wildfires and their causes?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.066 −0.164 −0.037 0.142
(0.053) (0.108) (0.065) (0.157)

female −0.030 −0.024 −0.088 0.216
(0.054) (0.108) (0.066) (0.161)

white −0.144∗∗ −0.224 −0.053 0.060
(0.058) (0.137) (0.070) (0.159)

college −0.231∗∗∗ −0.374∗∗∗ −0.150∗ −0.162
(0.065) (0.133) (0.081) (0.172)

Observations 754 234 404 116
R2 0.055 0.145 0.077 0.193
Adjusted R2 0.020 0.033 0.011 −0.019
Residual Std. Error 0.720 (df = 726) 0.773 (df = 206) 0.634 (df = 376) 0.754 (df = 91)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level

Table S14: Effect of Treatment on Confidence That Politician Will Work to Prevent Future Wild-
fires, for Wildfire Exposed Respondents

Dependent variable:

will work to prevent future wildfires?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.022 −0.078 0.026 0.015
(0.050) (0.108) (0.062) (0.139)

female −0.015 0.005 −0.045 0.007
(0.051) (0.108) (0.063) (0.142)

white 0.002 −0.107 0.085 0.198
(0.055) (0.137) (0.066) (0.141)

college −0.180∗∗∗ −0.214 −0.116 −0.239
(0.061) (0.133) (0.076) (0.152)

Observations 754 234 404 116
R2 0.053 0.076 0.103 0.224
Adjusted R2 0.018 −0.045 0.038 0.020
Residual Std. Error 0.677 (df = 726) 0.773 (df = 206) 0.600 (df = 376) 0.667 (df = 91)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level

39



Table S15: Effect of Treatment on Confidence That Politician Will be an Effective Advocate, for
Wildfire Exposed Respondents

Dependent variable:

will be an effective advocate for federal disaster relief?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.002 −0.048 0.095 −0.046
(0.049) (0.093) (0.063) (0.143)

female 0.016 −0.059 0.025 0.157
(0.050) (0.092) (0.063) (0.147)

white −0.061 −0.229∗ 0.028 0.129
(0.054) (0.117) (0.067) (0.145)

college −0.118∗ −0.228∗∗ −0.027 −0.157
(0.060) (0.114) (0.077) (0.157)

Observations 754 234 404 116
R2 0.031 0.152 0.091 0.209
Adjusted R2 −0.005 0.041 0.026 0.001
Residual Std. Error 0.664 (df = 726) 0.661 (df = 206) 0.607 (df = 376) 0.687 (df = 91)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level

Table S16: Effect of Treatment on Politician’s Level of Sympathy, for Wildfire Exposed Respondents

Dependent variable:

How sympathetic or unsympathetic did the politician seem towards those impacted?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.094 −0.254∗∗ 0.024 0.004
(0.064) (0.128) (0.080) (0.195)

female −0.052 −0.038 −0.064 0.053
(0.065) (0.128) (0.081) (0.201)

white 0.019 −0.086 0.123 0.178
(0.070) (0.162) (0.086) (0.199)

college −0.068 0.043 −0.040 −0.146
(0.078) (0.157) (0.099) (0.214)

Observations 754 234 404 116
R2 0.034 0.114 0.086 0.153
Adjusted R2 −0.002 −0.002 0.020 −0.071
Residual Std. Error 0.862 (df = 726) 0.915 (df = 206) 0.775 (df = 376) 0.939 (df = 91)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level
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Table S17: Effect of Treatment on Support for Tax, for Wildfire Exposed Respondents

Dependent variable:

How likely would you be to support this new tax?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.078 −0.228 0.017 0.266
(0.099) (0.190) (0.120) (0.270)

female −0.161 −0.124 −0.208∗ 0.066
(0.101) (0.190) (0.121) (0.277)

white −0.354∗∗∗ −0.639∗∗∗ −0.003 0.003
(0.109) (0.241) (0.128) (0.275)

college −0.432∗∗∗ −0.448∗ −0.339∗∗ −0.524∗

(0.122) (0.233) (0.148) (0.296)

Observations 752 233 403 116
R2 0.062 0.168 0.105 0.215
Adjusted R2 0.027 0.059 0.040 0.008
Residual Std. Error 1.337 (df = 724) 1.359 (df = 205) 1.158 (df = 375) 1.299 (df = 91)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level

S5.6 Main results, controlling for exposure to wildfires

This section presents our main results from the first wave with an added dummy control

variable for whether the respondent reported either having lost their home due to wildfires

or who know someone who has. This variable appears as “exposure” in the regression results

below. While our treatment is randomly assigned, controlling for wildfire exposure can add

further precision to our estimates.

As the tables below show, controlling for exposure to wildfires does not change the esti-

mated effects of the treatment, nor does it change our conclusions about the effect of climate

attribution.
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Table S18: Effect of Treatment on Confidence That Politician Understands Wildfires, Controlling
for Wildfire Exposure

Dependent variable:

has a good understanding of wildfires and their causes?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.005 −0.135∗∗∗ 0.059∗ 0.101
(0.026) (0.044) (0.035) (0.068)

exposure 0.153∗∗∗ 0.037 0.166∗∗∗ 0.224∗∗∗

(0.030) (0.055) (0.039) (0.079)

female 0.065∗∗ 0.130∗∗∗ −0.034 0.119∗

(0.026) (0.045) (0.036) (0.069)

white −0.129∗∗∗ −0.205∗∗∗ −0.021 −0.090
(0.030) (0.071) (0.038) (0.074)

college −0.122∗∗∗ −0.209∗∗∗ −0.088∗∗ −0.048
(0.031) (0.052) (0.042) (0.073)

Observations 2,931 1,077 1,408 446
R2 0.029 0.066 0.030 0.071
Adjusted R2 0.019 0.041 0.011 0.008
Residual Std. Error 0.703 (df = 2902) 0.715 (df = 1048) 0.657 (df = 1379) 0.694 (df = 417)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level

Table S19: Effect of Treatment on Confidence That Politician Will Work to Prevent Future Wild-
fires, Controlling for Wildfire Exposure

Dependent variable:

will work to prevent future wildfires?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.030 −0.124∗∗∗ 0.039 −0.016
(0.025) (0.043) (0.035) (0.065)

exposure 0.132∗∗∗ 0.044 0.119∗∗∗ 0.246∗∗∗

(0.029) (0.053) (0.039) (0.075)

female 0.078∗∗∗ 0.145∗∗∗ −0.012 0.107
(0.026) (0.044) (0.035) (0.066)

white −0.075∗∗ −0.142∗∗ −0.002 0.022
(0.029) (0.069) (0.037) (0.071)

college −0.063∗∗ −0.059 −0.055 −0.102
(0.030) (0.051) (0.041) (0.070)

Observations 2,931 1,077 1,408 446
R2 0.021 0.048 0.022 0.100
Adjusted R2 0.011 0.022 0.002 0.040
Residual Std. Error 0.683 (df = 2902) 0.698 (df = 1048) 0.645 (df = 1379) 0.663 (df = 417)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level
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Table S20: Effect of Treatment on Confidence That Politician Will be an Effective Advocate,
Controlling for Wildfire Exposure

Dependent variable:

will be an effective advocate for federal disaster relief?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.008 −0.058 0.038 −0.018
(0.024) (0.040) (0.033) (0.062)

exposure 0.133∗∗∗ 0.035 0.129∗∗∗ 0.227∗∗∗

(0.028) (0.049) (0.037) (0.072)

female 0.082∗∗∗ 0.077∗ 0.045 0.131∗∗

(0.024) (0.040) (0.033) (0.063)

white −0.064∗∗ −0.194∗∗∗ 0.014 0.091
(0.028) (0.064) (0.035) (0.068)

college −0.013 −0.080∗ 0.031 −0.007
(0.028) (0.047) (0.039) (0.067)

Observations 2,931 1,077 1,408 446
R2 0.021 0.047 0.036 0.078
Adjusted R2 0.012 0.021 0.017 0.016
Residual Std. Error 0.644 (df = 2902) 0.644 (df = 1048) 0.611 (df = 1379) 0.635 (df = 417)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level

Table S21: Effect of Treatment on Politician’s Level of Sympathy, Controlling for Wildfire Exposure

Dependent variable:

How sympathetic or unsympathetic did the politician seem towards those impacted?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.080∗∗ −0.184∗∗∗ −0.001 −0.063
(0.034) (0.059) (0.045) (0.092)

exposure 0.171∗∗∗ 0.095 0.150∗∗∗ 0.294∗∗∗

(0.039) (0.072) (0.051) (0.107)

female 0.130∗∗∗ 0.176∗∗∗ 0.059 0.127
(0.034) (0.059) (0.046) (0.094)

white −0.027 −0.055 0.078 0.033
(0.039) (0.093) (0.049) (0.101)

college −0.011 −0.075 0.048 −0.102
(0.040) (0.068) (0.054) (0.100)

Observations 2,931 1,077 1,408 446
R2 0.025 0.047 0.039 0.074
Adjusted R2 0.016 0.022 0.019 0.012
Residual Std. Error 0.914 (df = 2902) 0.941 (df = 1048) 0.844 (df = 1379) 0.942 (df = 417)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level
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Table S22: Effect of Treatment on Support for Tax, Controlling for Wildfire Exposure

Dependent variable:

How likely would you be to support this new tax?
Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.090∗ −0.223∗∗∗ −0.054 −0.002
(0.048) (0.078) (0.065) (0.116)

exposure 0.423∗∗∗ 0.304∗∗∗ 0.425∗∗∗ 0.242∗

(0.056) (0.095) (0.072) (0.134)

female 0.087∗ 0.118 −0.093 0.325∗∗∗

(0.049) (0.078) (0.066) (0.118)

white −0.406∗∗∗ −0.405∗∗∗ −0.083 −0.348∗∗∗

(0.056) (0.124) (0.070) (0.126)

college −0.131∗∗ −0.196∗∗ −0.042 −0.230∗

(0.056) (0.091) (0.077) (0.125)

Observations 2,926 1,075 1,405 446
R2 0.059 0.087 0.051 0.117
Adjusted R2 0.050 0.063 0.032 0.058
Residual Std. Error 1.295 (df = 2897) 1.249 (df = 1046) 1.204 (df = 1376) 1.181 (df = 417)

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01
Regressions also include fixed effects for income level

S5.7 Main results, for subset who believe climate change is hap-

pening

This section presents our main results but only for the subset of respondents (in the first

wave) who reported that they believed climate change was occurring. Since the vast majority

of our respondents (84% of Republicans, 99% of Democrats, 92% of Independents) professed

believing in climate change, we do not expect these subgroup effects to be substantively

different than our results with the full sample.

Indeed, as column 2 of the following tables show, we continue to find a consistent nega-

tive and statistically significant backlash effect among Republican respondents who believe

climate change is happening. This suggests that our main results are not being driven by

respondents who deny that climate change is happening.
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Table S23: Effect of Treatment on Confidence That Politician Understands Wildfires, For Subset
Who Believe Climate Change is Happening

Dependent variable:

has a good understanding of wildfires and their causes?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat 0.009 −0.134*** 0.070** 0.114
(0.027) (0.047) (0.035) (0.069)

female 0.044 0.105** −0.039 0.128*
(0.027) (0.048) (0.036) (0.071)

white −0.113*** −0.150** −0.025 −0.109
(0.030) (0.070) (0.038) (0.074)

college −0.114*** −0.237*** −0.085** 0.020
(0.031) (0.056) (0.042) (0.075)

Num.Obs. 2717 910 1395 412
R2 0.016 0.070 0.019 0.057
R2 Adj. 0.006 0.041 0.000 −0.009

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

Table S24: Effect of Treatment on Confidence That Politician Will Work to Prevent Future Wild-
fires, For Subset Who Believe Climate Change is Happening

Dependent variable:

will work to prevent future wildfires?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.012 −0.118** 0.052 0.002
(0.026) (0.046) (0.035) (0.067)

female 0.053** 0.102** −0.016 0.124*
(0.026) (0.046) (0.035) (0.068)

white −0.055* −0.085 −0.003 0.015
(0.029) (0.071) (0.037) (0.073)

college −0.062** −0.096* −0.056 −0.033
(0.030) (0.054) (0.041) (0.076)

Num.Obs. 2717 910 1395 412
R2 0.012 0.048 0.017 0.084
R2 Adj. 0.002 0.019 −0.002 0.020

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01
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Table S25: Effect of Treatment on Confidence That Politician Will be an Effective Advocate, For
Subset Who Believe Climate Change is Happening

Dependent variable:

will be an effective advocate for federal disaster relief?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.003 −0.074* 0.046 −0.006
(0.024) (0.042) (0.033) (0.066)

female 0.055** 0.016 0.038 0.144**
(0.025) (0.042) (0.033) (0.066)

white −0.052* −0.166** 0.012 0.067
(0.028) (0.066) (0.035) (0.070)

college −0.007 −0.102** 0.031 0.057
(0.028) (0.049) (0.040) (0.069)

Num.Obs. 2717 910 1395 412
R2 0.010 0.049 0.029 0.068
R2 Adj. 0.000 0.020 0.010 0.002

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

Table S26: Effect of Treatment on Politician’s Level of Sympathy, For Subset Who Believe Climate
Change is Happening

Dependent variable:

How sympathetic did the politician seem?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.068** −0.175*** 0.001 −0.066
(0.034) (0.061) (0.046) (0.096)

female 0.094*** 0.108* 0.050 0.156
(0.035) (0.061) (0.046) (0.095)

white −0.004 −0.026 0.089* 0.003
(0.039) (0.096) (0.049) (0.100)

college −0.002 −0.095 0.039 −0.008
(0.040) (0.068) (0.055) (0.102)

Num.Obs. 2717 910 1395 412
R2 0.016 0.043 0.033 0.054
R2 Adj. 0.006 0.014 0.014 −0.013

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01
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Table S27: Effect of Treatment on Support for Tax, For Subset Who Believe Climate Change is
Happening

Dependent variable:

How likely would you be to support this new tax?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.073 −0.195** −0.045 0.020
(0.050) (0.085) (0.066) (0.122)

female 0.038 0.068 −0.105 0.319**
(0.050) (0.085) (0.067) (0.121)

white −0.410*** −0.481*** −0.105 −0.425***
(0.055) (0.136) (0.070) (0.131)

college −0.102* −0.169* −0.045 −0.141
(0.059) (0.102) (0.080) (0.130)

Num.Obs. 2712 908 1392 412
R2 0.033 0.075 0.026 0.103
R2 Adj. 0.024 0.047 0.007 0.040

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

S5.8 Main results, for subset with high engagement in climate

change news

This section presents our main results but only for the subset of respondents (in the first

wave) who reported that they read about climate change or discussed it with their family

at-least once a month. A majority of respondents (75%) in the first wave reported having

done so, so we expect the results for this subset to be qualitatively similar to our main

results.

Indeed, as column 2 of the following tables show, we find a qualitatively similar, and in

all cases a stronger backlash effect among Republicans who report being engaged in climate

change news. Though we lack the statistical power to definitively say that these effects are

stronger than our main results, we can rule out the backlash effect being driven solely by

respondents not knowledgeable about climate change.
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Table S28: Effect of Treatment on Confidence That Politician Understands Wildfires, among High
Engagement Respondents

Dependent variable:

has a good understanding of wildfires and their causes?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.002 −0.168*** 0.071* 0.031
(0.031) (0.055) (0.040) (0.086)

female 0.058* 0.072 −0.032 0.205**
(0.031) (0.055) (0.041) (0.087)

white −0.159*** −0.212** −0.036 −0.087
(0.035) (0.078) (0.044) (0.097)

college −0.143*** −0.273*** −0.092* −0.031
(0.036) (0.068) (0.048) (0.090)

Num.Obs. 2209 771 1141 297
R2 0.030 0.077 0.022 0.082
R2 Adj. 0.018 0.043 −0.001 −0.007

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

Table S29: Effect of Treatment on Confidence That Politician Will Work to Prevent Future Wild-
fires, among High Engagement Respondents

Dependent variable:

will work to prevent future wildfires?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.037 −0.172*** 0.035 −0.061
(0.029) (0.052) (0.039) (0.080)

female 0.075** 0.116** −0.028 0.232***
(0.030) (0.053) (0.039) (0.081)

white −0.093*** −0.161* −0.009 0.038
(0.034) (0.080) (0.042) (0.094)

college −0.074** −0.073 −0.078* −0.058
(0.036) (0.066) (0.046) (0.092)

Num.Obs. 2209 771 1141 297
R2 0.025 0.055 0.030 0.135
R2 Adj. 0.013 0.021 0.007 0.051

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01
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Table S30: Effect of Treatment on Confidence That Politician Will be an Effective Advocate, among
High Engagement Respondents

Dependent variable:

will be an effective advocate for federal disaster relief?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.015 −0.096** 0.041 −0.077
(0.027) (0.048) (0.036) (0.078)

female 0.076*** 0.053 0.026 0.186**
(0.028) (0.049) (0.036) (0.075)

white −0.068** −0.196** 0.022 0.085
(0.032) (0.076) (0.039) (0.085)

college −0.012 −0.134** 0.043 0.065
(0.034) (0.060) (0.046) (0.080)

Num.Obs. 2209 771 1141 297
R2 0.022 0.058 0.038 0.097
R2 Adj. 0.010 0.024 0.015 0.011

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

Table S31: Effect of Treatment on Politician’s Level of Sympathy, among High Engagement Re-
spondents

Dependent variable:

How sympathetic did the politician seem?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.090** −0.246*** −0.007 −0.046
(0.038) (0.068) (0.050) (0.121)

female 0.147*** 0.200*** 0.057 0.217*
(0.038) (0.068) (0.050) (0.114)

white −0.026 −0.105 0.094* 0.071
(0.044) (0.102) (0.055) (0.126)

college −0.013 −0.103 0.034 −0.015
(0.046) (0.080) (0.061) (0.126)

Num.Obs. 2209 771 1141 297
R2 0.026 0.067 0.038 0.057
R2 Adj. 0.014 0.033 0.015 −0.034

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01
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Table S32: Effect of Treatment on Support for Tax, among High Engagement Respondents

Dependent variable:

How likely would you be to support this new tax?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.090 −0.250*** −0.061 −0.087
(0.058) (0.094) (0.073) (0.157)

female 0.103* 0.149 −0.095 0.349**
(0.058) (0.093) (0.074) (0.157)

white −0.466*** −0.636*** −0.063 −0.346**
(0.066) (0.155) (0.080) (0.172)

college −0.089 −0.193* −0.050 0.003
(0.070) (0.118) (0.091) (0.164)

Num.Obs. 2204 769 1138 297
R2 0.048 0.107 0.032 0.119
R2 Adj. 0.036 0.075 0.008 0.034

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

S5.9 Main results, with population weights

This section presents our main results from the first wave with population weights added

into the regressions. We obtained data on the distribution of demographic variables in the US

population from the US Census Bureau (42 ). We also obtained estimates of the distribution

of party affiliation amongst US voters from the Pew Research Center (43 ).

Compared to the US population, our sample under-represents independent voters (15.6%

of sample, 34% of US voters) and over-represents Democrats (47.9% of sample, 33% of US

voters) and college educated people (70% of sample, 43% of US voters). Relative to party

affiliation and education, our sample better approximated the US population on race (71.8%

of sample is white versus 62% of US population) and gender (51.1% of sample is female

versus 51% of US population). Since party affiliation and college education are the most

unbalanced in our sample, we construct weights by these two variables.

As the tables below show, none of our conclusions are affected by including population

weights in the estimation. From column 2 of the following tables, we continue to observe a

consistent negative backlash effect among Republican respondents. Even after accounting

for the under-representation of Independent voters and the over-representation of Democrats

and college educated voters in our sample, our pooled regressions continue to fail to find

countervailing effects among non-Republicans that would provide increased overall support
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for the politician and/or tax among these other groups.

Table S33: Effect of Treatment on Confidence That Politician Understands Wildfires, with Weights
for Party and Education

Dependent variable:

has a good understanding of wildfires and their causes?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat 0.027 −0.110** 0.056 0.107
(0.033) (0.057) (0.040) (0.069)

female 0.073*** 0.117*** −0.025 0.104
(0.033) (0.056) (0.040) (0.070)

white −0.119*** −0.207*** −0.044 −0.101
(0.038) (0.077) (0.043) (0.077)

college −0.097*** −0.196*** −0.076** −0.034
(0.034) (0.054) (0.043) (0.072)

Num.Obs. 2935 1078 1411 446
R2 0.019 0.077 0.017 0.054
R2 Adj. 0.010 0.053 −0.002 −0.007

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

Table S34: Effect of Treatment on Confidence That Politician Will Work to Prevent Future Wild-
fires, with Weights for Party and Education

Dependent variable:

will work to prevent future wildfires?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.016 −0.127*** 0.048 −0.002
(0.032) (0.054) (0.038) (0.070)

female 0.078*** 0.120*** −0.021 0.117*
(0.032) (0.054) (0.039) (0.071)

white −0.056** −0.188*** 0.000 0.014
(0.037) (0.074) (0.040) (0.078)

college −0.055** −0.031 −0.040 −0.078
(0.034) (0.052) (0.041) (0.073)

Num.Obs. 2935 1078 1411 446
R2 0.019 0.071 0.018 0.080
R2 Adj. 0.010 0.047 −0.002 0.020

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01
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Table S35: Effect of Treatment on Confidence That Politician Will be an Effective Advocate, with
Weights for Party and Education

Dependent variable:

will be an effective advocate for federal disaster relief?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.008 −0.042 0.052 −0.035
(0.030) (0.050) (0.037) (0.065)

female 0.085*** 0.067* 0.016 0.163***
(0.030) (0.051) (0.038) (0.065)

white −0.014 −0.228*** 0.028 0.089
(0.036) (0.072) (0.040) (0.074)

college −0.004 −0.043 0.042 0.014
(0.032) (0.048) (0.040) (0.066)

Num.Obs. 2935 1078 1411 446
R2 0.013 0.075 0.029 0.056
R2 Adj. 0.004 0.052 0.010 −0.005

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

Table S36: Effect of Treatment on Politician’s Level of Sympathy, with Weights for Party and
Education

Dependent variable:

How sympathetic did the politician seem?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.052 −0.104* −0.025 −0.024
(0.044) (0.069) (0.052) (0.099)

female 0.116*** 0.117** 0.057 0.141
(0.044) (0.069) (0.053) (0.097)

white 0.013 −0.026 0.112** 0.005
(0.050) (0.114) (0.057) (0.106)

college −0.033 −0.063 0.056 −0.073
(0.045) (0.064) (0.054) (0.099)

Num.Obs. 2935 1078 1411 446
R2 0.019 0.044 0.030 0.049
R2 Adj. 0.010 0.019 0.011 −0.013

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01
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Table S37: Effect of Treatment on Support for Tax, with Weights for Party and Education

Dependent variable:

How likely would you be to support this new tax?

Pooled Republicans Democrats Independents

(1) (2) (3) (4)

treat −0.078 −0.321*** 0.012 −0.035
(0.059) (0.098) (0.075) (0.122)

female 0.145*** −0.001 −0.047 0.409***
(0.060) (0.100) (0.077) (0.120)

white −0.445*** −0.576*** −0.171** −0.336***
(0.068) (0.146) (0.080) (0.134)

college −0.102** −0.143* −0.035 −0.204*
(0.062) (0.093) (0.081) (0.124)

Num.Obs. 2930 1076 1408 446
R2 0.050 0.129 0.029 0.122
R2 Adj. 0.041 0.106 0.010 0.065

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

Appendix S6: Second wave additional results and ro-

bustness of results

We launched a second wave of the survey experiment in October 2021 in order to rule out

alternative explanations for our findings and ask some additional questions. The new version

of the experiment was nearly identical, except now we randomized whether the politician

was identified as a Democrat or a Republican.

S6.1 Main results - tabular

This section presents the main regression results in the body of the paper from the second

wave in tabular format with more details such as the sample size. Here treat denotes the

treatment variable of interest, while female, white, and college are dummy variables for

respondent gender, race, and whether they have attended or completed college or higher

level of education. Regressions also include fixed effects for income level, which is a 24-level

variable capturing annual household income from $15,000 or less to $250,000 or more in

increments of $5,000.

Columns 1 and 5 of each table present the results pooling respondents of all party iden-

tifications. Columns 2-4 and 6-8 estimate the same regression for the subsets of respondents
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identifying as Republicans, Democrats or Independents, respectively.

Table S38: Effect of Treatment on Confidence That Politician Understands Wildfires in Second
Wave

Dependent variable:

Confidence that politician has a good understanding of wildfires and their causes?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

treat 0.010 −0.177*** 0.166*** 0.014 −0.017 −0.120** 0.104*** −0.027
(0.026) (0.045) (0.039) (0.053) (0.026) (0.048) (0.036) (0.054)

female 0.068** 0.113** 0.003 0.067 0.094*** 0.130*** 0.014 0.155***
(0.026) (0.046) (0.039) (0.053) (0.027) (0.049) (0.037) (0.054)

white −0.085*** 0.012 −0.097** −0.085 −0.142*** −0.047 −0.031 −0.216***
(0.030) (0.070) (0.042) (0.056) (0.030) (0.069) (0.040) (0.058)

college −0.058** −0.134*** −0.032 −0.055 0.033 −0.036 0.057 −0.029
(0.030) (0.052) (0.047) (0.058) (0.029) (0.054) (0.043) (0.057)

Num.Obs. 2904 991 1207 706 2904 992 1226 686
R2 0.018 0.068 0.040 0.038 0.034 0.067 0.026 0.068
R2 Adj. 0.009 0.042 0.018 0.000 0.025 0.041 0.004 0.030

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

Table S39: Effect of Treatment on Confidence That Politician Will Work to Prevent Future Wild-
fires in Second Wave

Dependent variable:

Confidence that politician will work to prevent future wildfires?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

treat −0.034 −0.123*** 0.029 −0.003 −0.069*** −0.162*** 0.031 −0.062
(0.026) (0.045) (0.038) (0.053) (0.026) (0.045) (0.036) (0.054)

female 0.068*** 0.147*** 0.011 0.042 0.078*** 0.119** 0.020 0.087
(0.026) (0.046) (0.039) (0.054) (0.027) (0.047) (0.037) (0.056)

white −0.061** 0.027 −0.111*** −0.055 −0.047 −0.013 0.126*** −0.135**
(0.030) (0.071) (0.043) (0.056) (0.030) (0.065) (0.040) (0.061)

college −0.045 −0.061 −0.020 −0.080 0.012 −0.026 0.017 −0.057
(0.029) (0.051) (0.046) (0.057) (0.029) (0.052) (0.042) (0.057)

Num.Obs. 2904 991 1207 706 2904 992 1226 686
R2 0.017 0.055 0.029 0.043 0.022 0.057 0.028 0.043
R2 Adj. 0.007 0.028 0.007 0.005 0.012 0.030 0.006 0.003

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01
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Table S40: Effect of Treatment on Confidence That Politician Will be an Effective Advocate in
Second Wave

Dependent variable:

Confidence that politician will be an effective advocate for federal disaster relief?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

treat −0.028 −0.069 0.009 −0.019 −0.046* −0.123*** 0.041 −0.041
(0.025) (0.044) (0.037) (0.052) (0.025) (0.045) (0.035) (0.052)

female 0.056** 0.098** −0.012 0.084 0.051** 0.101** −0.034 0.091*
(0.025) (0.045) (0.039) (0.053) (0.025) (0.045) (0.036) (0.052)

white −0.002 0.020 −0.042 0.046 −0.007 0.011 0.106*** −0.043
(0.029) (0.074) (0.041) (0.056) (0.029) (0.064) (0.039) (0.057)

college 0.008 −0.053 0.043 −0.019 0.064** 0.006 0.093** −0.019
(0.028) (0.049) (0.045) (0.056) (0.028) (0.050) (0.042) (0.056)

Num.Obs. 2904 991 1207 706 2904 992 1226 686
R2 0.007 0.038 0.013 0.032 0.017 0.047 0.031 0.043
R2 Adj. −0.003 0.011 −0.009 −0.007 0.008 0.020 0.009 0.004

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

Table S41: Effect of Treatment on Politician’s Level of Sympathy in Second Wave

Dependent variable:

How sympathetic or unsympathetic did the politician seem towards those impacted?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

treat −0.024 −0.126** 0.033 0.036 −0.130*** −0.292*** 0.016 −0.114
(0.035) (0.063) (0.050) (0.072) (0.036) (0.067) (0.049) (0.074)

female 0.091*** 0.131** 0.021 0.132* 0.093** 0.194*** 0.015 0.002
(0.035) (0.062) (0.052) (0.073) (0.037) (0.069) (0.050) (0.077)

white −0.006 0.109 −0.025 −0.056 0.000 0.052 0.172*** −0.102
(0.040) (0.102) (0.055) (0.077) (0.041) (0.096) (0.054) (0.082)

college 0.041 0.018 0.040 0.017 0.071* 0.052 0.035 0.012
(0.040) (0.071) (0.063) (0.079) (0.042) (0.078) (0.059) (0.080)

Num.Obs. 2904 991 1207 706 2904 992 1226 686
R2 0.012 0.035 0.017 0.042 0.013 0.053 0.028 0.057
R2 Adj. 0.003 0.008 −0.005 0.004 0.004 0.026 0.006 0.018

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01
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Table S42: Effect of Treatment on Support for Tax in Second Wave

Dependent variable:

How likely would you be to support this new tax?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

treat 0.028 −0.191** 0.160** 0.072 −0.050 −0.154* 0.029 0.094
(0.049) (0.080) (0.069) (0.095) (0.050) (0.085) (0.068) (0.097)

female 0.065 0.339*** −0.277*** 0.076 0.040 0.226*** −0.189*** 0.067
(0.049) (0.082) (0.071) (0.095) (0.050) (0.086) (0.068) (0.099)

white −0.318*** −0.276** −0.076 −0.233** −0.178*** −0.279** 0.238*** −0.186*
(0.055) (0.139) (0.077) (0.099) (0.055) (0.131) (0.073) (0.102)

college −0.009 −0.239*** 0.171** −0.229** −0.030 −0.170* 0.033 −0.166
(0.054) (0.092) (0.085) (0.098) (0.055) (0.091) (0.081) (0.104)

Num.Obs. 2904 991 1207 706 2904 992 1226 686
R2 0.024 0.086 0.046 0.041 0.022 0.072 0.060 0.039
R2 Adj. 0.015 0.061 0.024 0.003 0.013 0.046 0.039 0.000

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

S6.2 Main results without controls

This section presents our main regression results from the second wave without any

control variables added. This is equivalent to a simple difference in means between the

treatment and control group. Since the treatment is randomly assigned and the sample size

is large, adding control variables should not change the estimated treatment effects, but it

can add precision. The tables below, however, show that even without control variables, we

do not lose precision in any of our estimated treatment effects to the extent of making them

lose their levels of significance. The magnitudes and directions of all our main results are

also preserved when removing controls. This accords with our no-control treatment effects

from the first wave.
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Table S43: Effect of Treatment on Confidence That Politician Understands Wildfires, excluding
controls in Second Wave

Dependent variable:

Confidence that politician has a good understanding of wildfires and their causes?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

(Intercept) 1.085*** 1.106*** 1.114*** 1.006*** 1.132*** 0.978*** 1.276*** 1.076***
(0.018) (0.031) (0.028) (0.037) (0.018) (0.033) (0.025) (0.036)

treat 0.012 −0.175*** 0.166*** 0.018 −0.021 −0.119** 0.106*** −0.055
(0.026) (0.045) (0.038) (0.051) (0.026) (0.048) (0.035) (0.051)

Num.Obs. 3024 1027 1249 748 3047 1028 1286 733
R2 0.000 0.015 0.015 0.000 0.000 0.006 0.007 0.002
R2 Adj. 0.000 0.014 0.014 −0.001 0.000 0.005 0.006 0.000

Regressions also include no controls or fixed effects

* p < 0.1, ** p < 0.05, *** p < 0.01

Table S44: Effect of Treatment on Confidence That Politician Will Work to Prevent Future Wild-
fires, excluding controls in Second Wave

Dependent variable:

Confidence that politician will work to prevent future wildfires?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

(Intercept) 1.142*** 1.164*** 1.165*** 1.069*** 1.181*** 1.024*** 1.339*** 1.104***
(0.018) (0.031) (0.027) (0.038) (0.017) (0.031) (0.024) (0.037)

treat −0.033 −0.127*** 0.038 −0.018 −0.072*** −0.172*** 0.034 −0.065
(0.025) (0.044) (0.037) (0.052) (0.025) (0.045) (0.035) (0.052)

Num.Obs. 3024 1027 1249 748 3047 1028 1286 733
R2 0.001 0.008 0.001 0.000 0.003 0.014 0.001 0.002
R2 Adj. 0.000 0.007 0.000 −0.001 0.002 0.013 0.000 0.001

Regressions also include no controls or fixed effects

* p < 0.1, ** p < 0.05, *** p < 0.01

Table S45: Effect of Treatment on Confidence That Politician Will be an Effective Advocate,
excluding controls in Second Wave

Dependent variable:

Confidence that politician will be an effective advocate for federal disaster relief?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

(Intercept) 1.189*** 1.213*** 1.241*** 1.064*** 1.208*** 1.090*** 1.355*** 1.093***
(0.018) (0.030) (0.026) (0.037) (0.017) (0.031) (0.024) (0.036)

treat −0.025 −0.077* 0.012 −0.007 −0.044* −0.117*** 0.040 −0.040
(0.024) (0.042) (0.037) (0.050) (0.025) (0.044) (0.034) (0.049)

Num.Obs. 3024 1027 1249 748 3047 1028 1286 733
R2 0.000 0.003 0.000 0.000 0.001 0.007 0.001 0.001
R2 Adj. 0.000 0.002 −0.001 −0.001 0.001 0.006 0.000 0.000

Regressions also include no controls or fixed effects

* p < 0.1, ** p < 0.05, *** p < 0.01
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Table S46: Effect of Treatment on Politician’s Level of Sympathy, excluding controls in Second
Wave

Dependent variable:

How sympathetic or unsympathetic did the politician seem towards those impacted?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

(Intercept) 2.966*** 3.012*** 3.030*** 2.789*** 2.994*** 2.900*** 3.140*** 2.851***
(0.024) (0.042) (0.035) (0.051) (0.023) (0.041) (0.033) (0.051)

treat −0.028 −0.129** 0.030 0.023 −0.132*** −0.294*** 0.022 −0.118
(0.034) (0.061) (0.049) (0.070) (0.035) (0.065) (0.048) (0.072)

Num.Obs. 3024 1027 1249 748 3047 1028 1286 733
R2 0.000 0.004 0.000 0.000 0.005 0.020 0.000 0.004
R2 Adj. 0.000 0.003 0.000 −0.001 0.004 0.019 −0.001 0.002

Regressions also include no controls or fixed effects

* p < 0.1, ** p < 0.05, *** p < 0.01

Table S47: Effect of Treatment on Support for Tax, excluding controls in Second Wave

Dependent variable:

How likely would you be to support this new tax?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

(Intercept) 1.803*** 1.366*** 2.222*** 1.706*** 1.883*** 1.325*** 2.348*** 1.792***
(0.034) (0.056) (0.049) (0.067) (0.034) (0.061) (0.046) (0.066)

treat 0.037 −0.181** 0.178*** 0.091 −0.073 −0.146* −0.008 0.031
(0.048) (0.080) (0.068) (0.091) (0.049) (0.084) (0.067) (0.093)

Num.Obs. 3024 1027 1249 748 3047 1028 1286 733
R2 0.000 0.005 0.005 0.001 0.001 0.003 0.000 0.000
R2 Adj. 0.000 0.004 0.005 0.000 0.000 0.002 −0.001 −0.001

Regressions also include no controls or fixed effects

* p < 0.1, ** p < 0.05, *** p < 0.01

S6.3 Main results for subset with exposure to wildfires

This section presents our main results but only for the subset of respondents (in the

second wave) who reported either having lost their home due to wildfires or who know

someone who has. Since our sample size here is relatively small (N=1,852), we do not have

the same statistical power to estimate the same treatment effects as we have in our main

results. Nevertheless, we report the results here for completeness.

As columns 2 and 6 of each of the tables below show, Republican respondents still react

negatively to the politician, with results from the body of the paper largely preserved. For

the tax question, the coefficients are considerably nosier, though the direction of the effect
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remains negative. These results continue to suggest, therefore, that being personally exposed

to wildfires does not eliminate the backlash effect.

Table S48: Effect of Treatment on Confidence That Politician Understands Wildfires, for Wildfire
Exposed Respondents in Second Wave

Dependent variable:

Confidence that politician has a good understanding of wildfires and their causes?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

treat −0.029 −0.254*** 0.117 0.002 −0.047 −0.199** 0.081 −0.071
(0.048) (0.087) (0.071) (0.104) (0.047) (0.095) (0.062) (0.110)

female 0.072 0.151* −0.012 0.126 0.070 0.085 0.064 0.110
(0.050) (0.089) (0.075) (0.113) (0.049) (0.102) (0.064) (0.107)

white −0.102* −0.199 −0.090 −0.033 −0.104* 0.014 −0.104 −0.172
(0.056) (0.126) (0.080) (0.115) (0.053) (0.116) (0.071) (0.120)

college 0.028 −0.088 0.073 −0.036 0.050 −0.023 0.073 0.092
(0.058) (0.111) (0.093) (0.120) (0.054) (0.108) (0.075) (0.116)

Num.Obs. 869 282 382 205 898 283 428 187
R2 0.046 0.141 0.083 0.100 0.055 0.105 0.095 0.132
R2 Adj. 0.015 0.053 0.013 −0.026 0.025 0.010 0.034 −0.015

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

Table S49: Effect of Treatment on Confidence That Politician Will Work to Prevent Future Wild-
fires, for Wildfire Exposed Respondents in Second Wave

Dependent variable:

Confidence that politician will work to prevent future wildfires?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

treat −0.094** −0.201** −0.032 −0.089 −0.052 −0.167* 0.077 −0.079
(0.048) (0.087) (0.071) (0.110) (0.046) (0.090) (0.059) (0.107)

female 0.039 0.061 −0.073 0.161 0.046 0.059 0.089 −0.017
(0.050) (0.093) (0.078) (0.116) (0.048) (0.093) (0.063) (0.106)

white −0.058 −0.114 −0.132* 0.058 −0.019 0.047 0.045 −0.099
(0.056) (0.119) (0.083) (0.115) (0.052) (0.102) (0.069) (0.119)

college −0.089 −0.108 −0.025 −0.148 0.001 −0.044 0.010 −0.016
(0.058) (0.108) (0.097) (0.119) (0.054) (0.103) (0.074) (0.113)

Num.Obs. 869 282 382 205 898 283 428 187
R2 0.037 0.104 0.069 0.144 0.045 0.140 0.063 0.131
R2 Adj. 0.006 0.013 −0.002 0.024 0.016 0.049 0.000 −0.016

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01
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Table S50: Effect of Treatment on Confidence That Politician Will be an Effective Advocate, for
Wildfire Exposed Respondents in Second Wave

Dependent variable:

Confidence that politician will be an effective advocate for federal disaster relief?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

treat −0.015 −0.078 0.015 0.077 −0.041 −0.110 0.041 −0.039
(0.046) (0.084) (0.069) (0.106) (0.044) (0.085) (0.059) (0.106)

female 0.043 0.100 −0.068 0.153 0.055 0.158* 0.000 0.090
(0.048) (0.086) (0.073) (0.111) (0.046) (0.090) (0.060) (0.102)

white −0.003 0.011 −0.076 0.064 −0.022 −0.044 0.035 −0.065
(0.054) (0.123) (0.078) (0.113) (0.051) (0.101) (0.070) (0.109)

college −0.032 −0.090 0.017 −0.065 0.057 −0.012 0.083 −0.009
(0.057) (0.102) (0.093) (0.123) (0.053) (0.096) (0.075) (0.110)

Num.Obs. 869 282 382 205 898 283 428 187
R2 0.016 0.101 0.042 0.099 0.034 0.118 0.059 0.167
R2 Adj. −0.015 0.010 −0.032 −0.026 0.004 0.024 −0.004 0.026

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

Table S51: Effect of Treatment on Politician’s Level of Sympathy, for Wildfire Exposed Respondents
in Second Wave

Dependent variable:

How sympathetic or unsympathetic did the politician seem towards those impacted?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

treat −0.011 −0.189* 0.041 0.112 −0.084 −0.388*** 0.055 0.093
(0.063) (0.111) (0.091) (0.151) (0.064) (0.130) (0.084) (0.158)

female 0.097 0.064 0.079 0.157 0.097 0.273** 0.083 −0.120
(0.066) (0.116) (0.100) (0.152) (0.065) (0.137) (0.083) (0.139)

white −0.046 −0.117 −0.097 0.020 0.055 0.137 0.133 −0.063
(0.072) (0.135) (0.103) (0.155) (0.073) (0.155) (0.095) (0.163)

college 0.009 −0.162 0.033 0.116 0.082 0.017 0.024 0.270*
(0.075) (0.128) (0.118) (0.163) (0.077) (0.151) (0.112) (0.148)

Num.Obs. 869 282 382 205 898 283 428 187
R2 0.042 0.094 0.077 0.126 0.040 0.131 0.063 0.171
R2 Adj. 0.012 0.002 0.007 0.004 0.011 0.039 0.000 0.031

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01
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Table S52: Effect of Treatment on Support for Tax, for Wildfire Exposed Respondents in Second
Wave

Dependent variable:

How likely would you be to support this new tax?

Republican Politician Democratic Politician

Pooled Republicans Democrats Independents Pooled Republicans Democrats Independents

(1) (2) (3) (4) (5) (6) (7) (8)

treat 0.028 −0.259 0.202* 0.082 0.092 −0.016 0.224** 0.278
(0.094) (0.173) (0.120) (0.197) (0.092) (0.177) (0.114) (0.215)

female −0.019 0.228 −0.367*** 0.224 −0.072 0.209 −0.282** −0.058
(0.095) (0.178) (0.129) (0.197) (0.093) (0.187) (0.119) (0.207)

white −0.392*** −0.615** −0.316** −0.070 −0.125 −0.352 0.116 −0.072
(0.105) (0.261) (0.130) (0.194) (0.102) (0.223) (0.134) (0.227)

college 0.031 −0.451** 0.397*** −0.227 −0.114 −0.136 −0.128 −0.141
(0.110) (0.210) (0.156) (0.215) (0.106) (0.199) (0.142) (0.228)

Num.Obs. 869 282 382 205 898 283 428 187
R2 0.060 0.173 0.148 0.162 0.057 0.121 0.136 0.130
R2 Adj. 0.030 0.089 0.083 0.045 0.027 0.028 0.077 −0.018

Regressions also include fixed effects for income level

* p < 0.1, ** p < 0.05, *** p < 0.01

S6.4 Additional results from second wave

S6.4.1 New results about climate action

This section contains results from the second wave questions regarding respondents’ will-

ingness to engage in climate change mitigation efforts. As mentioned in the main text, the

first question asked about how likely the respondent would be to support a tax to reduce

the emissions that contribute to climate change, with responses ranging from “Extremely

unlikely” (scored 0) to “Extremely likely” (scored 4). For the question on what individual

climate actions respondents were willing to take, respondents were asked how likely they

were to take each action. Each response was then assigned a number ranging from 0 (“Ex-

tremely unlikely” to take action) to 4 (“Extremely likely” to take action). We then added

each respondents numerical value for each question to obtain a 20-point score.

The results from these questions are displayed in Figures S6 and S7. Models displayed

rely on a simple OLS regression, with identical controls to those used throughout the body

of the paper. As can be seen, the findings offer little support for the theory that linking

natural disasters to climate change has a robust effect on support for climate action. Whereas

treated Democrats are a little bit more likely to support a climate tax when the politician is a
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Republican (p-value = 0.049), this effect does not hold when the politician is a Democrat, and

there is generally no strong evidence that respondents intend to increase their individual pro-

climate behavior. Importantly, we do not take this to mean that climate change attribution

provides no benefit, since one interpretation of this result is that Democrats’ prior exposure

to attribution via the media and Democratic politicians has limited the strength of the

treatment. However, our finding does suggest that even when it comes to climate action,

attribution by politicians is not a clear win.

Figure S6: Treatment Effect on Support for Climate Tax

Notes: This figure presents the effect of the climate attribution treatment by the party identification of the
politician. Each panel presents the treatment effect on the full sample and by subgroups of respondent party
identification. The dependent variable is the respondents’ likelihood of supporting the climate tax. So a value
of 4 denotes ‘extremely likely’, while a value of 0 denotes ‘extremely unlikely’. All regressions use OLS and
control for respondent gender, income, race and level of education.
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Figure S7: Treatment Effect on Carbon Footprint Score

Notes: This figure presents the effect of the climate attribution treatment by the party identification of the
politician. Each panel presents the treatment effect on the full sample and by subgroups of respondent party
identification. The dependent variable is a respondent’s score on a range of actions to reduce their carbon
footprint. For each of five actions, we assigned responses a number ranging from 0 (“Extremely unlikely” to
take action) to 4 (“Extremely likely” to take action). We then added each respondents numerical value for
each question to obtain a 20-point score. All regressions use OLS and control for respondent gender, income,
race and level of education.

S6.4.2 Replicating results about level of government

Figures S8, S9, and S10, present the estimated effect of treatment on the level of govern-

ment responsible, this time from the second wave (specifying the politician’s party identifica-

tion). The estimation is otherwise the same as in Figure S2. As mentioned in Supplementary

Materials Section S5.1, these results do not replicate the same effect of treatment as in our

first wave. While respondents who read a vignette by a Democrat were less likely to allocate

responsibility to local/state government, these effects are noisy and statistically indistin-

guishable from zero at conventional levels of significance.

Importantly, these results fail to provide evidence that our main results are driven by

treated respondents thinking of wildfires as a more international issue. In fact, results from

the second wave show that treated respondents who were told the politician’s party, do not

reallocate responsibility towards any level of government.
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Figure S8: Treatment Effect on Level of Government Held Responsible - Local

Notes: This figure presents the effect of our treatment on the full sample and by subgroups of party identifi-
cation. The dependent variable for each panel is the inverse rank given to the respective level of government
as bearing the most responsibility to fund efforts to prevent wildfires. So a value of 3 denotes the highest
ranked, while a value of 1 denotes the lowest ranked level of government. All regressions use OLS and control
for respondent gender, income, race and level of education.

Figure S9: Treatment Effect on Level of Government Held Responsible - Federal

Notes: This figure presents the effect of our treatment on the full sample and by subgroups of party identifi-
cation. The dependent variable for each panel is the inverse rank given to the respective level of government
as bearing the most responsibility to fund efforts to prevent wildfires. So a value of 3 denotes the highest
ranked, while a value of 1 denotes the lowest ranked level of government. All regressions use OLS and control
for respondent gender, income, race and level of education.
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Figure S10: Treatment Effect on Level of Government Held Responsible - International

Notes: This figure presents the effect of our treatment on the full sample and by subgroups of party identifi-
cation. The dependent variable for each panel is the inverse rank given to the respective level of government
as bearing the most responsibility to fund efforts to prevent wildfires. So a value of 3 denotes the highest
ranked, while a value of 1 denotes the lowest ranked level of government. All regressions use OLS and control
for respondent gender, income, race and level of education.

S6.4.3 Results about wildfire frequency, by politician’s party

Figure S11 presents the results shown in the body of the paper in Figure 8. In the paper

we pooled the politician’s party for ease of interpretation, but here we split the results by the

party identification of the politician. As the two panels show, the results do not meaningfully

differ by whether the politician was presented as a Democrat or Republican.

Figure S11: Treatment Effect on Beliefs about Wildfire Frequency

Notes: This figure presents the effect of the treatment on the full sample and by subgroups of respondent party
identification, split by the party identification of the politician. The dependent variable is the respondents’
belief about how frequent wildfires will become in the next 10 years. The values range from 0 (“Less common”)
to 1 (“Neither more nor less common”) to 2 (“More common”). All regressions use OLS and control for
respondent gender, income, race and level of education.
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