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Appendix A: Sample Characteristics 

TABLE A1: CHARACTERISTICS OF SAMPLES AND DANISH POPULATION  

 Sample1  Danish population2 

Gender (female) 50.8%  50.6%  

Age in years, mean (s.d.) 48.6 (17.1)  49.1 (18.) 

Education (share with tertiary-level education )2 45.2%  34.1% 

Left-Right Position, 0-1 (s.d.) .45 (.27)  n.a. 

Vote choice (Intended):   Comparison sample3 

Center-left parties  55.4%  50.4% 

Social Democrats 24.3%  26.6% 

Social Liberals 6.7%  5.4% 

Socialist People’s Party  7.4%  4.0% 

Red-Green Alliance 10.8%  9.6% 

The Alternative 6.0%  4.8% 

Center-right parties  44.6%  49.5% 

Conservative People’s Party 6.2%  4.7% 

The New Right 2.9%  2.3% 

Liberal Alliance 3.9%  5.4% 

Christian Democrats 1.0%  0.9% 

Danish People’s Party 14.7%  18.1% 

The Liberals 15.9%  18.1% 

1 n=2,400 
2 Source: Administrative data from Statistics Denmark (www.statistikbanken.dk). Data are for all adults (ages 18 and 
upwards), except data on education (ages 20-69).  
3Data on intended vote choice from Epinion survey (n=1,643), retrieved from 
www.dr.dk/nyheder/politik/meningsmaalinger  
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Appendix B: Survey Questionnaire (Translated, original in Danish)   

[1] If  there was a parliamentary election tomorrow, which party would you vote for?  

 Social Democrats  

 Social Liberals 

 Conservatives 

 The New Right 

 Socialist People’s Party 

 Liberal Alliance 

 Christian Democrats 

 Danish People’s Party 

 Liberals 

 The Red-Green Alliance 

 The Alternative 

 Other party/ Independent candidate 

 Would not vote / ineligible to vote 

 Would cast blank ballot 

 Don’t know 

 

[2] In politics, one often talks about an economic left-right scale. A left-wing position 
implies that the public sector must make sure that everybody is taken care of. A right-wing 
position implies that each individual must take more responsibility for oneself. Where 
would you place yourself  on this scale, where 0 is the most leftist and 10 is the most rightist? 

 0: The public sector must make sure that everybody is taken care of (left-wing) 

 1 

 2 

 3 

 4 

 5 

 6 

 7 

 8 

 9 

 10: Each individual must take more responsibility for oneself  (Right-wing) 

 Don’t know 
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[3] We are now going to ask you to read a description of  a candidate for the municipal election. We will later ask 
you a series of  questions about the candidate. 

Peter/Anne Nielsen is running for the municipal election on 21 November 2017. He/She is 47 years old. 
Peter/Anne moved to the municipality more than 30 years ago along with the parents [, both of  whom were 
factory workers/doctors]. He/She has always spend a lot of  time on politics and the local sports club, besides 
the job [as a warehouse assistant/lawyer]. Interviewed by the local newspaper, Peter/Anne states: 

” I am running at the municipal election because I want to make a good municipality even better. Our 
town is an amazing town with great potential, but there are also several things, which could be improved. 
[One of  my key issues is the elderly. Here, one ought to [invest far more in public welfare, even it means 
that we may have to raise taxes / outsource far more tasks, which could improve the efficiency and perhaps 
even make room for tax cuts.” 
 

 
In the following questions, we will ask you about how well or poorly different words describe the person that you 
just read about. 

 
How well or poorly do you think that the following words describe the person? 

 Very poorly Poorly 
Neither well 
nor poorly 

Well Very well Don’t know 

”Intelligent”       

”Competent”       

”Credible”       

”Knowledgeable”       

”Likeable”       

”Conscientious”       

”Friendly”       

”Caring”       
 

 
 

[4] Were would you place the candidate on the economic left-right scale? A left-wing 
position implies that the public sector must make sure that everybody is taken care of. A 
right-wing position implies that each individual must take more responsibility for oneself. 
Where would you place yourself  on this scale, where 0 is the most leftist and 10 is the most 
rightist? 

 0: The public sector must make sure that everybody is taken care of  (left-wing) 

 1 

 2 

 3 

 4 

 5 

 6 

 7 

 8 

 9 

 10: Each individual must take more responsibility for oneself  (Right-wing) 

 Don’t know 
 
 
[5] How likely would you be to vote for this candidate, if  the candidate ran at the municipal 
election in your municipality?  

  0 – Very unlikely 
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  1 

  2 

  3 

  4 

  5 

  6 

  7 

  8 

  9 

  10 – Very likely 
 
 

 
---------- End of  survey questionnaire ---------- 
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Appendix C: Models  

Table C1: Main models  
 (1) (2) (3) (4) 
 Warmth Competence Left-Right Likely Vote 

Gender:     
Female -0.002 -0.005 -0.032 0.005 

 (0.013) (0.013) (0.017) (0.022) 

Female × Leftwing 0.009 0.005 0.042 -0.023 

 (0.018) (0.018) (0.024) (0.030) 

Female × Rightwing 0.011 0.003 0.011 -0.019 

 (0.019) (0.019) (0.024) (0.030) 

Parent's occupation:     

Factory worker 0.057*** 0.019 -0.079*** -0.019 

 (0.016) (0.016) (0.022) (0.027) 

Doctors 0.005 0.014 0.055* -0.037 

 (0.016) (0.016) (0.021) (0.026) 

Factory worker × Leftwing -0.059* -0.006 0.054 0.045 

 (0.023) (0.023) (0.029) (0.037) 

Factory worker × Rightwing -0.029 -0.021 0.067* 0.026 

 (0.023) (0.023) (0.029) (0.036) 

Doctors × Leftwing -0.033 -0.008 -0.035 0.074* 

 (0.022) (0.022) (0.029) (0.036) 

Doctors × Rightwing -0.003 0.006 -0.007 0.057 

 (0.023) (0.023) (0.029) (0.036) 

Candidate's occupation:     

Assistant 0.021 0.016 -0.024 0.023 

 (0.016) (0.016) (0.022) (0.027) 

Lawyer -0.028 0.041* 0.055* -0.029 

 (0.016) (0.016) (0.021) (0.026) 

Assistant × Leftwing -0.014 -0.010 0.014 -0.031 

 (0.023) (0.023) (0.029) (0.037) 

Assistant × Rightwing -0.019 -0.044 -0.018 -0.017 

 (0.023) (0.023) (0.029) (0.036) 

Lawyer × Leftwing 0.029 0.019 -0.044 0.074* 

 (0.023) (0.023) (0.029) (0.036) 

Lawyer × Rightwing 0.039 0.014 -0.040 0.053 

 (0.023) (0.023) (0.029) (0.036) 

Policy information:     

Leftwing 0.100*** 0.041 -0.180*** 0.034 

 (0.023) (0.023) (0.030) (0.037) 

Rightwing -0.062** -0.013 0.147*** -0.078* 

 (0.023) (0.023) (0.030) (0.037) 

        

Constant 0.611*** 0.530*** 0.506*** 0.313*** 

 (0.016) (0.016) (0.022) (0.027) 

Observations 2310 2342 2160 2049 
R2 0.103 0.047 0.287 0.044 

Standard errors in parentheses, * p < 0.05, ** p < 0.01, *** p < 0.001 
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Table C2: Models without interactions 
  (5) (6) (7) (8) 
 Warmth Competence Left-Right Likely Vote 

Gender:     
Female 0.005 -0.002 -0.014 -0.011 

 (0.008) (0.008) (0.010) (0.012) 

Parent's occupation:     

Factory worker 0.027** 0.010 -0.038** 0.006 

 (0.009) (0.009) (0.012) (0.015) 

Doctors -0.007 0.014 0.039*** 0.009 

 (0.009) (0.009) (0.012) (0.015) 

Candidate's occupation:     

Assistant 0.011 -0.001 -0.026* 0.007 

 (0.009) (0.009) (0.012) (0.015) 

Lawyer -0.005 0.052*** 0.025* 0.015 

 (0.009) (0.009) (0.012) (0.015) 

Policy information:     

Leftwing 0.079*** 0.042*** -0.165*** 0.079*** 

 (0.009) (0.009) (0.012) (0.015) 

Rightwing -0.060*** -0.026** 0.152*** -0.046** 

 (0.009) (0.009) (0.012) (0.015) 

        

Constant 0.617*** 0.534*** 0.500*** 0.287*** 

 (0.011) (0.011) (0.014) (0.017) 

Observations 2310 2342 2160 2049 
R2 0.097 0.043 0.280 0.037 

Standard errors in parentheses 
* p < 0.05, ** p < 0.01, *** p < 0.001 
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Exploratory models 

The preregistration of  the study mentions two possible exploratory analyses. For completeness 

and transparency, we include results from these in Table C3 and Table C4. In Table C3, we 

amend the results from Table C2 by controlling for respondents’ pretreatment covariates. In table 

C4, we interact parents’ occupation with the candidates own occupation. The results of  these 

exploratory analyses do not lead us to change or amend the conclusions of  our study.  

Table C3: Models with respondent covariates 
 (9) (10) (11) (12) 
 Warmth Competence Left-Right Likely Vote 
Gender:     
Female 0.005 -0.003 -0.011 -0.007 
 (0.008) (0.008) (0.009) (0.012) 
Parent's occupation:     
Factory worker 0.027** 0.012 -0.040*** 0.007 
 (0.009) (0.009) (0.011) (0.015) 
Doctors -0.007 0.014 0.038*** 0.010 
 (0.009) (0.009) (0.011) (0.015) 
Candidate's occupation:     
Assistant 0.012 0.000 -0.029* 0.007 
 (0.009) (0.009) (0.011) (0.015) 
Lawyer -0.002 0.056*** 0.027* 0.020 
 (0.009) (0.009) (0.011) (0.015) 
Policy information:     
Leftwing 0.080*** 0.043*** -0.162*** 0.082*** 
 (0.009) (0.009) (0.012) (0.015) 
Rightwing -0.065*** -0.028** 0.157*** -0.043** 
 (0.009) (0.009) (0.012) (0.015) 
Respondent Characteristics:     
Female 0.030*** 0.027*** -0.006 -0.005 
 (0.008) (0.008) (0.010) (0.012) 
Age -0.001*** -0.000 0.002*** 0.000 
 (0.000) (0.000) (0.000) (0.000) 
Tertiary-level education -0.036*** -0.038*** 0.035*** -0.056*** 
 (0.008) (0.008) (0.009) (0.012) 
Left-Right Position 0.054*** 0.035* 0.110*** 0.111*** 
 (0.014) (0.014) (0.017) (0.022) 
        
Constant 0.638*** 0.540*** 0.325*** 0.251*** 
 (0.018) (0.018) (0.022) (0.028) 
Observations 2242 2269 2129 2008 
R2 0.125 0.061 0.327 0.062 

Standard errors in parentheses 
* p < 0.05, ** p < 0.01, *** p < 0.001 
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Table C4: Models with interactions between parent’s and candidate’s occupation 
 (13) (14) (15) (16) 
 Warmth Competence Left-Right Likely Vote 

Gender:     
Female 0.006 -0.002 -0.014 -0.011 
 (0.008) (0.008) (0.010) (0.012) 
Parent's occupation:     
Factory worker 0.019 0.008 -0.029 -0.007 
 (0.016) (0.016) (0.020) (0.026) 
Doctors 0.002 0.028 0.047* 0.037 
 (0.017) (0.017) (0.021) (0.026) 
Candidate's occupation:     
Assistant 0.012 0.010 -0.011 0.023 
 (0.016) (0.016) (0.021) (0.026) 
Lawyer -0.006 0.052** 0.027 0.012 
 (0.016) (0.016) (0.021) (0.026) 
Parent × Candidate Occupation:     
Factory worker × Assistant 0.022 0.002 -0.016 0.002 
 (0.023) (0.023) (0.029) (0.036) 
Factory worker × Lawyer 0.003 0.004 -0.009 0.040 
 (0.023) (0.023) (0.029) (0.036) 
Doctors × Assistant -0.025 -0.036 -0.029 -0.051 
 (0.023) (0.023) (0.029) (0.036) 
Doctors × Lawyer -0.002 -0.007 0.004 -0.031 
 (0.023) (0.023) (0.029) (0.036) 
Policy information:     
Leftwing 0.079*** 0.041*** -0.165*** 0.079*** 
 (0.009) (0.009) (0.012) (0.015) 
Rightwing -0.061*** -0.027** 0.153*** -0.046** 
 (0.009) (0.009) (0.012) (0.015) 
        
Constant 0.617*** 0.530*** 0.494*** 0.282*** 
 (0.014) (0.014) (0.018) (0.022) 

Observations 2310 2342 2160 2049 
R2 0.099 0.044 0.281 0.040 

Standard errors in parentheses 
* p < 0.05, ** p < 0.01, *** p < 0.001 

 
 

Furthermore, to see whether the results are conditional on the left-right position of  the 

respondents, we additionally interacted the respondents’ self-placement on the left-right scale with 

the all the terms included in the main models (Table C1). Due to the complexity of  these models, 

we present estimates in figure C1 and C2, rather than presenting the full regression tables. We 

present expected values for a left-leaning respondent (defined as a respondent placed at the 10th 

percentile on the left-right scale) and estimate for a right-leaning respondent (defined as a 

respondent placed at the 90th percentile on the left-right scale).  
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As one can see in Figure C1, the candidate working as lawyer becomes relatively more popular than 

the candidate working as a warehouse-assistant among left-leaning respondents when policy 

information is included. This result resembles the overall results in the paper (which is not 

surprising, because the respondents in our full sample generally preferred the left-leaning policy). 

 

Fig. C1: Voter evaluations for left leaning voters (LR-self  placement at 10th percentile). 

 

 

As shown in Figure C2, the lawyer also becomes more popular among right-leaning respondents, 

if  the candidate espouses a right-leaning policy. In contrast—and as one should expect—the lawyer 

does not gain relative popularity among right-leaning respondents by espousing a left-leaning 

policy:  
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Fig. C2: Voter evaluations for right leaning voters (LR-self  placement at 90th percentile). 
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Appendix D: Power Calculation for Main Effects on Competence 

In this appendix, we simulate the power, using effect on competence as an example. In the 

preanalysis plan, we hypothesize that upper-middle class candidates are perceived as more 

competent than working class candidates. We also expect that policy information crowd out the 

effect. We had no hypothesis regarding the effects of  gender and parents’ occupation. 

Below we use simulation to find the power of  the main effect of  candidate 

occupation on perceived competence. For each iteration we define potential outcomes consistent 

with our hypotheses and repeat the random assignment that we saw in the experiment. Our 

simulations were conducted in R: 

 

## Power analysis  
 
library(readxl) 
library(dplyr) 
library(ggplot2) 

 

First, we set N and a seed to make the simulations replicable. We also define the treatment and 

load the actual data. For the data we create the competence variable. 

 

# set N 
N <- 2400  
set.seed(1234567) 
# define treatments 
gender     <- c("Male", "Female") 
parents    <- c("Control", "WC", "UMC") 
occupation <- c("Control", "WC", "UMC") 
policy     <- c("Control", "Left", "Right") 
 
# define potential outcomes  
 
# read data  
data <-  
  read_excel("~/rawdata_voter_reactions.xlsx") 
 
# create competence variable 
data <- 
  data %>%  
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  mutate(Q3_1_SQ_1 = ifelse(Q3_1_SQ_1 == 6, NA, Q3_1_SQ_1), 
         Q3_1_SQ_2 = ifelse(Q3_1_SQ_2 == 6, NA, Q3_1_SQ_2), 
         Q3_1_SQ_3 = ifelse(Q3_1_SQ_3 == 6, NA, Q3_1_SQ_3), 
         Q3_1_SQ_4 = ifelse(Q3_1_SQ_4 == 6, NA, Q3_1_SQ_4), 
         competence = Q3_1_SQ_1 + Q3_1_SQ_2 + Q3_1_SQ_3 + Q3_1_SQ_4, 
         competence = (competence -  
                         min(competence, na.rm = T))/ 
           (max(competence, na.rm = T) -  
              min(competence, na.rm = T))) 

## Warning: package 'bindrcpp' was built under R version 3.4.4 

 

Here we create a function to simulate the power. The function repeats the random assignment 

and samples potential outcomes. The control potential outcomes are sampled from the observed 

outcomes, including missing values. We assume constant individual level effects. 

 

power_function <-  
  function(effect_size){ 
     
    p_values <-  
      rep(NA, 3) 
     
    # sample potential outcomes from mean of observed outcomes  
    PO_control <- 
      sample(data$competence, N, replace = T) 
     
    # assume effect size (same for all effects and additive interactions) 
    # assume constant effects 
    # sample individual treatment effects   
    effect_male <- rep(0, N) # no effect of gender 
    effect_parent_wc <- rep(0, N) # no effect of parents' occupation 
    effect_parent_uc <- rep(0, N) 
    effect_occupa_wc <- rep(- effect_size, N) # negative effect of working 
class 
    effect_occupa_uc <- rep(effect_size, N) # positive effect of working c
lass 
    effect_policy_lw <- rep(0, N) # no effect of policy position 
    effect_policy_rw <- rep(0, N) # no effect of policy position 
     
    # sample treatment 
     
    power_data <-  
      tibble(gender = sample(gender, N, replace = T), 
             parents    = sample(parents    , N, replace = T), 
             occupation = sample(occupation , N, replace = T), 
             policy     = sample(policy     , N, replace = T)) 
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    # reveal outcomes  
     
    power_data$competence <- PO_control 
     
    # effects: positive effects of occupation, when policy == 0  
    # for simplification, we do not round to discrete values.  
    power_data$competence[power_data$occupation == "WC" & power_data$polic
y == "Control"] <- 
      power_data$competence[power_data$occupation == "WC" & power_data$pol
icy == "Control"] +  
      effect_occupa_wc[power_data$occupation == "WC" & power_data$policy =
= "Control"] 
     
    power_data$competence[power_data$occupation == "UMC" & power_data$poli
cy == "Control"] <- 
      power_data$competence[power_data$occupation == "UMC" & power_data$po
licy == "Control"] +  
      effect_occupa_uc[power_data$occupation == "UMC" & power_data$policy 
== "Control"] 
     
    # run models  
    mod <-  
      lm(competence ~ gender*policy + parents*policy + occupation*policy, 
         data = power_data) 
     
    # store p-values for working class and upper-middle class vs control 
     
    p_values[1:2] <- summary(mod)$coefficients[7:8, 4] 
     
    # change reference categories to compare treatments:  
     
    power_data <-  
      power_data %>%  
      mutate(occupation = factor(occupation, levels = levels(as.factor(occ
upation))[c(3,2,1)])) 
     
    mod <-  
      lm(competence ~ gender*policy + parents*policy + occupation*policy, 
         data = power_data) 
     
    # store p-value for upper-middle vs working class. (our hypothesized e
ffect) 
    p_values[3] <- summary(mod)$coefficients[7, 4] 
     
    return(p_values) 
  } 

 

Next, we simulate over different effect sizes (defined as number of standard deviations). 
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reps <- 4000 # set iterations in power simulation. 
 
power_plot <-  
  tibble() 
 
for(d in seq(0.00, .40, by = 0.05)){ 
  effect_size <- sd(data$competence, na.rm = TRUE) * d 
  p_matrix <- replicate(reps, power_function(effect_size)) 
  power_plot <-  
    bind_rows(power_plot,  
              tibble(type = c("Working class \nvs control", 
                              "Upper-middle class \nvs control", 
                              "Upper-middle class \nvs working class"), 
                     effect = d,  
                     power  = rowMeans(p_matrix < 0.05))) 
} 
 
power_plot <-  
  power_plot %>%  
  mutate(type = factor(type, levels = levels(as.factor(type))[c(3,1,2)])) 

 

Finally, we plot the power. 
 

ggplot(data = power_plot,  
       aes(x = effect, 
           y = power)) +  
  facet_grid(. ~ type) +  
  geom_line() +  
  theme_minimal() +  
  geom_hline(yintercept = 0.8, alpha = 0.5, linetype = "dashed") +  
  scale_y_continuous(breaks = seq(0,1, 0.2)) 
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In the preanalysis plan, we expected upper-middle class candidates to be perceived as more 

competent than the working class candidates. From the power analysis, we see that for a small 

effect for the two treatments of  .1 SD in opposite directions from the control group, we are 

somewhat underpowered. However, at effects of  0.15 SD, we are well powered with a power of  

around 90%. 


