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Abstract 

Despite widespread conjecture that partisan selective exposure drives mass polarization, there is 

little evidence that most Americans have skewed media consumption patterns. We suggest an 

alternative conceptualization of selective exposure: partisans select when to pay attention to 

politics, instead of which ideological sources to follow, such that they modify their political 

attentiveness in response to whether the flow of information is congenial to their party. We employ 

two empirical strategies to test our hypothesis. First, we compare the in- and out-partisans’ 

differential levels of political engagement by party performance over the last six decades. Second, 

we use a natural experiment leveraging a dramatic change in the information environment during 

the 2008 financial crisis. Both approaches show that, over time, partisan groups’ changes in 

political attentiveness are affected by the performance of the incumbent government, suggesting 

that partisans’ information diets may be imbalanced even if their media diets are well-balanced.  
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Temporal Selective Exposure: How Partisans Choose When to Follow Politics 

Polarization is a defining feature of contemporary American politics (see Prior 2013 for a 

review). Evidence about polarized perceptions—even on purely factual matters—abounds 

(Abramowitz, 2010; Bartels 2002; c.f. Bullock et al. 2015). Many observers have linked this 

phenomenon to partisan selective exposure, the idea that citizens purposefully choose media 

outlets that match their existing political predispositions (e.g., Levendusky, 2013; Stroud, 2008).i 

Concerns about “echo chambers” fueling mass polarization have grown in the wake of rapid 

changes in the media (Stroud, 2010; Sunstein, 2018; Van Aelst et al., 2017). The echo chamber 

argument is also one of the most recurrent themes in the popular discourse about the current status 

of democratic politics. 

Yet, empirical evidence on partisan selective exposure is surprisingly tenuous outside 

controlled experimental settings (see Garrett, 2009; Gentzkow, & Shapiro, 2011; Prior, 2013; 

Webster, & Ksiazek, 2012). Indeed, studies using behavioral measures of media consumption have 

consistently shown that most Americans, except for a handful of extreme partisans, do not have 

skewed media diets (Guess, 2016; Petersen, Goel, & Iyengar, 2018). Though there are strong 

theoretical reasons to believe that a high-choice media environment contributes to polarization, the 

lack of evidence for widespread partisan selective exposure raises an important question: why do 

partisans have polarized perceptions even when they have relatively balanced media diets? 

In this paper, we suggest that an alternative conceptualization of selective exposure can 

provide part of the answer. Though selective exposure is typically conceptualized as an outlet-

based phenomenon in which citizens choose what to consume, we argue that it can also be a 

temporal behavior in which citizens choose when to consume political information. Just as sports 

fans “flee with their eyeballs” when their team’s performance is too depressing to watch 
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(Fernandez, 2015), we hypothesize that people pay less attention to politics when their own 

partisan team is losing and pay more attention when their team is winning. If people want to avoid 

cognitive dissonance and maximize the entertainment value of politics, deciding when (and when 

not) to consume news may well be a simpler strategy than intentionally picking media sources that 

match their political predispositions. While choosing what news to consume and when to tune it 

out can both lead to biased information flows, much of existing research on selective exposure has 

focused on the former, while paying scant attention to the latter. Our aim is to fill this important 

gap in the literature. 

We first provide a formal definition of temporal selective exposure and use Bayesian 

simulations to explain how temporal selective exposure can lead to belief polarization. To 

empirically test our hypothesis, we then develop two empirical strategies. First, we use American 

National Election Studies (ANES) data to compare partisan groups’ levels of media consumption 

and political engagement across 28 election cycles. Second, we use a natural experiment that 

utilizes an exogenous change in the news environment caused by the financial crisis in 2008, 

drawing on the rolling cross-section component of the National Annenberg Election Survey 

(NAES). Both approaches show that partisan groups choose when to follow politics more or less 

actively in a manner consistent with our argument. 

This article makes an important theoretical contribution to the ongoing debate about the 

extent of partisan selective exposure by suggesting that partisans can temporally increase or 

decrease their political attentiveness to maximize pleasant information flows and minimize 

unpleasant ones. As such, we argue that well-balanced media diets do not guarantee well-balanced 

information diets, without the additional assumption that political attentiveness is independent of 

party performance. Our empirical results indicate that this assumption is invalid. As a result, by 
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focusing only on media choices, scholars may have underestimated the actual extent to which 

partisans expose themselves to congenial information. Importantly, our research describes a 

condition under which beliefs can be polarized even if people’s media diets are well balanced and 

they interpret new information without partisan biases.   

Mixed Evidence on Partisan Selective Exposure 

 Consumers of information are predisposed to maximize its expected utility, so they are 

motivated to seek attitude-congruent information and avoid attitude-incongruent information that 

creates mental discomfort (Festinger, 1957). This simple yet powerful theory has yielded the 

prediction that partisans prefer exposure to information that conforms to their existing political 

dispositions. Our field now has collected extensive empirical evidence in lab- and survey-based 

studies displaying the existence of partisan selective exposure (e.g., Iyengar, & Hahn, 2009; 

Knobloch-Westerwick, 2012; Levendusky, 2013; Stroud, 2010), a pattern that dates back to the 

earliest studies of campaign effects (Lazarsfeld, Berelson, & Gaudet, 1948).  

  However, behavioral evidence measuring the extent of partisan selective exposure raises 

doubts about the notion that most Americans are exposing themselves to like-minded partisan 

media. One study of millions of website visits (Gentzkow, & Shapiro, 2011) finds that most of the 

largest news websites attract a similar amount of traffic from citizens across the partisan aisle.ii 

Thirty percent of daily visitors to the New York Times website are conservatives, for example, 

and one quarter of daily visitors to the Fox News website are Independents and Democrats. Real-

world data collected in different times, settings, and platforms all reinforce the same finding that 

most Americans have mixed media diets (e.g., Bakshy, Messing & Adamic, 2015; Flaxman, Goel, 

& Rao, 2016). Even during an election as polarizing as the one in 2016, most partisans were 

exposing themselves to mainstream media sites (Petersen, Goel, & Iyengar, 2018).  
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The behavioral data that report limited evidence of partisan selective exposure also show 

an overwhelming amount of non-political media consumption. One study finds that, over three 

months in a non-election year, 96% of Internet users read fewer than one news article per week 

(Flaxman, Goel & Rao, 2016). Other web traffic data paint a similar picture; less than 4% of all 

web visits are to news articles (Petersen et al., 2018). In another study that finds evidence of 

substantial exposure to cross-cutting partisan news among 10 million Facebook users (Bakshy et 

al., 2015), the authors briefly report that 87% of all articles shared comprise non-political content 

such as entertainment, sports, and travel.  

By focusing on partisan media sources, past studies on selective exposure implicitly 

painted a portrait of the electorate treated with a full plate of political media choices. However, 

these striking statistics on non-political media consumption—which are actually in synchrony with 

long-standing evidence on a general lack of political interest and knowledge (Delli Carpini, & 

Keeter, 1996)—hint at one obvious but overlooked way in which partisans might minimize 

cognitive dissonance: choosing not to pay attention to politics when their party is losing.  

The Temporal Dynamics of Selective Exposure 

How does belief polarization persist when the real-world evidence on partisan selective 

exposure is so scarce?  We suggest that the temporal dynamics of selective exposure can speak to 

this important puzzle. People may temporally adjust their political interest level upwards or 

downwards in response to the flows of good/bad news about their party. This approach allows 

them to maximize exposure to pleasing information and minimize exposure to displeasing 

information without having to seek partisan sources. Therefore, the evidence that Americans have 

mostly centrist or mixed political media diets does not guarantee that partisans’ perceptions would 

not be polarized without assuming that the levels of political engagement across partisan groups 
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move in tandem with, or at least is independent from, the performance of the incumbent party. The 

assumption that partisans’ media consumption is independent of party performance seems very 

implausible because it implies that either: (1) partisans would find politics equally enjoyable when 

their side underperforms or (2) partisans would remain equally attentive to politics when following 

politics becomes less enjoyable.  

What do humans generally do when the team they are rooting for underperforms? In the 

world of sports, fans simply stop watching games (e.g., see Fernandez, 2015). We argue the same 

phenomenon occurs in politics. In fact, scholars often draw a parallel between partisans and sports 

fans because they both derive expressive benefits from cheering for their teams (e.g., Green, 

Schickler, & Palmquist, 2002; Mason, 2015). The psychological underpinnings of media 

consumption also remain similar across the two worlds. People actively choose and watch media 

that can maximize their sense of gratification, whether it is to arouse positive emotions or release 

tension and stress (Atkin, 1973; Ruggiero, 1000). To the extent that most people do not enjoy 

learning about how their team is under-performing, consuming political news when their party is, 

or is expected to be, losing is less gratifying, which may cause some to tune out of politics 

altogether. 

Further, the ebbs and flows of citizens’ political interests depending on party performance 

have long been intimated in many academic studies. In emphasizing the role of information 

environments in partisan learning, Jerit and Barabas (2012, p. 674) note that individuals can 

“scrutinize, counterargue, and reject” the flows of uncongenial information (emphasis added), 

which results in partisans’ higher level of political knowledge in issues that had positive 

implications for their party. Gelman, Goel, Rivers, and Rothschild (2016) documented that 

partisans’ willingness to respond to public opinion polls varies by their party’s performance. 
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Notably, Democrats answered polls at a much lower rate when Obama performed poorly in the 

first presidential debate against Romney, but more opted to participate when he “recovered” in 

later debates. The common strand that runs across the studies on the dynamics of partisan 

engagement and learning is that citizens are more engaged when their partisan team is performing 

well. From what we know about the link between political interest and news consumption, it is 

natural to assume that partisans consume more or less news depending on whether their party is 

perceived to be winning.  

It is more plausible and much simpler for partisans to avoid cognitive dissonance by 

deciding when to consume news than purposefully picking media sources that match their existing 

political dispositions. We empirically test the temporal selective exposure hypothesis focusing on 

presidential performance, the most easily accessible and salient partisan heuristic for whether 

things are going well for one’s own party.  

Temporal Selective Exposure and Polarization of Political Beliefs 

Before presenting our empirical analyses of whether partisans engage in temporal 

selective exposure, we provide a formal definition of temporal selective exposure and examine 

its theoretical implications for partisan polarization. We use a simulation approach to show how 

temporal selective exposure can lead partisans to polarize over time even when they have the 

same media diet and interpret new information without partisan biases.  

We express the way voters learn about presidential performance as a probability 

distribution (see Bullock, 2009). Let 𝛾 be the newly-elected president’s true competence level, 

and 𝛾0 be a voter’s belief about 𝛾 at the time of inauguration. A positive value indicates the 

president is competent. Similar to prior work (e.g., Bartels, 2002; Bullock, 2009), we assume 𝛾0 
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is normally distributed 𝑁 (𝛾0, 𝜎0
2), where the variance 𝜎0

2 captures the uncertainty of the prior 

belief.  

Throughout the first presidential term, the voter updates her belief in light of new 

information received. Suppose that the voter revises her belief about the president’s competence 

level twice a year. Let 𝑥1 be the summary of all information about the president’s competence 

produced in the first six months of the term, where a positive value indicates, again, that the 

president is competent. 𝑥1 is drawn from 𝑁 (𝛾, 𝜎1
2), where 𝜎1

2 captures the uncertainty of the new 

information. If the voter is exposed to the full spectrum of new information, her belief about the 

president’s competence at the end of the first term will be the precision-weighted average of the 

prior and new information, 𝛾8 =
𝛾0𝜏0+𝑥1𝜏1+⋯+𝑥8𝜏8

𝜏0+𝜏1+⋯+𝜏8
, where  𝜏0 = 1 𝜎0

2⁄  and 𝜏𝑡 = 1 𝜎𝑡
2⁄  

respectively capture the precisions of the prior and new information at time t.   

However, most people do not stay fully informed about politics. Hence, a more realistic 

representation of her posterior belief can be written as:  

𝛾8
∗ =

𝛾0𝜏0 + 𝑥1𝑎1𝜏1 + ⋯ + 𝑥8𝑎8𝜏8

𝜏0 + 𝑎1𝜏1 + ⋯ + 𝑎8𝜏8
,          (Equation 1)  

where 𝑎𝑡 is the rate of attention the voter applies to new information about the president’s 

competence at time t.iii If the voter completely tunes out the news (i.e., 𝑎1 = 𝑎2 = ⋯ = 𝑎8 = 0), 

for example, new information will be weighted by 0; and thus, her posterior belief will be 

equivalent to her prior belief at time 0.   

Importantly, the rate of attention may vary as a function of the value of information, 𝑎𝑡 =

𝑓(𝑥𝑡). For the theory of temporal selective exposure, the key question is whether and how the 

attention function differs by partisanship. The null hypothesis is that the attention function is the 

same for in- and out-partisans—i.e., 𝐻0: 𝑓𝐼𝑁(𝑥𝑡) = 𝑓𝑂𝑈𝑇(𝑥𝑡). Under this condition, partisans with 
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the same media diet will have a common knowledge base, and thus their beliefs about the 

president’s competence level would not be polarized. 

The alternative hypothesis—i.e., the temporal selective exposure hypothesis—is that in- 

and out-partisans choose when to pay attention to the news depending on the value of new 

information: 𝑓𝐼𝑁(𝑥𝑡) ≠ 𝑓𝑂𝑈𝑇(𝑥𝑡). For example, a flow of headlines signaling a very low value of 

𝑥𝑡 (e.g., “Economy in crisis”) may cause in-partisans to pay less attention than usual, and out-

partisans to pay more attention than usual. And when in- and out-partisans attach differential 

weights to the incoming flows of new information (𝑥1, 𝑥2, ⋯ , 𝑥8), their perceptions of 𝛾 may 

polarize over time even if they have the same media diet. To formalize this possibility, we 

assume the relationship between the value of new information flows and attention can be 

represented by logistic functions:  

𝑓𝐼𝑁(𝑥𝑡) =
𝐿

1 + 𝑒−𝐾𝑥𝑡
               (Equation 2a), 

𝑓𝑂𝑈𝑇(𝑥𝑡) =
𝐿

1 + 𝑒𝐾𝑥𝑡
               (Equation 2b), 

where L is a parameter that determines overall attention rate and K is a parameter that determines 

the relationship between 𝑥𝑡 and 𝑎𝑡. For any 𝐾 > 0, the relationship between 𝑥𝑡 and 𝑎𝑡 will be 

positive for in-partisans and negative for out-partisans.  

We first plot the attention functions in the upper panels of Figure 1. Panels A and B 

respectively depict 𝑓𝐼𝑁(𝑥𝑡) and 𝑓𝑂𝑈𝑇(𝑥𝑡) under a range of values in L and K.iv  In the leftmost 

column (𝐿 = 0.1), people pay little attention to politics in general. In the rightmost column (𝐿 =

1), people are generally attentive, learning 50 % of new information on average and up to 100% 

under certain circumstances. In the facets in the top row (𝐾 = 0), attention levels do not vary 

across the values of 𝑥𝑡 for in-partisans nor out-partisans. In the facets in the successive rows 
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(𝐾 > 0), however, in-partisans pay more attention when the news flows are favorable to the 

president (𝑥𝑡 > 0) and out-partisans pay more attention when the opposite is the case (𝑥𝑡 < 0). 

Higher values in K indicate that the temporal ups and downs of selective exposure are more 

pronounced. The facets in the bottom row (𝐾 = 5), for example, indicate that partisans pay 

almost no attention to politics when faced with uncongenial information flows ( 𝑥𝑡 < 0 for in-

partisans and 𝑥𝑡 > 0 for out-partisans).  

In the lower panels of Figure 1, we illustrate the hypothetical patterns of belief updating 

about presidential competence using the attention functions described above. In each facet, we 

plot 100 simulations in which either an in-partisan or out-partisan voter updates their beliefs 

eight times in light of new information flows (𝑥𝑡) where 𝑡 ∈ {1,2,3,4,5,6,7,8}. Suppose that the 

in- and out-partisan voters use the media sources that deliver the same information. That 

precludes a scenario where the they receive different sets of information in a given time (e.g., 

where the in-partisan observes 𝑥𝑡 > 0 and the out-partisan observes 𝑥𝑡 < 0 because their 

information sources are biased). Suppose further that their interpretation of new information is 

always correct. That preludes them from receiving a piece of new information 𝑥𝑡 = −1 and 

perceiving it as having a value different from −1. These ideal conditions rule out most of the 

central theoretical mechanisms thought to create partisan polarization (Stroud 2010; Taber & 

Lodge, 2006; Zaller, 1992). The point of the simulations is to show that temporal selective 

exposure can increase partisan disagreement even when such unrealistic conditions are met. 

In the simulations depicted in Figure 1, the in- and out-partisans start with the same prior 

belief, 𝛾0~𝑁(0,1), that new information is drawn from 𝑥𝑡~𝑁(−0.5,1) where a majority of new 

information (69%) suggests that the president is incompetent. Asymptotically, both in- and out-



Running Head: TEMPORAL SELECTIVE EXPOSURE 

 

11 

partisans should adjust their beliefs about presidential competence downward and converge 

toward -0.5 if they give full attention to all information.  

The top rows of all panels show that in- and out- partisans’ beliefs tend toward -0.5 

exactly in the same way when 𝐾 = 0—that is, their attention rate is independent of whether new 

information is favorable to the president. This is a special case of the null hypothesis 𝑓𝐼𝑁(𝑥𝑡) =

𝑓𝑂𝑈𝑇(𝑥𝑡), under which belief polarization does not occur. The successive rows, when 𝐾 > 0, 

show that voters may polarize. However, the extent of polarization would hinge on their 

sensitivities to uncongenial information (K) and their average attention levels (L). Partisans’ 

beliefs would further polarize if they are quicker to adjust their attention rates based on the value 

of new information (i.e., high values of K) or if their overall news consumption is high (i.e., high 

values of L). As illustrated in the bottom row, when the degree of attention adjustment is high 

(K=5), in- and out-partisans hold the opposite beliefs by the end of the first term of the 

presidency. In particular, in-partisans conclude that the president is competent even though the 

majority of new information indicates that the president is incompetent.     

 Granted, the bottom rows depict an extreme scenario (𝐾 = 5) where partisans completely 

tune out the news in response to uncongenial information flows. Temporal selective exposure in 

practice is probably not as dramatic, and neither is its contribution to mass polarization on factual 

beliefs. But the point is that understanding the effect of media exposure on polarization remains 

incomplete without examining the temporal selective exposure hypothesis. In the following 

sections, we use two empirical strategies to test whether partisans indeed have different attention 

functions, against the null: 𝐻0: 𝑓𝐼𝑁(𝑥𝑡) = 𝑓𝑂𝑈𝑇(𝑥𝑡)—a long overdue first step. 

Study 1: Temporal Selective Exposure from 1952 to 2016 
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Do partisans tune in and out of politics depending on their party’s performance? According 

to our argument, we should find that partisans’ interest in politics fluctuates in a non-parallel way 

over time, in response to the successes and failures of the incumbent party. In Study 1, we examine 

partisan differences in political attentiveness across 28 election cycles. Given that the overall 

valence of news flows would be less friendly to the incumbent party (i.e., uncongenial to in-

partisans and congenial to out-partisans) when the sitting president performs poorly, we examine 

how partisan groups’ political attentiveness changes over a range of presidential performances.  

Data and Methods 

We draw on the on the Time Series Cumulative Data of the ANES, which pools 31 

representative cross-section surveys of the American electorate since the 1948 election.v We use 

28 surveys collected between 1952 and 2016 that include both party identification and at least one 

of the variables that taps into political engagement, broadly defined (N = 59,174).  

We use in-partisanship and presidential performance as two key independent variables. We 

recoded the 7-point party ID into a dummy variable where 0 indicates identification with the non-

incumbent party (e.g., Republicans in 2016) and 1 indicates identification with the incumbent party 

(e.g., Democrats in 2016). Independents leaning toward either party were treated as partisans. Pure 

independents were excluded. For a proxy to presidential performance, we used presidential 

approval ratings gathered by the Gallup Poll in September of each election year.vi  

For the dependent variables, we used four indicators of political interest and three 

indicators of news media consumption. vii  The measures of political interest include questions 

about interest in the elections, public affairs, and the extent to which respondents “care” which 

party wins presidential and congressional elections. The indicators of news consumption include 
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exposure to campaign information via television, radio, and newspaper. All dependent variables 

are coded such that higher numbers indicate more active political engagement. 

Analysis 

To test our hypothesis on temporal selective exposure, we estimate the following regression 

model: 

𝑌𝑖,𝑡 = 𝛽0 + 𝛽1𝑃𝑒𝑟𝑓𝑜𝑟𝑚𝑡 + 𝛽2𝐼𝑛𝑝𝑎𝑟𝑡𝑖𝑠𝑎𝑛𝑖,𝑡 + 𝛽3𝑃𝑒𝑟𝑓𝑜𝑟𝑚𝑡 × 𝐼𝑛𝑝𝑎𝑟𝑡𝑖𝑠𝑎𝑛𝑖,𝑡 + 𝜀𝑖,𝑡   (Equation 3) 

where t denotes the survey year; 𝑌𝑖,𝑡 is an indicator of political attentiveness; 𝑃𝑒𝑟𝑓𝑜𝑟𝑚𝑡 is the 

incumbent president’s Gallup Poll approval rating in year t (ranging from 24% to 76%), rescaled 

to 0-1; 𝐼𝑛𝑝𝑎𝑟𝑡𝑖𝑠𝑎𝑛𝑖,𝑡 is a dummy indicating whether respondent i's identified with the incumbent 

president’s party in year t. 𝛽1 is the predicted difference in political attentiveness over a range of 

presidential performance for out-partisans; 𝛽1 + 𝛽3  is the predicted difference in political 

attentiveness over presidential performance for in-partisans; 𝛽3  captures how the relationship 

between political attentiveness and presidential performance differs between in-partisans and out-

partisans—i.e., 𝛽1 + 𝛽3 − 𝛽1 = 𝛽3.  

One may think of our research design as a quasi-experiment where respondents were 

“assigned” to different levels of presidential performance—and thus to different valences of news 

coverage of the incumbent party. If partisans do not modify their political engagement in response 

to the incumbent party’s performance, we should find this “treatment” affects political 

attentiveness in the same way regardless of whether one identifies with the incumbent party—i.e.,  

𝛽3 = 0. If people enjoy political news when their party preforms better and adjusts their political 

attentiveness accordingly, we should find that the effects of the “treatment” are heterogeneous 

across partisanship. More specifically, in-partisans should become more politically attentive 
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relative to out-partisans when the incumbent president is popular than when he performs poorly—

i.e., 𝛽3 > 0. 

It is worth noting that we did not have a priori expectations about the “main effect” of 

presidential performance. One can imagine a scenario where it is generally negative (or positive) 

regardless of whether our hypothesis is true. For example, it is possible that people generally 

become more politically engaged under an incompetent president who creates national crises that 

require urgent actions. It is also possible that they become more engaged under a competent 

president out of general excitement. But to the extent that either of these patterns exists, the null 

hypothesis predicts that partisans’ engagement levels would move in tandem, whereas our 

hypothesis predicts that they would diverge. According to our argument, we should find that the 

difference in political attentiveness across presidential performance differs by partisanship. 

Therefore, the key quantity of interest throughout the results reported below is the estimate of 𝛽3—

the difference-in-differences estimate of people switching their political attentiveness on and off.    

Results 

[Table 1 here] 

Table 1 report the regression estimates. In Column 1, we focus on election interests. The 

reported estimate of 𝛽3 indicates a 13-percentage point gap (p < 0.05) in the effect of presidential 

popularity across partisanship. This is a substantial change. To put the number in context, consider 

that college graduates and non-college graduates differ by 17 percentage points in terms of interest 

in the upcoming election. The three regression models using other indicators of political interest 

(Columns 2 to 4) also show that in-partisans become more politically attentive than out-partisans 

under a well-performing president—as indicated by the signs on the 𝛽3 coefficient—although the 

estimates on caring about the congressional race and interest in public affairs in general were not 
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statistically significant. None of the analyses focusing on the news exposure variables returned a 

significant estimate of 𝛽3. 

Overall, the null hypothesis that partisans’ changes in political attentiveness over time is 

parallel across presidencies is generally inconsistent in our analysis of the ANES data, although 

the evidence was not clear whether the pattern held for people’s news consumption behaviors as 

well. The obvious advantage of the ANES data is that it allows us to examine the patterns of 

temporal selective exposure spanning six decades. However, there are two important caveats. One 

is the well-documented limitations in the ANES news exposure measures (see Bartels, 1993; 

Dilliplane, Goldman, & Mutz, 2012; Prior, 2009), which make it difficult to reliably estimate how 

people modify their news consumption behaviors. The unreliability of the self-reported measures 

may have contributed to null findings (in Columns 5 to 7). While we do find more pronounced 

support for our hypothesis focusing on the measures of political interest, such findings serve only 

as suggestive evidence for whether partisans actually adjust their overall exposure to news media 

depending on whether their team is “winning.”  

A more serious concern is that two election cycles that vary over the popularity of the 

sitting presidents also may be different along other dimensions. Most obviously, they are at least 

two years apart—and unspecified time effects can be substantial. In this regard, presidential 

popularity is a “bundled treatment” where multiple factors vary simultaneously. Critically, we 

cannot hold all the possible differences constant because we have only 28 comparison points. 

Therefore, while Study 1 allows us to describe partisan divergence in news exposure across the 

popularity of the incumbent president, it does not allow us to fully explain why the divergence 

exists—whether it is presidential performance per se or an extraneous time effect that drives the 

observed pattern remains unclear.  
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Study 2: A Natural Experiment Using the 2008 Financial Crisis 

To address the shortcomings of Study 1, ideally one would use better measures of news 

media consumption to compare how partisans’ political attentiveness changed around a sudden 

shift in information flows regarding the incumbent party’s performance, with most extraneous time 

effects held fixed. That is exactly our method in Study 2. Specifically, we leverage the dramatic 

change in political and information environments caused by the 2008 financial crisis, using a 

nationally representative dataset that provide a multitude of media-use items. 

Data and Methods  

We use the rolling cross-section component of the 2008 National Annenberg Election 

Study (NAES) for Study 2. The NAES interviewed a representative sample of U.S. adults selected 

through random-digit dialing between December 2007 and November 2008 (N = 57,967). We use 

a subsample of respondents interviewed between September 8 and October 19 (N = 10,268), a time 

window that runs from one week before the start of the economic meltdown (September 15—the 

date that Lehman Brothers filed for bankruptcy) to one month afterwards.  

For the dependent variable, News Exposure, we constructed an additive index of the 

number of political television programs, radio shows, newspapers, and online websites, which 

ranges from 0 to 17. viii Respondents were first asked how many days in the past week they 

consumed each of the media for information about the 2008 presidential campaign. And those who 

indicated watching at least one day in the past week were asked which specific 

programs/papers/websites they consumed. This approach is similar to the program list technique 

recommend by Dilliplane, Goldman, and Mutz (2012) as a more reliable and valid measurement 

of news exposure.  
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 We also utilized other sets of questions on respondents’ social media use, and constructed 

another additive index, Social Media Use, that counts the number of online political activities in 

which they engaged in the previous week. These activities include visiting a campaign website, 

watching an online campaign video, forwarding online campaign information, discussing politics 

online, and contributing to political blogs. Campaign Interest measured how closely respondents 

were following the campaign. Political Attentiveness Index was constructed by combining the 

three variables (news exposure, online media use and campaign interest). To do so, we first 

standardized each variable and took the average (Cronbach’s alpha = 0.60) and rescaled the 

variable 0-1 so that 1 indicates the highest level of attentiveness.  

Analysis and Results 

The key advantage of the NAES data is that it employed the rolling cross-section (RCS) 

design where a fresh sample is randomly drawn from the population each day. This allows us to 

capture a representative snapshot of the American electorate just before a critical event—a control 

group—and a snapshot afterwards—a treatment group. By treatment, we mean the dramatic 

change in the political news cycles caused by the collapse of the economy in mid-September of 

2008. Specifically, Lehman Brothers filed for bankruptcy on September 15, setting in motion a 

chain of events—the crisis of AIG, meltdown of the stock market and subsequent bailout 

proposals—that continued to generate extremely bad news for the incumbent government 

controlled by the Republican Party. We test our hypothesis on temporal selective exposure by 

comparing how Republicans and Democrats changed their media consumption and political 

interests during that time.  

This RCS-based approach has a key advantage that resembles a feature of a randomized 

experiment; since each respondent is essentially randomly assigned to an interview date, those in 
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the control and treatment groups are expected to be comparable in terms of pre-existing 

characteristics. We have no good reason, other than chance alone, to suspect that baseline political 

attentiveness is different between the control and treatment groups (but see Gelman et al. 2016). 

Furthermore, unlike the cross-election comparisons, extraneous differences in political 

environment are mostly held constant, making it easier to underpin whether bad news about the 

incumbent party’s performance is the driving force of partisans’ adjusting their media consumption.   

[Figure 2 here] 

We begin with non-parametric graphical evidence. Panels A and B of Figure 2 respectively 

plot Republicans’ and Democrats’ news consumption and political interests between early 

September and early October. The solid and dotted lines plot kernel-weighted (Epanechnikov; 

bandwidth = 5 days) local averages with 95% confidence intervals. The circles plot weekly 

averages comparing those interviewed before Lehman Brothers filed for bankruptcy on September 

15 (i.e., the control group), those interviewed when the economy started collapsing (between 

September 15 and 21), and those interviewed afterward the collapse (i.e., the treatment group). 

The key question here is whether the two slopes in Panel A and B differ in the expected direction. 

Specifically, our hypothesis predicts that Republicans (in-partisans) would become less attentive 

relative to Democrats as the economy starts collapsing and bad news about the incumbent party is 

being broadcast. We find straightforward evidence for this hypothesis.  

As shown in the top panels of Figure 2, Republicans’ news consumption decreased between 

early September and early October, the time during which Democrats’ news consumption slightly 

increased. Republicans showed a more salient drop in the use of social media for political activities, 

while Democrats’ online media use remained unchanged (see the upper-middle panels). Democrats 

exhibited a more noticeable upward change in campaign interest than Republicans (see the lower-
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middle panels). Finally, the analyses using the Political Attentiveness Index shown in the bottom 

panels clearly demonstrate that Republicans paid significantly less attention to politics as bad 

economic news was sweeping the nation, while Democrats’ attention levels stayed more or less 

the same. 

To provide more formal estimates of these patterns, we fit the following regression model: 

𝑌𝑖 = 𝛽0 + 𝛽1𝑇𝑟𝑒𝑎𝑡𝑖 + 𝛽2𝑅𝑒𝑝𝑢𝑏𝑙𝑖𝑐𝑎𝑛𝑖 + 𝛽3𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡𝑖 × 𝑅𝑒𝑝𝑢𝑏𝑙𝑖𝑐𝑎𝑛𝑖 + 𝜀𝑖      (Equation 4), 

where 𝑌𝑖, is the dependent variable (an indicator of media consumption or political attentiveness); 

𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡𝑖 is a dummy indicating whether respondent i was interviewed before (0) or after (1) 

September 15;  𝑅𝑒𝑝𝑢𝑏𝑙𝑖𝑐𝑎𝑛𝑖  is a dummy indicating respondent i's identification with the 

Republican Partyix; 𝛽0 is the intercept;  𝛽1 is the change in political attentiveness before and after 

the financial crisis for Democrats; 𝛽1 + 𝛽3 is the change in political attentiveness before and after 

the financial crisis for Republicans; 𝛽2 is the difference between Republicans and Democrats in 

the control group; and  𝛽3, the coefficient on the interaction term, captures the partisan difference 

in treatment effects. According to our hypothesis, the flow of bad news for the Republican Party 

would cause Republicans to become less attentive relative to Democrats (𝛽1 > 𝛽1 + 𝛽3), in which 

case  𝛽3 should take a negative sign. 

To estimate Equation 4, we made the following choices regarding time windows for the 

control and treatment groups.x First, throughout the analyses below, those interviewed in the final 

week leading up to the Lehman collapse (between September 8 and September 14) serve as the 

control group. Its timeline roughly matches the short-lived post-convention period, during which 

both partisan groups were becoming more attentive.xi Second, those interviewed on September 22 

or later serve as the treatment group. We excluded those interviewed between September 15 and 

21 from the regression analyses below because most of the survey items for the outcome variables 
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measured respondents’ behaviors “in the past week;” therefore, their responses could reflect what 

they did on September 14 or earlier.  

Since we did not have clear theoretical expectations for the immediacy and longevity of 

the treatment effects,xii we used three different bandwidths for the treatment group—one week 

(9/22 to 9/28), two weeks (9/22 to 10/5), and four weeks (9/22 to 10/19)—a flexible approach that 

would convey both short-run and long-run effects. To ensure that employing different bandwidths 

does not inflate family-wise error rates, we also report Holm’s p-values corrected for three multiple 

comparisons. Also, to ensure that our estimates are not confounded with unexpected imbalances 

between the control and treatment groups, we report the results with and without pre-treatment 

covariates; the controls include turnouts in previous elections, demographics and their interactions 

with party ID.xiii 

[Table 2 here] 

In total, Table 2 reports 24 regression models (4 outcomes × 3 treatment group bandwidths 

× with or without controls). Again, the key quantity of each model is 𝛽3 in Equation 2, which, 

according to our hypothesis, should be below zero. As can be seen, that is precisely what we found. 

Across different models, all 24 estimates of 𝛽3 are negative. Nineteen out of the 24 estimates are 

statistically significant at p < 0.05, 15 of which survive Holm’s correction for 3 multiple tests for 

3 different treatment group bandwidths. Comparing the results from the top panel to the bottom 

panel, it is noticeable that the estimates are generally insensitive to the choice of treatment group 

bandwidths. This suggests that the treatment led partisans to adjust their interest in politics fairly 

early in the wake of the financial crisis, and the effects persisted for an extended period of time. 

Comparing the pairs of models with and without controls (e.g., Columns 1 vs. 2), we find 

remarkably consistent results. This is not surprising because survey timing (i.e., assignment to 
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either group) was randomized by the RCS design. Comparing across different indicators of 

political attentiveness, we find more salient and immediate effects on social media use (Columns 

3 and 4), compared to general news exposure (Columns 1 and 2) and campaign interest (Columns 

5 and 6).xiv  

Finally, in terms of the Political Attentiveness Index (Columns 7 and 8), we find that 

partisan differences in change over time was between 4.6 to 5.4 percentage points in the direction 

of Republicans becoming less attentive. These are large effects. To put these figures in context, 

consider that they are close to the difference observed between those with and without a college 

degree (6.5 percentage points) and amount to roughly 60% to 70% of the difference between those 

who voted and those who did not vote during the 2008 primaries (7.7 percentage points). 

There are two reasonable alternative explanations for our results. First, despite the random 

selection of interview date by the RCS design, there may have been some systematic differences 

between the control and treatment groups. One possibility is partisans’ differential rates of survey 

participation (see Gelman et al., 2016). If attentive Republicans, in particular, simply stopped 

responding to the survey after September 15, our results may have picked up the change in the 

composition of Republicans willing to respond to a political survey, instead of the change in their 

media consumption or political interest.xv  

We empirically check the potential differences between the control and treatment groups. 

Placebo tests using turnouts in the past three elections (2004, 2006 and 2008 primaries) found no 

difference between the two groups, and no significant interaction between treatment and party ID. 

More generally, we found no statistical evidence of partisan difference in other pre-treatment 

variables; and as demonstrated, controlling for these variables made almost no changes to the 

estimates. 



Running Head: TEMPORAL SELECTIVE EXPOSURE 

 

22 

Another alternative explanation is that Republicans’ general interest in politics was already 

in decline, and our findings simply reflect an ongoing time trend, not a true turning point caused 

by the news flows at the outset of the Lehman collapse. We found the opposite pattern, however. 

Republicans were becoming more engaged throughout the first half of September, until the 

economy started collapsing on September 15. Indeed, while partisans’ interest in politics may well 

have changed over time even without the treatment, it is likely that it would have increased due to 

the increasing intensity of campaign efforts and the narrowing proximity to the impending election. 

In this regard, the noticeable decline in political media consumption found only among 

Republicans should seem highly unusual and unlikely, if the null hypothesis were correct that 

partisans do not tune out the news when every bit of new information is unfavorable to one’s 

party.xvi 

Conclusion 

The evidence of persisting/growing disagreements among partisans abounds. But, one 

potential explanation for this polarization—partisan selective exposure—has found little to mixed 

empirical support, leading to the conclusion that “neither the supply nor the demand for biased 

information is as widespread as is sometimes claimed” (Van Aelst et al., 2017, 14). This poses an 

important conundrum: If most Americans are not actively seeking media outlets that match their 

political predispositions, how does the contemporary media environment account for partisan 

polarization? Many will find it highly implausible that a high-choice information environment has 

nothing to do with polarization. The problem, however, is that “the mechanisms by which this 

might occur are not well understood” (Leeper, 2014, 28).xvii  

The temporal dynamics of selective exposure is an important explanation for this puzzle. 

To the extent that learning about the underperformance of the incumbent government is a tough 
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pill to swallow for in-partisans (or a piece of candy for out-partisans), switching off the flows of 

bad news would be a much easier strategy to minimize cognitive dissonance than choosing a news 

source that fits their existing partisan dispositions. We hypothesized that citizens choose when, 

instead of which source, to pay attention to depending on how their own party performs. From this 

perspective, selective exposure can be conceptualized as a divergent fluctuation in political interest 

and amount of media consumption over time. Using the ANES over half a century, we show how 

partisans’ level of political interest differs by presidential performance. Our natural experiment 

using the collapse of Lehman Brothers in 2008 showed that a sudden increase in bad economic 

news—which typically does not bode well for the electoral fortune of the incumbent party—

affected in- and out-partisans differently. Across the two empirical strategies, xviii  we find 

consistent evidence that partisans pay attention to politics more or less depending on their party’s 

performance.  

Our findings indicate that the stream of information that in-partisans receive in the long 

run may very well be different from what out-partisans are exposed to, which may, in turn, generate 

polarization of political beliefs, even if most citizens do not rely on partisan sources (see also Davis 

& Dunaway, 2016).xix Despite many mixed to null findings about partisan selective exposure, we 

argue that selective exposure may have happened all along as partisans simply switched the news 

on and off conditional on whether their team was faring well. As such, the previous studies 

focusing on the imbalance media diets may have failed to fully capture the imbalance in 

information diets. 

Since the early studies in political communication (e.g., Berelson, et al., 1954), two forms 

of selective exposure have remained at the center of scholarly attention: partisan selective 

exposure—the selection of media in synchrony with one’s existing political disposition—and 
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apolitical selective exposure—people using non-political media to avoid politics altogether 

(Arceneaux, & Johnson, 2013; Stroud, 2008; Prior, 2007). What has received surprisingly little 

attention is how and when the second type of (apolitical) selective exposure affects partisan politics, 

particularly perceptual gaps across partisans. Students of public opinion are familiar with the fact 

that most people do little more than skim through the headlines to follow politics (Delli Carpini, 

& Keeter, 1996). But the remaining question is: when do citizens go beyond that in this information 

environment where attention is the most coveted resource? Our study underscores the temporally 

dynamic nature of selective exposure; it is not necessarily that people stay away from politics all 

the time but that partisans occasionally pay close attention when the headlines signal that the news 

they are about to consume will confirm their existing political dispositions. Tuning into politics 

only when things are going well for their own partisan team carries plausible implications for mass 

polarization. If politics is about “who gets what, when, and how” (Lasswell, 1936), the study of 

selective exposure needs to be about when as much as what. 
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Figure 1: Attention Rate by Partisanship and Logistic Function Parameters 

 

 
 

Note: Panel A plots Equation 2a: 𝑓𝐼𝑁(𝑥𝑡) = 𝐿 1 + 𝑒−𝐾𝑥𝑡⁄  and Panel B plots Equation 2b: 

𝑓𝑂𝑢𝑡(𝑥𝑡) = 𝐿 1 + 𝑒𝐾𝑥𝑡⁄  where 𝑥𝑡 denotes the value of new information. Higher values of the L 

parameter indicate larger amounts of overall learning. Higher values of the K parameter indicate 

more sensitive changes in attention rates in response to the value of new information. In Panels C 

and D, the thin line in each facet plots 100 simulations of belief change. The thick line in each 

facet plots the average of the 100 simulations. The dashed line represents the benchmark toward 

which the partisans’ beliefs are predicted to approach when equal amounts of attention are paid 

to every value of 𝑥𝑡. The new information is drawn from 𝑥𝑡~𝑁(−0.5,1), where about 69% of 

new information would suggest that the president is incompetent. Panel C depicts belief change 

of an in-partisan voter who revises his belief according to Equation 1 and Panel A (Equation 2a). 

Panel D depicts belief change of an out-partisan voter who revises his belief according to 

Equation 1 and Panel B (Equation 2b).
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Figure 2: Political Attentiveness around the 2008 Financial Crisis by Partisanship 

 

 
Note: Solid and dotted lines plot kernel-weighted (Epanechnikov; bandwidth = 5 days) local 

averages with 95% CIs. Circles plot weekly averages. Lehman Brothers filed for bankruptcy on 

9/15. Independent leaners are coded as partisans.  
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Table 1: Difference in Political Attentiveness by Presidential Performance and In-Partisanship 
 (1) (2) (3) (4) (5) (6) (7) 

 

Campaign 

Interest 

 

Public 

Affair 

Interest 

Care 

President 

Winner 

Care 

Congress 

Winner 

TV 

News 

Exposure 

News- 

Paper 

Exposure 

Radio 

News 

Exposure 

Performance: In-Partisans (β1+β3) -0.054 -0.038 0.101 0.062 0.050 -0.031 -0.161 
 (0.062) (0.053) (0.100) (0.100) (0.132) (0.048) (0.133) 

Performance: Out-Partisans (β1) -0.182* -0.081 -0.163 -0.054 -0.018 -0.019 -0.078 
 (0.041) (0.039) (0.085) (0.081) (0.120) (0.062) (0.109) 

In-Partisan: Perform = 0 (β2) -0.078* -0.039 -0.101* -0.112* -0.041 0.015 0.048 

 (0.028) (0.025) (0.043) (0.050) (0.049) (0.032) (0.043) 

Perform × In-Partisan (β3) 0.128* 0.043 0.264* 0.117 0.068 -0.012 -0.082 

 (0.042) (0.037) (0.073) (0.067) (0.074) (0.049) (0.079) 

Intercept (β0) 0.678* 0.665* 0.810* 0.669* 0.810* 0.720* 0.492* 

 (0.031) (0.019) (0.054) (0.037) (0.073) (0.038) (0.070) 

Observations 47805 31990 29418 23635 32363 26663 24305 

Dependent Variable Range 0-1 0-1 Binary  Binary Binary  Binary Binary  

Number of Elections in Model 28 23 16 16 21 20 17 

Earliest Election in Model 1952 1960 1952 1966 1952 1952 1952 

Latest Election in Model 2016 2008 2012 2008 2012 2008 2004 

Note. Estimates of Equation 3. Republicans are coded as in-partisans under Republican administrations (e.g., 2008), and Democrats 

are coded as in-partisans under Democratic administrations (e.g., 2012). Presidential performance is measured by approval ratings 

in Gallup Polls fielded in September of each year. Poll ratings are rescaled to 0-1 where 0 and 1 respectively indicate 24% and 76%. 

Standard errors are adjusted for year clusters.  Dependent variables are continuous unless noted otherwise. * p < 0.05. 
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Table 2: The Treatment Effect of Financial Crisis by Partisanship 

  (1) (2) (3) (4) (5) (6) (7) (8) 

Treated Group 

Bandwidth 
 

News Exposure 

(# of Sources) 

Social Media 

(# of Activities) 

Campaign Interest 

(1 = Very Closely) 

Attentiveness Index 

(1 = Highest) 

9/22 - 9/28 Treated: Rep (β1+β3) -0.140 -0.141 -0.480** -0.494** 0.002 -0.001 -0.050** -0.050** 

  (0.124) (0.131) (0.107) (0.120) (0.012) (0.012) (0.014) (0.014) 

 Treated: Dem (β1) -0.045 -0.052 -0.121 -0.085 0.033** 0.031** -0.004 -0.000 

  (0.092) (0.082) (0.091) (0.101) (0.013) (0.011) (0.011) (0.010) 

 Treated × Rep (β3) -0.096 -0.089 -0.359** -0.409** -0.032 -0.032* -0.046** -0.050** 

  (0.150) (0.152) (0.157) (0.172) (0.016) (0.015) (0.018) (0.018) 

 Observations 2602 2602 838 838 3235 3235 838 838 

9/22 - 10/5 Treated: Rep (β1+β3) -0.248** -0.217** -0.535** -0.54** 0.008 0.009 -0.058** -0.055** 

  (0.095) (0.095) (0.113) (0.114) (0.009) (0.009) (0.014) (0.014) 

 Treated: Dem (β1) 0.054 0.077 -0.151 -0.125 0.037** 0.040** -0.006 -0.001 

  (0.097) (0.081) (0.105) (0.104) (0.012) (0.011) (0.010) (0.008) 

 Treated × Rep (β3) -0.302* -0.294* -0.384** -0.417** -0.029 -0.031* -0.052** -0.054** 

  (0.145) (0.131) (0.159) (0.158) (0.016) (0.014) (0.018) (0.015) 

 Observations 3788 3788 1287 1231 4746 4746 1231 1231 

9/22 - 10/19 Treated: Rep (β1+β3) -0.237** -0.187** -0.535** -0.521** 0.015 0.017 -0.056** -0.052** 

  (0.090) (0.087) (0.113) (0.116) (0.008) (0.008) (0.014) (0.014) 

 Treated: Dem (β1) 0.079 0.103 -0.151 -0.122 0.038** 0.041** -0.006 -0.000 

  (0.084) (0.070) (0.105) (0.106) (0.010) (0.009) (0.009) (0.008) 

 Treated × Rep (β3) -0.316** -0.290** -0.384** -0.399** -0.023 -0.024* -0.051** -0.052** 

  (0.126) (0.114) (0.159) (0.161) (0.013) (0.012) (0.018) (0.016) 

 Observations 6037 6037 1287 1287 7531 7531 1287 1287 

 DV Range 0-17 0-17 0-5 0-5 0-1 0-1 0-1 0-1 

 Covariates No Yes No Yes No Yes No Yes 

Note. Control group bandwidth is 9/8-9/14 for all models. All dependent variables are continuous. Models in Columns 4 to 6 include 

pre-treatment covariates (turnouts in previous elections and demographics) and their interactions with party ID (coefficients omitted). 

Full results are reported in Online Appendix (available upon request). Standard errors are adjusted for states. * p < 0.05 ** Adjusted p < 

0.05 (Holm’s correction for 3 multiple tests for 3 different treatment group bandwidths)
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i The other prominent explanation is partisan motivated reasoning, in which partisan identification 

biases the way people interpret political information (e.g., Bartels 2002).  

ii The discrepancy may arise from the fact that the real world contains many more distractions than 

controlled settings. See also Guess (2016) on the explanation for this gap. 

iii It ranges from 0 to 1 such that new information at time t is given less weight as the voter pays 

less attention to politics in time t. 

iv We consider a range of possible values of L and K, to specify the hypothetical conditions under 

which sharp and frequent polarization could occur. 

v An appendix providing more detailed information about the two datasets and the measurement 

of the key variables ia available upon request.  

vi  The raw data can be found at http://www.gallup.com/interactives/185273/presidential-job-

approval-center.aspx. 

vii We did not create an index of the seven indicators of political attentiveness because only five 

surveys measured all of the items. 

viii Those without internet access were not asked about online news use, and, therefore were 

omitted from the analyses on news exposure. This decision does not render our results invalid 

because internet access is highly unlikely to be affected by the “treatment” (the economic 

meltdown) though the findings here are generalizable only to U.S. adults with internet access (78% 

of the full sample had internet access). We chose to drop these individuals instead of coding their 

internet news use as 0 because doing so would introduce a floor effect. Nonetheless, we found 

very similar results when their online news use was treated as non-missing zeros.  
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ix We assumed that the treatment would not have changed people’s party ID, given its remarkable 

stability (Green, Schickler, & Palmquist, 2002). We found no significant difference in the 

proportion of partisans in the sample around the cutoff date. 

x While some of the cutoff selections are admittedly arbitrary, the results were generally insensitive 

alternative specifications. 

xi The Republican convention ended on September 4. We found similar results when using wider 

(September 5 to 14) or narrower (September 10 to 14) bandwidths of the control groups. (An 

appendix detailing the robustness checks is available upon request). 

xii On one hand, partisans may have switched on or off political interest immediately after the 

Lehman debacle, and then defaulted back to the usual campaign mode in the long run. On the other 

hand, since the economic turmoil continued throughout the rest of the campaign, the treatment 

effect may have grown even larger as the financial crisis continued to worsen.  

xiii We only control for the variables unlikely to be affected by the treatment. For example, one’s 

turnout in the 2004 election could not have been affected by the economic meltdown. Adding 

“post-treatment” variables that can be affected by the treatment (e.g., economic perceptions) into 

the model will make the inference invalid (see Montgomery, Nyhan, & Westwood, 2018). (An 

appendix providing the list of control variables and their coefficients is available upon request). 

xiv We found a similar pattern when we disaggregated the news exposure variable into different 

channels and ran a separate model for each channel. It is possible that adjusting the amount of 

news consumption is easier online due to the much wider spectrum of choices the internet provides 

(Prior, 2007). This could be a potential explanation as to why partisan polarization has been 

growing in tandem with the recent changes in the media environment. 
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xv We note, though, that reluctance to respond to a political survey in and of itself can be seen as 

a strong sign of people tuning out of politics. 

xvi Appendix detailing the placebo tests for the alternative explanations is available upon request.  

 
xvii  One suggested mechanism is a two-step communication flow in which those who watch 

partisan media affect others who do not watch partisan media (Druckman, Levendusky, & McLain, 

2018).  

xviii The former approach maximizes generalizability across time at the expense of internal validity, 

while the latter maximizes internal validity holding much of the extraneous factors constant at the 

expense of generalizability. 

xix We used a simulation approach to show that the temporal dynamics of selective exposure can 

explain belief polarization (e.g., see Bartels 2002), which may or may not entail affective 

polarization (Iyengar et al., 2018). To the extent that consuming good news about one’s own party 

affirms and strengthens party identity, choosing when to tune into news may explain affective 

polarization. We leave this conjecture, not examined in our paper, to future research.  
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